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Abstract 

Corruption constitutes a major impediment to economic development. We contend that who 

sits at the controls matters for corruption, and explore the effects of electing a government of 

a certain ideology. We argue that electing such a government may change the policies 

pursued, as well as the people who implement them and the institutions that constrain them, 

and that the interaction of these changes helps explain the effect on corruption. Employing a 

regression-discontinuity design on a dataset of worldwide national general elections in the 

post-WWII period, we find a causal effect of electing a government with a left-wing ideology 

on overall corruption. On average, countries under left-wing governments experience more 

systemic corruption in the four years after the election—a 13.2% increase in the index 

compared to the mean of non-left governments. The effect materializes gradually over time 

and can be seen both in the bureaucracy (petty corruption) and in the executive, legislative, 

and judicial branches of the state (grand corruption). Our evidence suggests that the effect 

operates through both policies, and people and institutions: left-wing governments intervene 

more extensively in the economy, while also being associated with lower-quality 

bureaucracies and weaker constraints on government. These changes are concentrated in 

countries with weaker checks and balances and, given the complementarity between these 

dimensions, can amplify corruption. 
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1. Introduction 

Corruption (the misuse of public office for private gain) costs at least 3-5% of world GDP 

each year (Svensson, 2005; Bonnano et al., 2025), and constitutes a major impediment to 

economic development (see, e.g., Mauro, 1995; and Olken and Pande, 2012). Non-

surprisingly, efforts to understand and explain corruption have increased sharply in recent 

years – especially since the late 1990s, with the increasing quality and availability of data 

(Jain, 2001; Brown et al., 2011; Dimant and Tosato, 2018).  

As in Brown et al. (2011), we contend that who sits at the controls matters for corruption, 

and explore in this paper the effects of electing a government of a certain ideology. We argue 

that electing such a government may change the policies pursued, as well as the people who 

implement them and the institutions that constrain them, and also that the interaction of these 

changes helps explain the effect on corruption. 

Higher corruption may be the outcome of governments implementing different policies. 

For instance, left-leaning parties in power tend to favor more intrusive rules and regulations 

– which give public officials the power to demand and collect bribes (Shleifer and Vishny, 

1993; Svensson, 2003); larger public sectors – which may imply extended opportunities for 

bribery and other forms of corruption (De Haan and Sturm, 1994); and direct control of the 

means of production (Ades and Di Tella, 1997; McCarthy, 1997; Tanzi, 2000). Differences 

in policies have actually been the usual explanation for differences in outcomes in 

partisanship research. 

Even with no partisan effect on policies, however, outcomes (like corruption) may still 

be different because different people (more or less capable, more or less corrupt) implement 

those policies. Higher corruption under leftist governments may be then due to such 

governments hiring people that, e.g., are more dishonest. The interplay between policies and 

people is likely to be relevant also, because of complementarities among these choice 

variables (Milgrom and Roberts, 1990): increased government intervention in the economy 

increases the marginal return to selecting better people to implement the intervention (as long 

as less corruption is the desired outcome). Therefore, if either of the complements is 

increased, it becomes more attractive to increase the other in a coherent design (Roberts, 
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2004). An analogous argument applies to policy choice and institutional quality – specifically 

the monitoring of government agents, or the strength of the system of checks and balances. 

Employing a regression-discontinuity (RD) design on an original dataset of worldwide 

national general (parliamentary and presidential) elections in the post-WWII period (1945–

2018) from Girardi (2020), and measures of corruption from the Varieties of Democracy (V-

Dem) Database (from 1789 to the present), we find a causal effect of electing a government 

with a left-wing ideology on overall corruption. On average, countries under left-wing 

governments experience more systemic corruption in the four years after the election – a 

13.2% increase in the index compared to the mean of non-left governments. The result is 

economically significant, akin to moving from a country like the United Kingdom to a 

country like Greece, or from Argentina to Cote d’Ivoire, in terms of overall corruption. The 

effect of having a left-wing government materializes gradually over time, and can be seen 

both in the bureaucracy (petty corruption), and in the executive, legislative, and judicial 

branches of the state (grand corruption). 

We also produce evidence consistent with the channels outlined above. Even though we 

do not find evidence that left-wing parties in power run larger governments (measured with 

spending or revenues as a share of GDP), they do seem to intervene more through state 

ownership of the means of production, especially in countries with weaker checks and 

balances, and when the left’s policy platform is more interventionist. We also find a large 

positive effect of left-wing governments on a measure of regulation of economic activity, 

which is evident once more in countries with weaker checks and balances. 

Individual characteristics are not observed, but we find that the left in power runs 

bureaucracies of lower quality, with less meritocratic recruitment and less impartial 

administration, which is consistent with our results on public sector, or petty, corruption. We 

also show that the executive is less constrained by the legislature and the judiciary under left-

wing governments – consistent with our results on grand corruption. Both effects are driven 

by countries with weaker checks and balances.  

Political ideology then seems to affect corruption not only through the policies 

governments choose, but also through the people and institutions through which those 

policies are implemented and constrained. The overall evidence suggests that under left-wing 
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governments, greater government intervention is accompanied by lower-quality 

bureaucracies and weaker constraints on government – changes that, given the 

complementarity between these dimensions, can amplify corruption. 

All the effects we document are robust to specifying different bandwidths and bandwidth 

selection criteria, and different polynomial orders in the RD design. They survive the 

inclusion of country-specific trends in corruption, and the elimination of observations very 

close to the cutoff. The results are also robust to changes in the composition of the sample—

namely the exclusion of any single country or year, to ensure that the results are not driven 

by outliers. 

Empirical evidence on the partisan effect on a country’s corruption is surprisingly sparse 

and remains somewhat inconclusive. Svensson (2005) notes that many of the most corrupt 

countries (at the time of his study) were governed by left-wing parties – a correlation also 

reported in Di Tella and MacCulloch (2009) for a simple cross section of countries, using 

Beck et al.’s (2001) measure of government ideology. Hessami (2011) provides an empirical 

analysis for 106 countries over the 1984–2008 period that finds a positive association 

between corruption and right-wing governments – a link that the author attributes to right-

wing politicians maintaining closer ties to representatives of the private sector, which breeds 

mutual trust and reciprocity, and makes corruption more likely to occur. Bellido et al. (2021) 

find a similar relationship between government ideology and the level of perceived 

corruption, using a panel data of OECD countries covering the years 1996–2015, but only in 

the period before the Great Recession. 

Besides the large literature on the determinants of corruption, we contribute more 

generally to the literature on partisan effects. Most research on partisanship has tended to 

focus on macroeconomic outcomes, like growth, unemployment, inflation or investment (see, 

e.g., Lange and Garrett, 1985; Hibbs, 1987; Alesina and Rosenthal, 1995; Scruggs, 2001; 

Potrafke, 2017); or on fiscal and economic policies, such as government spending, allocation 

of funds, government size, taxation, land use regulation, local public goods provision, and 

contracting out of public services (see. e.g., Garand, 1988; Besley and Case, 1995, 2003; 

Dilger, 1998; Caplan, 2001; Reed, 2006; Solé-Ollé and Viladecans-Marsal, 2013; Beland and 
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Oolomi, 2017; Alonso and Andrews, 2020).1 Corruption has been rarely considered – 

perhaps due to the difficulties in constructing RD designs at the country level, and in 

obtaining long series of comparable corruption data. 

To the best of our knowledge, ours is the first paper to provide causal evidence of the 

impact of electing a government of a certain ideology on corruption. We are not aware of 

previous work in the partisanship literature that explicitly distinguishes policies and the 

people and institutions through which they are implemented and constrained, and considers 

their potential complementarities. 

 

2. Data 

To investigate whether corruption is affected by partisanship, we combine information 

from different databases. Election results, the classification of the political system, and the 

ideological stance of parties and candidates come from Girardi (2020), who provides an 

original dataset of worldwide national general (parliamentary and presidential) elections in 

the post-WWII period (1945–2018).2 Following Girardi (2020), we exclude (i) presidential 

elections in which the president is elected by parliament or an electoral college, (ii) 

presidential elections in purely parliamentary systems, and (iii) parliamentary elections 

occurring in the same month of a presidential election under a presidential system. 

Using this data, we construct our treatment indicator: whether the elected government is 

left-leaning. In our RD design, the running variable determining assignment to treatment is 

the (center-)left’s margin of victory/loss. For presidential elections, this is defined as the vote 

share of the left-wing candidate minus that of the non-left candidate. In parliamentary 

elections, the running variable is computed as twice the difference between the share of 

parliamentary seats won by center-left parties and 50 percent (Girardi, 2020). 

Our primary outcome of interest is corruption, measured using the political corruption 

index (v2x_corr) from the Varieties of Democracy (V-Dem) Database (Coppedge et al., 

 
1 There is also a large literature that uses RD designs to look at partisan effects at the local level, following 

pioneering work by Pettersson-Lidbom (2008) and Ferreira and Gyourko (2009). 
2 Girardi, Daniele. Replication Data for: Partisan shocks and financial markets: evidence from close national 

elections. Nashville, TN: American Economic Association [publisher], 2020. Ann Arbor, MI: Inter-university 

Consortium for Political and Social Research [distributor], 2020-09-23. https://doi.org/10.3886/E115008V1. 

https://doi.org/10.3886/E115008V1
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2024a).3 This index is coded from the answers to the question “How pervasive is political 

corruption?”, and ranges from 0 (low) to 1 (high); for details on variable construction, see 

Coppedge et al. (2024b). We compute the level of corruption after an election taking place 

in country 𝑖 and year 𝑡 as the average level of the political corruption index in the four years 

following the election (𝑡 + 1, … , 𝑡 + 4).  

The merged dataset comprises 1,025 elections (374 presidential and 651 parliamentary) 

from 116 countries. This sample includes all observations for which the running variable, the 

treatment indicator, and the political corruption index are available. Table 1 reports summary 

statistics for our estimation sample. 

In supplemental analyses, we decompose the aggregate corruption index into public 

sector corruption (v2x_pubcorr) and regime corruption (v2xnp_regcorr), both also ranging 

from 0 (low) to 1 (high).4 While the political corruption index captures systemic corruption 

at the country level, public sector corruption serves as proxy for petty (or bureaucratic or 

administrative) corruption. In contrast, regime corruption encompasses corruption within the 

higher echelons of the state – specifically within the executive, legislative, and judicial 

branches (grand corruption). 

To analyze the role of policies in explaining differences in corruption, we focus on several 

measures of government intervention in the economy. Consistent with our treatment of 

corruption, we compute the average of each variable in the four years after the election. To 

measure government size, we use expenditure data come from Our World in Data 

(Government spending as share of GDP), and tax revenue information from the World 

Development Indicators (Tax revenue (% of GDP), indicator GC.TAX.TOTL.GD.ZS). As 

another proxy of government intervention, we use V-Dem’s indicator of state ownership in 

the economy (v2clstown), which measures the extent to which the state owns and controls 

capital (including land) in the industrial, agricultural, and service sectors. To measure 

 
3 One of the largest data collection efforts in the social sciences, the V-Dem Database provides annual 

measurements for more than 600 indicators across all countries from 1789 to the present. Available at: 

https://www.v-dem.net. We use version 14 of the database. 
4 Both indices are also from the V-Dem Database. The public sector corruption index is coded from the answers 

to “To what extent do public sector employees grant favors in exchange for bribes, kickbacks, or other material 

inducements, and how often do they steal, embezzle, or misappropriate public funds or other state resources for 

personal or family use?”, and the regime corruption index is built from the answers to “To what extent do 

political actors use political office for private or political gain?”. 

https://www.v-dem.net/


7 
 

economic regulation, we use the regulation component of the Economic Freedom of the 

World (EFW) index, from the Fraser Institute, which assesses the burden of government 

regulations in credit markets, labor markets, and business.5 

To investigate the role of people and institutions, we consider indicators of the quality of 

the bureaucracy, and of the strength of checks and balances – namely, the extent to which the 

executive office is constrained by the two other powers (legislature and judiciary). To 

measure bureaucratic quality, we follow Marx et al. (2025) and use the bureaucracy score 

from Besley et al. (2022), which we compute as the simple average of two V-Dem indicators: 

criteria for appointment decisions in the state administration (v2stcritrecadm), and rigorous 

and impartial public administration (v2clrspct). We compute the simple average over the 4 

years after the election and then normalize the resulting indicator of bureaucracy quality, so 

that it takes values between 0 and 1 (with a higher score indicating a higher quality). To 

gauge executive constraints, we compute the average of two V-Dem indices (judicial and 

legislative constraints on the executive – v2x_jucon and v2xlg_legcon) over the four years 

after the election. 

Finally, we also collect data on several predetermined country characteristics from 

various sources. In selecting our data sources, we seek to maximize the number of 

observations for each covariate while maintaining consistency across sources. Among the 

characteristics considered, many have been repeatedly associated with corruption in the 

literature (e.g., Ades and Di Tella, 1999; Treisman, 2000; Svensson, 2005), like income, 

urbanization, education, democracy, inequality, international trade, and freedom of 

expression (see Dimant and Tosato, 2018, and the references therein).  

From the V-Dem Database, we obtain a measure of the quality of democracy, computed 

as the simple average of the deliberative, egalitarian, liberal, participatory, and electoral 

democracy indices (all ranging from 0 to 1).6 We also use V-Dem’s indicator for freedom of 

expression (v2x_freexp) as another measure of institutional quality. We measure education 

as the average years of education among citizens older than 15 (e_peaveduc), and we proxy 

 
5 The EFW tracks the evolution of economic freedom around the world in up to 165 countries from 1970 to 

2023 (the widest coverage of both countries and years that we could find). See https://efotw.org/. 
6 See Marx et al. (2025). The indices used are v2x_polyarchy, v2x_libdem, v2x_partipdem, v2x_delibdem, and 

v2x_egaldem. We treat an observation as missing if at least one of the components has missing values. If we 

computed the average of the non-missing components, nothing would change. 

https://efotw.org/
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inequality through the equal distribution of resources index (v2xeg_eqdr), which measures 

the levels of inequality in the distribution of resources – both tangible and intangible – in 

society. Finally, we take population figures also from V-Dem (e_pop). 

From the Penn World Tables (Feenstra et al., 2015), we extract data on labor force 

participation, and trade intensity (computed as the sum of export and import penetration).7 

To measure income, we follow Marx et al. (2025) and use real GDP at constant national 

prices (RGDPNA), obtained from national accounts data for each country, and GPD per 

capita (RGDPNA divided by population) – both from the Penn World Tables. Finally, data 

on urbanization (share of population in urban agglomerations) come from the World 

Development Indicators. 

[Table 1 about here] 

 

3. Empirical strategy 

3.1.   Regression discontinuity design 

Simply regressing our measures of corruption on an indicator of government ideology 

will typically fail to identify the causal effect of interest. Voters’ preferences are not 

observed, and may influence both the electoral outcomes and the prevalence of corruption. 

The incidence of corruption may also affect voters’ preferences, and thus electoral outcomes 

(see, for example, Ferraz and Finan, 2008; Di Tella and MacCulloch, 2009; Cavalcanti et al., 

2018; Ajzenman, 2021; and Daniele et al., 2023). Similar arguments apply to the estimation 

of the effect on the choice of policies and people. 

To deal with such endogeneity concerns, we employ a regression-discontinuity design 

(RDD; Imbens and Lemieux, 2008; Lee and Lemieux, 2010; Cattaneo et al., 2020, 2024), by 

comparing countries where the left wins and loses elections by a small margin. Put 

differently, we take advantage of the discontinuous change in the ideology of the ruling party, 

given by its victory in a close election, to identify the local average treatment effect (LATE) 

 
7 We use version 10.0 of the Penn World Tables. 
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of countries electing a left-wing government (vs. a non-left-wing one) on our outcomes of 

interest. 

Let 𝐿𝑒𝑓𝑡𝑊𝑖𝑛𝑖𝑡 = 1[𝑀𝑉𝑖𝑡 ≥ 0] determine the assignment of country 𝑖 to treatment (left-

wing government) and control (non-left-wing government) groups. 1[. ] is the indicator 

function. 𝑀𝑉𝑖𝑡 is our running variable: the margin of victory/loss of the left in country 𝑖 in 

election year 𝑡. As explained before, in presidential elections, the margin of victory/loss is 

defined as the vote share of the left-wing candidate minus the vote share of the non-left 

candidate. 𝑀𝑉𝑖𝑡 then takes positive values if the left wins the election, and negative if the left 

loses. In parliamentary elections, on the other hand, the running variable is computed as twice 

the difference between the share of parliamentary seats won by center-left parties and 50 

percent. In these elections, 𝑀𝑉𝑖𝑡 takes positive values if the left controls parliament after the 

election, and negative if the left does not. 

For presidential elections we have perfect compliance, so that an electoral win of the left 

always results in a left-leaning government (𝐿𝑒𝑓𝑡𝐺𝑣𝑡𝑖𝑡 = 𝐿𝑒𝑓𝑡𝑊𝑖𝑛𝑖𝑡), and we use a sharp 

RD design. In parliamentary elections, however, an electoral win of the left (a majority of 

seats) does not always lead to a left-leaning government—put differently, there is imperfect 

compliance with the assigned treatment, giving rise to a fuzzy RD design (so that 

𝐿𝑒𝑓𝑡𝐺𝑣𝑡𝑖𝑡 ≠ 𝐿𝑒𝑓𝑡𝑊𝑖𝑛𝑖𝑡 for some observations). The probability of a left-wing government 

stills jumps discretely at the zero cutoff, 𝑀𝑉𝑖𝑡 = 0, but no longer from zero to one as in 

presidential elections. 

To estimate the causal effect of electing a left-wing government on corruption we run the 

following RD specification: 

𝐿𝑒𝑓𝑡𝐺𝑣𝑡𝑖𝑡 = 𝛽 ∗ 𝐿𝑒𝑓𝑡𝑊𝑖𝑛𝑖𝑡 + 𝑓(𝑀𝑉𝑖𝑡) + 𝜖𝑖𝑡 

𝐶𝑜𝑟𝑟𝑢𝑝𝑡𝑖𝑜𝑛𝑖𝑡 = 𝛿 ∗ 𝐿𝑒𝑓𝑡𝑊𝑖𝑛𝑖𝑡 + 𝑔(𝑀𝑉𝑖𝑡) + 𝜀𝑖𝑡        (1) 

where 𝐿𝑒𝑓𝑡𝐺𝑣𝑡𝑖𝑡 is equal to one if a left-wing government is formed after the election, 

𝐶𝑜𝑟𝑟𝑢𝑝𝑡𝑖𝑜𝑛𝑖𝑡 is a measure of the average level of corruption in the four years following 

election 𝑡 in country 𝑖, and 𝜖𝑖𝑡 and 𝜀𝑖𝑡 are error terms. 𝑓(𝑀𝑉𝑖𝑡)  and 𝑔(𝑀𝑉𝑖𝑡) are potentially 

non-linear functions of the margin of victory that we approximate through non-parametric 
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local linear regressions, following current best practice (Cattaneo et al., 2020, 2024).8 We 

restrict the sample to elections with 𝑀𝑉𝑖𝑡 in the interval [−ℎ, +ℎ], and compute the optimal 

bandwidth ℎ to minimize the mean squared error (MSE) of the point estimator, using the 

data-driven selection algorithm of Calonico et al. (2014). 

In every regression we include year and country fixed effects, to account for large cross-

country differences in corruption and common time shocks, and to increase the precision of 

our estimates (see, e.g., Hoxby, 2000; and Pettersson-Lidbom, 2008).9 As suggested by Lee 

and Lemieux (2010), we begin by regressing 𝐶𝑜𝑟𝑟𝑢𝑝𝑡𝑖𝑜𝑛𝑖𝑡 on country and year dummies, 

and then use the residuals from this regression as our dependent variable in the RD 

estimation. As in Gouvea and Girardi (2021), we use the full sample in the first-step 

regression (i.e., including observations for which the margin of victory is not available).10 

We cluster standard errors by country in all of our regressions. 

𝛽 in the first equation in (1) captures first-stage effects: the effect of assigning the 

treatment (a left win) on the probability of receiving the treatment (having a left-wing 

government). In the second equation, 𝛿 captures intention-to-treat effects: the effects of 

treatment assignment on corruption. We are interested in 𝛿/𝛽, the fuzzy RD parameter 

capturing the LATE of countries electing a left-wing government on corruption. In Section 

4, we estimate equation (1) using the Calonico et al. (2014) robust and bias-corrected RD 

estimator, with MSE-optimal bandwidths. We follow the same empirical strategy in Section 

5 to estimate the LATE of countries electing a left-wing government on policies and people, 

by replacing 𝐶𝑜𝑟𝑟𝑢𝑝𝑡𝑖𝑜𝑛𝑖𝑡 with the relevant dependent variable in equation (1). 

We start here by analyzing the first-stage relationship between a left electoral win and 

the formation of a left-wing government in parliamentary elections. Figure 1 shows an RD 

plot of this relationship, where the estimated probability of a left-wing government jumps 

from around 0.40 to around 0.83 at the cutoff. The RD estimate of this first-stage effect is 

 
8 To implement the local polynomial approach, we use Stata command rdrobust, set the polynomial order to 

1 in our preferred specification, and check the sensitivity of our results to this choice in section 6.2. In all 

regressions we use a triangular kernel. 
9 Given the slow-moving and latent nature of the V-Dem corruption index, we focus on corruption levels with 

country and year fixed effects, rather than short-run changes, to preserve a meaningful estimand and avoid 

amplifying measurement noise. 
10 Using the same sample as in the RD estimation does not change our results, though in some cases we 

(naturally) face some very marginal loss of significance due to reduced efficiency. 
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42.1 percentage points, a result consistent with the discrete jump observed in the figure, and 

highly statistically significant (p-value = 0.001)—suggesting a strong first stage.11 

[Figure 1 about here] 

3.2.   Validation 

As usual in empirical work, we argue in favor of the credibility of our RD design by 

exploiting the two testable implications of the identification assumption proposed by Lee 

(2008): (i) that individuals have imprecise control over the running variable; and (ii) that the 

treatment is locally randomized at the cutoff (see also Canay and Kamat, 2018).  

For the RD design to be valid, implication (i) requires that political candidates and parties 

cannot manipulate the electoral outcomes. If this is true, the number of observations just 

above the cutoff must be similar to the number of observations just below the cutoff – i.e., 

the probability density function of the running variable should be continuous. We formally 

check for non-random sorting around the cutoff through a manipulation test of density 

discontinuity based on local polynomial density estimation methods (Cattaneo et al., 2018).12 

The value of the test statistic is -0.591 and the associated p-value is 0.555, meaning that we 

cannot reject the null hypothesis of no manipulation of the density at the cutoff. The result 

can also be seen graphically in Figure 2, which plots a kernel density function for the margin 

of victory, and also shows no evidence of non-random sorting of countries. The density 

estimates for treated and control countries align closely at the cutoff, and the 95% confidence 

intervals (shaded areas) display a substantial overlap. We also fail to find evidence of 

manipulation in the subsamples of presidential (p-value = 0.602) and parliamentary elections 

(p-value = 0.675). 

[Figure 2 about here] 

For our estimator to identify the average causal effect of having a left-wing government, 

implication (ii) requires that countries on both sides of the cutoff be comparable in terms of 

both observed and unobserved characteristics (Hahn et al., 2001). This implies that the 

distribution of all our observed covariates must be continuous at the cutoff. To further 

 
11 The corresponding figure for the whole sample of elections is 57.8 percentage points, with a p-value of 0.000. 
12 Given the goal of the density test, the relevant test compares the number of observations with 𝐿𝑒𝑓𝑡𝑊𝑖𝑛𝑖𝑡 =
1 and 𝐿𝑒𝑓𝑡𝑊𝑖𝑛𝑖𝑡 = 0 near the cutoff, not those with 𝐿𝑒𝑓𝑡𝐺𝑣𝑡𝑖𝑡 = 1 and 𝐿𝑒𝑓𝑡𝐺𝑣𝑡𝑖𝑡 = 0  (Cattaneo et al., 2024). 
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validate our RD design, we proceed to check whether our predetermined covariates display 

a discontinuity at the cutoff. We also consider lagged values of corruption (measured in pre-

election years 𝑡 − 1, 𝑡 − 2, and 𝑡 − 3), the value of the running variable at the previous 

election, the value of the treatment variable at the previous election, and the time elapsed 

since the last treatment. 

Panel A in Table 2 shows the results of local linear regressions like (1), but using each 

covariate as the outcome variable (with its optimally chosen bandwidth), and focusing on the 

intention-to-treat effects (that is, the effects of 𝐿𝑒𝑓𝑡𝑊𝑖𝑛𝑖𝑡 on the covariates).13 Most of the 

RD point estimates in Table 2 tend to be small and all but one of the 95% robust confidence 

intervals contain zero. We report p-values in column [3]. The only statistically significant 

effects appear in income per capita (at the 5% level), and education and time elapsed since 

last treatment (at the 10% level). 

[Table 2 about here] 

The large number of covariates, however, raises the problem of multiple testing. To 

minimize the risk of spurious rejections of the null hypothesis of continuity (i.e., to reduce 

the chance of falsely concluding that the RD design is invalid), we also use the Simes (1986) 

implementation of the Benjamini and Hochberg (1995) False Discovery Rate (FDR) 

adjustment, as recommended by Anderson (2008) – see also De la Cuesta and Imai (2016) 

for an application in the context of close elections. We report the corresponding q-values in 

column [4]. We find no evidence of discontinuity at the cutoff in our pre-election covariates 

when adjusting for multiple hypothesis testing in this manner.  

Rather than contenting ourselves with checking continuity of the means of individual 

covariates at the cutoff, we verify also whether the distribution of our large set of pre-election 

covariates is continuous at the cutoff using the permutation test proposed by Canay and 

Kamat (2018), which is more powerful against some alternatives.14 Panel B of Table 2 reports 

 
13 We follow Cattaneo et al. (2020) and use the coverage-error (CER)-optimal bandwidth, rather than the MSE-

optimal bandwidth, for falsification purposes because we are mostly interested in inference and the point 

estimates are of no particular interest in this case. Using MSE-optimal bandwidths would not change any of the 

empirical conclusions. 
14 We implement the test using the Stata command rdperm with the default options. We also found similar 

results when computing the test by setting the number of observations closest to the cutoff (𝑞) to 10, 25, 50, 

0.8*𝑞̂𝑟𝑜𝑡, and 1.2*𝑞̂𝑟𝑜𝑡 – where 𝑞̂𝑟𝑜𝑡 is the feasible rule-of-thumb 𝑞 recommended by Canay and Kamat (2018). 
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the p-values for the joint tests of the continuity of the 16-dimensional vector of covariates in 

the full sample of elections, and in the subsamples of presidential and parliamentary 

elections. As can be readily seen, we fail to reject the null hypothesis of continuity of the 

conditional distributions of the covariates at the cutoff in every case.15 

 

4. Partisanship and corruption 

4.1.  Main results 

Table 3 presents our estimates of the impact of electing a left-wing government on 

corruption at the country level (equation (1)). As explained in previous sections, our main 

outcome is the average level of corruption in the four years following an election 

(Corruption).16 The findings indicate that, on average, countries under left-wing 

governments experience more systemic corruption. The estimated coefficient in column [1] 

of Table 3 shows a statistically significant (at the 10% level) effect of left-wing governments 

on the outcome of interest: corruption is higher compared to countries in which a non-left 

government is elected – a 13.2% increase in the corruption score evaluated at the mean of 

the control group. The result is not only statistically, but also economically significant. The 

effect of electing a left-wing government is 0.12 of a standard deviation of the corruption 

index – akin to moving from a country like the United Kingdom to a country like Greece, or 

from Argentina to Cote d’Ivoire, in terms of corruption. 

[Table 3 about here] 

In columns [2] and [3] we decompose the corruption index into public sector corruption 

and regime corruption. As can be readily seen, the increased levels of corruption under leftist 

governments show up everywhere: in the bureaucracy (petty corruption), but also in the 

executive, legislative, and judicial branches of the state (grand corruption). Appendix A, 

Table A.2 shows that corruption in the executive, in particular, is affected in the same way 

 
15 Adding lagged values of all outcomes (measured in pre-election years 𝑡 − 1, 𝑡 − 2, and 𝑡 − 3) does not 

change the conclusions of the validation analysis: there is no evidence of discontinuity in the means of the 

individual covariates at the cutoff when adjusting for multiple hypothesis testing, nor of discontinuity of the 

conditional distribution of the covariates. 
16 Four years is the modal distance between elections of the same type in a country. Our results are robust to 

using three and five years to compute the average, as shown in Table A.1 in Appendix A. 
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by our treatment. In the same table, we also report that the effect on systemic corruption is 

present (although imprecisely estimated due to reduced power) both after presidential and 

parliamentary elections, and hence it does not appear to be specific to any given political 

system. 

4.2.  The role of institutions and platforms 

The effect on corruption that we have identified is an average treatment effect. In this 

section, we investigate whether it varies depending on the degree of institutional constraints 

on the government (the strength of checks and balances), and on party policy platform. We 

note that our sample size and the slow-moving nature of the corruption index may constrain 

the statistical power of our heterogeneity analyses; nonetheless, we provide some exploratory 

results. Table 4 reports the estimated effect of left-wing governments for the different 

subsamples, with each estimate corresponding to a separate regression.17 

[Table 4 about here] 

We measure the level of institutional constraints (the strength of checks and balances in 

Marx et al., 2025) using the average of two V-Dem indices (judicial and legislative 

constraints on the executive – v2x_jucon and v2xlg_legcon) in the year prior to the election. 

Table 4 shows that the positive effect of left-wing governments on corruption only appears 

in countries with weaker internal constraints on the executive. 

We obtain a pre-election measure of the left’s economic interventionism from Girardi 

(2020), computed as the difference between the planned economy index (planeco) and the 

market economy index (markeco) of the country’s main left party from the policy position 

estimates in the Manifesto Project Database (Volkens et al., 2018).18 These data are only 

available for parliamentary elections, resulting in a reduced sample size, even before 

subsampling. To increase statistical power, we focus on the reduced-form relation (as in 

Girardi, 2020). Finally, we split the sample of elections according to whether economic 

interventionism is below or above its median value in the sample.  

 
17 Appendix B, Table B.1 reports manipulation tests for each subsample. In no case are we able to reject the 

null hypothesis of no manipulation of the density at the cutoff. 
18 The planned economy index (planeco) measures support for government intervention in the economy 

(regulation, planning, and control), whereas and the market economy index (markeco) measures support for 

free markets and a reduced role of the state. 
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As can be seen in Table 4, there is a positive (though imprecisely estimated) effect on 

corruption when the left is more interventionist, and (essentially) no effect when the left is 

more market-oriented. Given the small sample size, the evidence is hardly conclusive, but it 

is consistent with government intervention in the economy being a driver of the higher 

corruption under left-wing governments (as argued below in Section 5.1). 

 

5. Policies and people 

Understanding why left-wing governments tend to be more corrupt is certainly important, 

and in this section we explore this matter in more detail, in order to develop a more 

comprehensive explanation of the effect that we have uncovered. As discussed in the 

introduction, the effect of electing a left-wing government may operate through two broad 

channels: the policies governments pursue, and the people who govern and implement them. 

Moreover, these channels may be complementary – for, example, a more interventionist 

policy creates more opportunities for rent extraction, increasing the importance of 

bureaucratic quality and institutional constraints. 

5.1.   Main results 

Corruption is an outcome. As such, differences in corruption may result from different 

policies implemented by left-wing governments, as compared to non-left ones. For instance, 

there is a large literature emphasizing (and documenting) ideological differences on the role 

(and hence size) of the government in the economy (Cameron, 1978; Blais et al., 1993; 

Cusack, 1997; Holsey and Borcherding, 1997; Kau and Rubin, 2002; Tavits, 2004; Gabel 

and Hix, 2005; Pickering and Rockey, 2011). A leftist stance has been repeatedly associated 

with increased preferences for government intervention, in the form of higher taxes and 

higher levels of public spending, state provision of public goods and services, redistribution, 

and regulation of business (Feldman and Zaller, 1992; Bean and Papadakis, 1998; Alesina 

and Glaeser, 2004; Corneo and Gruner, 2002; Gabel and Hix, 2005; Shaw and Shapiro, 2005; 

Alesina and Fuchs-Schundeln, 2007; Shapiro, 2009; Potrafke, 2017; Bietenbeck and 

Thiemann, 2023).  

Excessive government intervention, on the other hand, is commonly believed to facilitate 

corruption (Harriss-White and White, 1996; Becker and Becker, 1997; Shleifer and Vishny, 
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1998; Rose-Ackerman, 1999, 2000; Tanzi, 2000; Treisman, 2000). We thus begin our 

exploration of mechanisms with the two most commonly used measures of government 

intervention, which are actually measures of government size: spending and revenues as a 

share of GDP. A government decisions on the level of taxes or expenditures may create more 

opportunities for rent-seeking (Scully, 1991; Nitzan, 1994; Goel and Nelson, 1998), and 

hence increase corruption. Results are reported in Table 5.19 We estimate a small, largely 

non-significant, negative effect of electing a left-wing government on both measures of 

government size. 

Larger governments need not always lead to corruption, however, since a large 

government would be able to establish a better system of checks and balances (La Porta et 

al., 1999; Goel and Nelson, 2010; Bonnano et al., 2025). Actually, some of the least corrupt 

countries in the world (such as Denmark, Sweden, and Norway) have some of the largest 

governments, measured as tax revenue or public spending as a share of GDP. A recent meta-

analysis of 44 articles (for 450 observations/estimations) by Bonnano et al. (2025) finds a 

positive relationship between government size (proxied by government spending) and 

corruption, but the effect tends to disappear after controlling for publication selection bias. 

[Table 5 about here] 

It has long been recognized (Goel and Nelson, 2010) that it is not a large public sector, 

per se, that causes corruption, but rather the specific forms in which the government 

intervenes in the economy. Intervention can come under many guises (Hopkin and 

Rodriguez-Pose, 2007): besides intervening as a ‘consumer’, through its decisions on the 

level of taxes or expenditures, the government can intervene as a ‘producer’, for instance via 

direct production through public enterprises (Ades and Di Tella, 1997; McCarthy, 1997; 

Tanzi, 2000); and as a ‘regulator’, through the imposition of rules and restrictions that create 

opportunities for bureaucrats to request or accept bribes (Stigler; 1971; Peltzman, 1998; 

Tanzi, 1998; Glaeser and Shleifer, 2003). Given the multiple facets of government 

intervention in the economy, it is hardly surprising that the empirical evidence on 

 
19 As before, results in this section are robust to using three and five years to compute the average of the outcome 

variables (see Table A.1 in Appendix A). 
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intervention and corruption is mixed (La Porta et al., 1999; Adsera et al., 2003; Gerring and 

Thacker, 2005; Hopkin and Rodriguez-Pose, 2007; Goel and Nelson, 2010). 

We proxy government intervention as a producer through V-Dem’s indicator of state 

ownership in the economy. Notice that lower values of this indicator are associated with more 

intervention. Table 5 shows a large, negative coefficient on left-wing government, although 

imprecisely estimated, suggesting that countries electing left-wing governments experience 

more intervention in the economy that may lead to increased corruption.20  

Government regulation (of business activity, for instance) is often believed to provide 

fertile ground for corruption (De Soto, 1989; Shleifer and Vishny, 1993; Tanzi, 1998; Rose-

Ackerman, 1999; Djankov et al., 2002; Svensson, 2005; Goel and Nelson, 2010). Through 

the imposition of rules and restrictions, the government creates opportunities for bureaucrats 

to request or accept bribes (Stigler, 1971: Peltzman, 1998; Tanzi, 1998; Glaeser and Shleifer, 

2003). The evidence of a positive relationship between regulation and corruption is actually 

much more robust than the evidence on government size (Kaufmann and Wei, 2000; Paldam, 

2001; Djankov et al., 2002; Golden, 2003; Svensson, 2003; World Bank, 2004; Hopkin and 

Rodriguez-Pose, 2007; Duvanova, 2014; Holcombe and Boudreaux, 2015; Fisman and 

Golden, 2017; Amin and Soh, 2021).  

It is well known that the standard measures of government size often fail to capture the 

impacts of government regulations (Rosen, 1995). Measuring regulation is harder than 

government revenues and expenses, and it is only around the turn of the century that 

systematic data on government regulations began to be regularly collected (see, for instance, 

the World Bank Doing Business database, the Index of Economic Freedom indicators, the 

World Bank Enterprise Surveys, the OECD Product Market Regulation (PMR) indicators, 

the Economic Freedom of the World index, or the World Economic Forum Global 

Competitiveness Reports), severely limiting our sample size.  

We proxy the level of regulation by the regulation component of the EFW index, which 

assesses the burden of government regulations in credit markets, labor markets, and business. 

As recommended by the Fraser Institute, we use the EFW Panel Dataset rather than the 

 
20 This is similar to the findings in Ades and Di Tella (1997). Hopkin and Rodriguez-Pose (2007), on the other 

hand, find no relationship between government ownership and management of enterprises and corruption. 
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standard index, because the latter is updated every year with new indicators and improved 

data sources, rendering the standard index not comparable over time.21 The score for each 

country is a number between 0 and 10, with 10 indicating the near-total absence of 

government regulation (i.e., that regulation is less obtrusive). We find a statistically 

significant effect of left-wing governments on this measure of regulation, as can be seen in 

Table 5. The effect is of the expected sign (i.e., left-wing governments regulate more), and 

reaches 0.21 of a standard deviation of the index.  

Even if governments of different ideologies implement exactly the same policies, we may 

still see variation in corruption across governments if the people implementing the policies 

are different in dimensions relevant for corrupt activities. We do not have information on the 

personal characteristics of the bureaucrats in each country through time, but we can obtain 

some (admittedly indirect) evidence by looking at the criteria through which public 

employees are selected, and the rigor and impartiality in how the public administration is 

conducted.  

To measure bureaucratic quality, we use the bureaucracy score from Besley et al. (2022). 

A lower value of the score indicates that the public administration is characterized more by 

arbitrariness and biases (i.e., nepotism, cronyism, or discrimination), and that appointment 

decisions (including hiring, firing and promotion) in the public sector are more reliant on 

personal and political connections, as opposed to skills and merit. A lower quality of the 

bureaucracy can contribute to corruption indirectly. Less meritocratic recruitment and 

promotion, for instance, has been associated with a higher extent of corruption (e.g., Tanzi, 

1998). Political patronage may imply that political support, rather than competence, 

determines hiring and promotion – with negative effects on the quality of the public 

workforce (Colonnelli et al., 2020; see Brollo et al., 2017, for a somewhat less pessimistic 

view). Table 5 shows that countries electing left-wing governments are indeed characterized 

 
21 https://efotw.org/. Pre-2000 data is only available in 5-year intervals. We have linearly interpolated these 

values to have annual data, without artificially creating “jumps” in the index (as would happen with backfilling 

or forwardfilling). Appendix C, Table C.1 shows that the result is essentially the same if we exclude the 

interpolated data, and use only post-2000 data (some precision is lost due to the reduced sample size). 

https://efotw.org/
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by bureaucracies of lower quality, which is consistent with our results in Table 3 (especially 

on public sector, or petty, corruption).22 

We do not have information on the personal characteristics of elected officials either, but 

we can gauge the extent to which the executive office is constrained by the two other powers 

(legislature and judiciary) after an election, by means of our measure of the strength of checks 

and balances (Marx et al., 2025), and investigate the impact of closely electing a left-wing 

government on these institutional constraints. Table 5 reports a negative (though marginally 

non-significant) coefficient, indicating that the executive is less constrained under left-wing 

governments – consistent with our results on grand corruption reported in Table 3. 

5.2.  The role of institutions once again 

As can be seen from Table 6, the same institutional environment that amplifies the 

corruption effect (see Table 4) also amplifies the changes in policies and governance that we 

hypothesize generate it. Regarding policies, the effect of having a left-leaning government 

on state ownership is significant, both statistically (at the 5% level) and economically (42% 

evaluated at the mean of state ownership), only in countries with weaker checks and balances. 

It is also significant only in countries in which the left’s policy platform is more 

interventionist. The increased regulation under left-wing governments that we have 

documented in Table 5 is driven, once again, by countries with weaker checks and balances.23 

A similar pattern emerges when dissecting the effect of leftist governments on people: both 

mechanisms (constraints on the executive and bureaucratic quality) are at work only in 

countries with weaker checks and balances. 

[Table 6 about here] 

 

6. Discussion 

6.1.  Placebo thresholds 

 
22 Appendix A, Table A.3 shows that the effect of electing a left-wing government appears on both components 

of the index of bureaucratic quality. 
23 We still cannot find an effect on government size in any subsample. 
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Our identification of the effect of electing a government of a certain ideology is 

predicated on the continuity of the regression functions for treatment and control countries 

at the cutoff in the absence of the treatment. As the presence of discontinuities away from 

the cutoff would cast doubt on the RD design, we perform a set of placebo tests to rule out 

such possibility. For our main corruption outcome, we look for RD treatment effects at 

placebo cutoff points, using control and treatment units separately (Cattaneo et al., 2020). 

Specifically, we re-estimate equation (1) using 580 fake cutoffs between 30% and 1% below 

and above the true threshold (using increments of 0.1%), as in Brollo and Troiano (2016). 

For the estimation of the effects on placebo outcomes, we focus again on the intention-to-

treat effects. No systematic evidence of treatment effects should appear at these artificial 

cutoffs. 

Figure 3a plots the empirical cumulative density function of the t-statistics of the 580 

fake treatment effects from these regressions. The vertical lines represent the 5% critical 

values for the normal distribution (±1.96). Alternatively, Figure 3b plots the resulting 

histogram of t-statistics from the estimation, and then compares it with the t-statistic obtained 

at the true cutoff (the vertical line). Both figures show very little evidence of systematic 

discontinuities in corruption at the artificial cutoffs, away from the true cutoff of 0. Most of 

the coefficients from these placebo tests are not statistically significant, and the t-statistic at 

the true cutoff is in the right tail of the distribution of placebo t-statistics—providing strong 

support to the credibility of our main result. In Appendix C, we replicate the analysis and 

conclusions for the disaggregated measures of corruption and for the mechanisms explored 

in Section 5 (see Figure C.1). 

[Figure 3 about here] 

6.2.  Robustness checks 

Next, we analyze how sensitive the results are to the choice of bandwidth used for local 

polynomial estimation. Following Calonico et al. (2020), we do this over small ranges around 

the optimal bandwidth, so that point estimation is still reliable – in particular we consider a 

dense step-by-step grid (0.1% increments) restricted to the immediate local support of the 

cutoff (ℎ in [ℎ∗ − 5, ℎ∗ + 5]). Figure C.2 in Appendix C shows that our main results still 

hold for these alternative bandwidth choices. 
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We also consider alternative criteria for choosing bandwidths: MSE-optimal bandwidth 

with two different bandwidth sizes below and above the threshold; and CER-optimal 

bandwidth with a common size and with different sizes on the two sides of the threshold. As 

reported in Appendix C, Table C.2, results are robust to all these alternative bandwidth 

choices. Appendix C, Table C.3 shows regression results using different polynomial orders 

(1 to 4). Results are also largely insensitive to the choice of order. 

In the specification presented in Appendix C, Table C.4, we additionally allow for 

country-specific linear trends to account for slow-moving, country-level changes in our 

outcomes unrelated to electoral outcomes.24 The results stay the same, once again. We also 

check the sensitivity of our results to observations very close to the cutoff through a donut-

hole analysis (e.g., Almond and Doyle 2011; Bajari et al., 2011; Barreca et al. 2011). We 

exclude units within ±0.1 to ±0.5% of the cutoff and then repeat the estimation and inference 

analysis using the remaining sample. All of our results survive these checks (see Appendix 

C, Table C.5).  

Finally, we find that the results are very robust to changes in the composition of the 

sample: whether we leave out any single country or year, we obtain estimates of the effect 

on corruption that are essentially equal to our baseline estimate. We replicate the main 

analysis excluding one country at a time, and summarize the results of this robustness test by 

plotting the 116 estimated coefficients and their 90% confidence interval in Appendix C, 

Figure C.3. The estimates are remarkably stable, with an average point estimate of 0.03607 

– essentially identical to the baseline estimate reported in Table 3. Only 3 of these 116 

estimates are not statistically significant at the 10% level, and the largest p-value is 0.162. In 

Appendix C, Figure C.4 we report the results of a similar exercise, but now leaving out one 

year at a time. Once again, the estimates are very stable, the average estimate is 0.03578 

(very close to the baseline effect), only 3 out of 74 estimates are non-significant, and the 

largest p-value is 0.134. These robustness checks provide evidence that the effect of electing 

a left-wing government on corruption is unlikely to have arisen by chance.25   

 
24 We first residualize the outcome with respect to country and year fixed effects, and country-specific time 

trends, and then apply rdrobust to the residualized outcome. 
25 Figures C.5 and C.6 in Appendix C perform the same robustness analyses for all the other outcomes. 
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6.3.   Dynamic effects 

To evaluate how the effect of electing a left-wing government on corruption evolves over 

time, we re-run equation (1) using corruption in year 𝑡 − 𝜏 as the dependent variable, where 

𝑡 is the election year and 𝜏 ∈ {−3, −2,0,1,2,3,4}. Figure A.1 in Appendix A reports the RD 

point estimates, with 90% robust confidence intervals. Estimates for 𝑡 − 2 and 𝑡 − 3 can be 

interpreted as placebo tests (see Section 3.2) – they are smaller in magnitude and non-

significant, as expected. The estimated effect of left-wing governments increases in 

economic and statistical significance over time, and is clearly noticeable by the end of a 

typical term – suggesting that it takes some time for the effect on corruption to build up. 

6.4.  What’s ideology got to do with it?   

It is well known that our nonexperimental design cannot, except under very special 

circumstances, separately identify the causal effect of ideology itself (Sekhon and Titiunik, 

2012; Marshall, 2024; Bertoli and Hazlett, 2025). What we can (and do) identify is the effect 

of electing a left-wing government on corruption (Bertoli and Hazlett, 2025). Nevertheless, 

our findings are consistent with ideology being at least partly responsible for the effects we 

document.  

On the policy side, the greater intervention in the economy and stronger regulation under 

left-wing governments are closely related to ideological differences between the left and the 

right, as well as to the preferences of the constituencies that left-wing governments represent 

(Hibbs, 1977, 1992; Bobbio, 1996; Benoit and Laver, 2006; Potrafke, 2017). On the people 

side, the finding that left-wing governments are associated with less meritocratic bureaucratic 

recruitment is less obviously connected to ideology, but it is also consistent with ideological 

differences in the criteria that politicians consider relevant for public-sector appointments. In 

particular, research suggests that left- and right-wing politicians differ in the relative 

importance they attach to merit and representativeness when evaluating bureaucratic 

candidates (Baekgaard and George, 2018), while recent evidence shows that governments of 

different ideological orientations systematically select bureaucrats with different professional 

backgrounds (Brieba and Herrera-Marín, 2026).  

Thus, although our design does not allow us to separately identify the effect of ideology 

on corruption, the evidence is consistent with ideology contributing to at least part of the 
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effect of electing a left-wing government on corruption, through both policy choices and 

bureaucratic selection. 

6.5.   External validity 

Given the evidence presented, we are confident that the RD treatment effect estimated in 

Section 4 is a causal effect of electing a left-wing government on corruption. However, as in 

any RD design, we are concerned with the external validity of this effect – put differently, 

since we focus on close, rather than all, elections, we would like to know whether the RD 

effect we identify is informative of the effect of electing a left-wing government on 

corruption in countries with scores away from the cutoff. 

Corruption is higher in countries where the left barely wins than where it barely loses. 

These are countries in which the left is highly competitive, and voters’ political preferences 

and attitudes towards corruption in these countries may be systematically different from those 

in countries where the left almost surely wins (or loses). Voters’ preferences and attitudes 

are not observed, but we can at least compare the countries experiencing close elections to 

the rest of countries in our estimation sample, to check whether or not they are systematically 

different along the different observable characteristics that we have considered in Table 1. 

Table C.6 in Appendix C compares the means of the characteristics of the countries with and 

without close elections.26 Following the related literature, we define as close an election with 

a vote margin below 10 percent. 

Even though differences tend to be small, close elections in our estimation sample occur 

in countries with average characteristics quite different to the rest of the countries along 

several dimensions: countries experiencing close elections have (non-surprisingly) better 

democratic institutions, a slightly larger and more urban population, and are somewhat 

poorer. On the other hand, we find no differences in GDP, labor force participation, 

education, inequality or openness to trade. Countries with and without close elections tend to 

be comparable in terms of economic and social conditions, but they differ markedly in the 

political indicators considered. 

 
26 The differences (and their corresponding standard errors) are computed through OLS regressions of each 

covariate on a dummy for close election, and country and year fixed effects. 
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The evidence in Table C.6 thus suggests that caution should be exercised when 

generalizing our results to other countries. On the other hand, the closeness or 

competitiveness of an election does not seem to be a time-invariant characteristic of 

countries. For instance, conditional on having a close election, the probability of having the 

next election defined by a narrow margin in a given country is 39.8%. Therefore, the effect 

on corruption is unlikely to be due to some permanent feature of those countries that 

experience close elections. 

 

7. Concluding remarks 

As in Brown et al. (2011), we contend that who sits at the controls matters for corruption, 

and provide causal evidence from an RD design that left-controlled governments are more 

likely to engage in corrupt behavior than center or right-wing governments – especially when 

checks and balances are weak in the country, pointing to the importance of institutional 

quality in mediating the effect. We argue that countries under left-wing governments may 

experience more corruption due to the left’s ideological preference for extended government 

intervention in the economy – and find evidence that some (not all) forms of intervention are 

indeed stronger when the left is in power. Besides, we show that left-wing rule is 

characterized by a lower-quality bureaucracy and reduced checks on the executive, which 

may contribute to increased corruption even if there were no differences in policies across 

ideologies. Moreover, if both levers (policies and selection) are complements, intervening 

and regulating more requires better bureaucracies and stronger checks and balances to curb 

corruption. “Mix and match” (doing more of one, and less of the other) will typically not 

work (“is often a recipe for disaster”, Roberts, 2004: 253), resulting in increased corruption 

levels – consistent with our results. 

As is well known (Sekhon and Titiunik, 2012; Marshall, 2024; Bertoli and Hazlett, 2025), 

the empirical design used in this paper identifies the causal effect of electing a government 

of a given ideology on corruption, rather than the effect of ideology per se. Our exploration 

of mechanisms, however, is consistent with a role for ideology in shaping this effect. In 

particular, part of the increase in corruption under left-wing governments appears to be 

associated with policies intrinsic to their ideological orientation – most notably, the extent of 
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government intervention in the economy. At the same time, other channels, such as changes 

in bureaucratic quality, while less obviously connected to ideology, are also consistent with 

ideological differences. The logic of complementarities implies that if increased intervention 

is preferred by policymakers, or what the constituency demands, a government interested in 

curbing corruption should pay particular attention to its hiring practices and to the system of 

checks and balances in place. 

We caution that our measures of corruption are subjective, relying on indices that reflect 

perceptions and expert opinions, rather than direct, quantitative counts of actual acts of 

corruption. The potential biases of such measures—such as perception lags or ideological 

bias—are well known (Tanzi, 1998; Svensson, 2003; Lambsdorff, 2004; Treisman, 2007; 

Fan, Lin, and Treisman, 2009; Gutmann et al., 2020). While experience-based measures from 

survey data are often proposed as a superior alternative, they are generally unavailable prior 

to the 1990s. Furthermore, survey data are subject to their own limitations, as they rely on 

respondent recall and subjective assessments of official intent; consequently, they may not 

be as objective as commonly assumed (Bonnano et al., 2025). We believe V-Dem data are a 

good compromise, as they provide unrivaled longitudinal coverage, and employ sophisticated 

aggregation methods to mitigate individual coder bias. We nonetheless acknowledge their 

inherent limitations. 

Whether our results generalize to subnational levels of government remains an open 

question for future research, and in a complementary project, we are currently extending the 

analysis in this paper to the local level, using objective, audit-based data from Brazilian 

municipalities. 

 

Appendix A – Results 

[Figure A.1 about here]  

[Table A.1 about here] 

[Table A.2 about here] 

[Table A.3 about here] 
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Appendix B – Validation 

[Table B.1 about here]  

 

Appendix C – Falsification & robusteness 

[Figure C.1 about here]  

[Figure C.2 about here]  

 [Figure C.3 about here]  

 [Figure C.4 about here] 

[Figure C.5 about here] 

[Figure C.6 about here] 

[Table C.1 about here] 

[Table C.2 about here] 

[Table C.3 about here] 

[Table C.4 about here]  

[Table C.5 about here] 

[Table C.6 about here] 
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Figure 1. First-stage relationship between a left electoral win and the formation of a left-

wing government in parliamentary elections 

Notes: The figure plots the effect of left-wing parties winning a parliamentary majority on the ideology of the 

government formed after the election. The horizontal axis displays the margin of victory of the left as defined 

in the main text. Scatterplot points are binned outcome means, using the mimicking variance evenly-spaced 

method. The solid lines represent a third-order global polynomial fit estimated separately for treated and control 

observations using the original raw data. Purely presidential systems are excluded from the graph. 
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Figure 2. Manipulation test of density discontinuity 

Notes: The figure implements a manipulation test of density discontinuity based on local polynomial density 

estimation methods from Cattaneo et al. (2018), using the margin of victory of the left as running variable. We 

plot the density of the running variable on both sides of the cutoff, for all elections in our sample. Shaded areas 

are 95% confidence intervals. 
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(a) Cumulative density function 

 

 

(b) Histogram 

Figure 3. Falsification test using placebo thresholds – Corruption 

Notes: The figures report the t-statistics from robust bias-corrected standard errors clustered by country, from 

re-estimating equation (1) using 580 fake cutoffs between 30% and 1% below and above the true threshold 

(using increments of 0.1%). Panel (a) plots the empirical cumulative density function of the t-statistics. The 

solid vertical lines represent the critical values for the normal distribution (±1.96). Panel (b) plots the resulting 

histogram of t-statistics. The dashed vertical line represents the t-statistic obtained at the true cutoff. 

  



43 
 

Table 1. Summary statistics 

 Observations Mean SD Min Max 

Margin of victory of the left (%) 1,025 -14.35 41.31 -100.00 100.00 

1[Elected government is left-leaning] 1,025 0.35 0.48 0.00 1.00 

Corruption 1,025 0.30 0.30 0.00 0.96 

Public sector corruption 1,025 0.27 0.30 0.00 0.97 

Regime corruption 1,025 0.29 0.31 0.00 0.96 

Government spending 810 33.36 12.84 6.99 68.39 

Government revenues 627 18.84 5.96 5.91 51.98 

Government ownership 1,025 0.86 0.89 -2.62 2.91 

Regulation 833 6.34 1.25 2.48 9.18 

Bureaucratic quality 977 0.66 0.18 0.18 0.99 

Constraints on the executive 1,025 0.75 0.26 0.02 0.99 

Quality of democracy 1,024 0.57 0.23 0.06 0.86 

Freedom of expression 1,025 0.81 0.22 0.02 0.99 

Education 892 8.51 2.91 0.67 13.30 

Inequality 1,025 0.74 0.25 0.11 0.99 

Population (in 000s) 1,023 2,642.25 4,507.77 6.92 34,196.10 

Labor force participation 899 0.42 0.07 0.20 0.71 

Trade intensity 902 0.54 0.41 0.02 2.72 

Income (real GDP) 902 585,616.59 1,546,433.49 592.60 18,215,924.00 

Income per capita 902 20,396.80 15,061.81 349.60 85,342.09 

Urbanization (%) 673 25.38 14.08 2.99 63.72 

Notes: This table reports summary statistics for our main electoral and outcome variables, and predetermined country characteristics. 

The data include only elections in the 1945–2018 period for which the running variable, the treatment indicator, and the political 

corruption index are available. The definition and source of each variable can be found in the main text. 
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Table 2. Tests of discontinuities in pre-election covariates at the cutoff 

PANEL A: Continuity of the means of individual covariates 

Variable Estimate 95% CI p-value q-value 

(FDR) 

CER-

optimal 

bandwidth 

No. of 

effective 

obs. 

 [1] [2] [3] [4] [5] [6] 

Corruption (𝑡 − 1) 0.018 [-0.009, 0.046] 0.181 0.579 13.782 329 

Corruption (𝑡 − 2) 0.018 [-0.008, 0.045] 0.170 0.579 14.279 341 

Corruption (𝑡 − 3) 0.011 [-0.020, 0.041] 0.503 0.764 14.531 349 

Quality of 

democracy  

-0.012 [-0.046, 0.023] 0.516 0.764 14.501 349 

Freedom of 

expression  

-0.022 [-0.073, 0.028] 0.387 0.764 15.923 370 

Inequality  0.004 [-0.028, 0.038] 0.773 0.996 18.229 405 

Education  -0.145 [-0.353, 0.023] 0.085* 0.453 14.273 304 

Population 168.384 [-270.297, 596.462] 0.461 0.764 25.084 507 

Income 29,995.89 [-8.95e+04, 1.83e+05] 0.500 0.764 14.378 319 

Income per capita  -2330.50 [-4975.48, -277.74] 0.028** 0.448 12.381 271 

Labor force 

participation  

0.001 [-0.011, 0.013] 0.882 0.882 17.679 358 

Trade intensity  0.015 [-0.098, 0.115] 0.873 0.882 17.533 358 

Urbanization 0.449 [-0.839, 1.644] 0.525 0.764 19.062 291 

Margin of victory 

at previous election 

0.951 [-6.878, 8.632] 0.825 0.882 12.740 278 

Treatment status at 

previous election 

0.039 [-0.193, 0.227] 0.875 0.851 14.712 320 

Years since last 

treatment 

-2.514 [-5.736, 0.167] 0.064* 0.453 10.906 213 

PANEL B: Continuity of the distribution of the set of covariates 

Sample p-value No. of effective obs.   

Full sample 0.743 26   

Presidential sample 0.943 14   

Parliamentary sample 0.490 17   

Notes: Panel A shows the results of local linear regressions like (1), but using each covariate as the outcome variable, and 

focusing on the intention-to-treat effects. All regressions use the Calonico et al. (2014) robust and bias-corrected RD estimator, 

with CER-optimal bandwidths, include country and year fixed effects, and cluster standard errors by country. Except otherwise 

noted, all variables are measured in the year before the election. The definition of each variable can be found in the main text. 

Column [4] reports p-values adjusted for the False Discovery Rate. Panel B reports the p-values for the joint tests of the continuity 

of the 16-dimensional vector of covariates in the full sample of elections, and in the subsamples of presidential and parliamentary 

elections, using the permutation test proposed by Canay and Kamat (2018). * significant at 10% level. ** significant at 5% level.  
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Table 3. Effect of electing a left-wing government on corruption (fuzzy RD estimates) 

 Corruption Public corruption Regime corruption 

 [1] [2] [3] 

LeftGvt 0.036* 0.055** 0.040* 

 (0.024) (0.029) (0.029) 

 [0.065] [0.014] [0.081] 

MSE-optimal bandwidth 26.830 28.585 29.419 

First stage (LeftWin) 0.569*** 0.570*** 0.570*** 

 (0.087) (0.086) (0.086) 

 [0.000] [0.000] [0.000] 

No. of effective obs. 537 557 570 

Notes: Estimation of equation (1), using different measures of corruption. Corruption is the average 

level of the political corruption index in the four years following the election. Public is the average 

level of the public sector corruption index in the four years following the election. Regime corruption 

is the average level of the regime corruption index in the four years following the election. LeftWin 

is a dummy variable determining the assignment of a country to treatment (left-wing government) 

and control (non-left-wing government) groups. LeftGvt is a dummy variable taking value 1 if a left 

government is formed after the election. All regressions use the Calonico et al. (2014) robust and 

bias-corrected RD estimator, with MSE-optimal bandwidths, include country and year fixed effects, 

and cluster standard errors by country. Robust and bias-corrected standard errors are reported in 

parenthesis. The associated p-values are reported in brackets. First stage (LeftWin) reports the first 

stage in the fuzzy RD estimation. * significant at 10% level. ** significant at 5% level. *** 

significant at 1% level. 
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Table 4. Partisanship and corruption – Heterogeneous effects 

 Corruption Public corruption Regime corruption 

 [1] [2] [3] 

Institutional constraints – Checks and balances 

High    

LeftGvt -0.008 

(0.017) 

0.009 

(0.021) 

0.005 

(0.015) 

 [0.562] [0.426] [0.492] 

MSE-optimal bandwidth 23.260 19.227 18.813 

No. of effective obs. 239 215 215 

Low    

LeftGvt 0.051*  

(0.031) 

0.076**  

(0.039) 

0.058* 

(0.039) 

 [0.058] [0.012] [0.082] 

MSE-optimal bandwidth 37.367 32.221 36.884 

No. of effective obs. 343 310 340 

Policy platforms (parliamentary elections only – reduced form) 

More interventionist     

LeftWin 0.026 0.012 0.013 

 (0.016) (0.017) (0.017) 

 [0.541] [0.707] [0.927] 

MSE-optimal bandwidth 15.226 12.579 8.871 

No. of effective obs. 64 61 63 

More market oriented    

LeftWin -0.002 0.000 -0.007 

 (0.017) (0.019) (0.025) 

 [0.935] [0.918] [0.977] 

MSE-optimal bandwidth 17.965 19.158 18.207 

No. of effective obs. 129 133 133 

Notes: This table reports estimated effects of electing a left-wing government for different 

subsamples. Each estimate corresponds to a separate regression. Corruption is the average level of the 

political corruption index in the four years following the election. Public corruption is the average 

level of the public sector corruption index in the four years following the election. Regime corruption 

is the average level of the regime corruption index in the four years following the election. LeftWin is 

a dummy variable determining the assignment of a country to treatment (left-wing government) and 

control (non-left-wing government) groups. LeftGvt is a dummy variable taking value 1 if a left 

government is formed after the election. Other variable definitions are in the main text. All regressions 

use the Calonico et al. (2014) robust and bias-corrected RD estimator, with MSE-optimal bandwidths, 

include country and year fixed effects, and cluster standard errors by country. Robust and bias-

corrected standard errors are reported in parenthesis. The associated p-values are reported in brackets. 

* significant at 10% level. ** significant at 5% level. 
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Table 5. Effect of electing a left-wing government on policies and people (fuzzy RD 

estimates) 

 Government 

spending 

Government 

revenues 

Government 

ownership 

 [1] [2] [3] 

LeftGvt -3.287 -0.533 -0.150 

 (3.066) (1.764) (0.175) 

 [0.227] [0.723] [0.216] 

MSE-optimal bandwidth 18.824 19.252 32.617 

No. of effective obs. 353 286 609 

 Regulation Bureaucratic quality Constraints on the 

executive 

 [4] [5] [6] 

LeftGvt -0.276* -0.042** -0.058 

 (0.197) (0.022) (0.045) 

 [0.092] [0.016] [0.122] 

MSE-optimal bandwidth 26.927 31.895 21.417 

No. of effective obs. 431 586 453 

Notes: Estimation of equation (1), using different outcomes. Government spending is the average level of 

government spending as share of GDP in the four years following the election. Government revenues is 

the average level of total tax revenues in the four years following the election. Government ownership is 

the average level of state ownership in the economy in the four years following the election. Regulation 

is the average EFW score for regulation in the four years following the election. Bureaucratic quality is 

the simple average of two indicators: criteria for appointment decisions in the state administration, and 

rigorous and impartial public administration, computed over the four years following the election. 

Constraints on the executive is the simple average of two indicators: judicial and legislative constraints 

on the executive, computed over the four years after the election. LeftGvt is a dummy variable taking 

value 1 if a left government is formed after the election. See the main text for more on variable definitions. 

All regressions use the Calonico et al. (2014) robust and bias-corrected RD estimator, with MSE-optimal 

bandwidths, include country and year fixed effects, and cluster standard errors by country. Robust and 

bias-corrected standard errors are reported in parenthesis. The associated p-values are reported in 

brackets. * significant at 10% level. ** significant at 5% level. 
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Table 6. Policies and people – Heterogeneous effects 

 Government 

ownership 

Regulation Bureaucratic 

quality 

Constraints on 

the executive 

 [1] [2] [3] [4] 

Institutional constraints – Checks and balances 

High 

LeftGvt 0.241 

(0.189) 

-0.018 

(0.266) 

-0.005 

(0.023) 

0.029 

(0.036) 

 [0.129] [0.970] [0.855] [0.368] 

MSE-optimal bandwidth 19.650 22.943 26.412 16.358 

No. of effective obs. 215 185 257 192 

Low 

LeftGvt -0.365* 

(0.244) 

-0.421* 

(0.263) 

-0.053*** 

(0.027) 

-0.075** 

(0.048) 

 [0.052] [0.059] [0.009] [0.034] 

MSE-optimal bandwidth 28.178 24.264 37.405 38.080 

No. of effective obs. 279 203 331 346 

Policy platforms (parliamentary elections only – reduced form) 

More interventionist 

LeftWin -0.304* 

(0.230) 

-0.038 

(0.232) 

-0.018 

(0.021) 

-0.004 

(0.021) 

 [0.099] [0.876] [0.349] [0.742] 

MSE-optimal bandwidth 14.197 12.828 14.795 13.892 

No. of effective obs. 94 47 95 91 

More market oriented 

LeftWin 0.006 

(0.139) 

0.097 

(0.127) 

-0.000 

(0.011) 

-0.033 

(0.029) 

 [0.845] [0.294] [0.685] [0.188] 

MSE-optimal bandwidth 20.040 16.396 15.035 17.817 

No. of effective obs. 139 101 117 128 

Notes: This table reports estimated effects of electing a left-wing government for different subsamples, 

according to the strength of checks and balances (internal constraints) in the country (top rows), and the left’s 

policy platform (bottom rows), on Government ownership, the average level of state ownership in the economy 

in the four years following the election; Regulation, the average EFW score for regulation in the four years 

following the election; Bureaucratic quality, the simple average of two indicators: criteria for appointment 

decisions in the state administration, and rigorous and impartial public administration, computed over the four 

years following the election; and Constraints on the executive, the simple average of two indicators: judicial 

and legislative constraints on the executive, computed over the four years after the election. LeftWin is a dummy 

variable determining the assignment of a country to treatment (left-wing government) and control (non-left-

wing government) groups. LeftGvt is a dummy variable taking value 1 if a left government is formed after the 

election. See the main text for more on variable and subsample definitions. The regressions using the left’s 

policy platform use only parliamentary elections, and focus on intention-to-treat effects. All regressions use the 

Calonico et al. (2014) robust and bias-corrected RD estimator, with MSE-optimal bandwidths, include country 

and year fixed effects, and cluster standard errors by country. Robust and bias-corrected standard errors are 

reported in parenthesis. The associated p-values are reported in brackets. * significant at 10% level. ** 

significant at 5% level. *** significant at 1% level. 
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Figure A.1. Dynamic treatment effects 

Notes: The figure plots RD point estimates of treatment effects (with 90% robust confidence intervals) from re-

running equation (1) using corruption in year 𝑡 − 𝜏 as the dependent variable, where 𝑡 is the election year and 

𝜏 ∈ {−3, −2,0,1,2,3,4}. All regressions use the Calonico et al. (2014) robust and bias-corrected RD estimator, 

with MSE-optimal bandwidths, include country and year fixed effects, and cluster standard errors by country. 
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(a) Public corruption 

 

 
(b) Regime corruption 

 
(c) Government spending 

 

 
(d) Government revenues 

 
(e) Government ownership 

 

 
(f) Regulation 

 
(g) Bureaucratic quality 

 
(h) Constraints on the executive 

 

Figure C.1. Falsification test using placebo thresholds 

Notes: The figures report the t-statistics from robust bias-corrected standard errors clustered by country, from 

re-estimating equation (1) using 580 fake cutoffs between 30% and 1% below and above the true threshold 

(using increments of 0.1%). Each figure plots the resulting histogram of t-statistics. The dashed vertical line 

represents the t-statistic obtained at the true cutoff in each case.  
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(a) Corruption 

 

 
(b) Public corruption 

 

 
(c) Regime corruption 

 

Figure C.2. Alternative bandwidth choices 

Notes: The figure displays RD coefficients and 90% confidence intervals from separate regressions that re-

estimate equation (1) using each time a different bandwidth ℎ ∈ [ℎ∗ − 5, ℎ∗ + 5], with 0.1% increments. ℎ∗ is 

the MSE-optimal bandwidth in each original regression, and is represented by the dashed vertical line in each 

case.  
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(a) Government spending 

 

 
(b) Government revenues 

 
(c) Government ownership 

 

 
(d) Regulation 

 
(e) Bureaucratic quality 

 
(f) Constraints on the executive 

 

Figure C.2 (cont.). Alternative bandwidth choices 

Notes: The figure displays RD coefficients and 90% confidence intervals from separate regressions that re-

estimate equation (1) using each time a different bandwidth ℎ ∈ [ℎ∗ − 5, ℎ∗ + 5], with 0.1% increments. ℎ∗ is 

the MSE-optimal bandwidth in each original regression, and is represented by the dashed vertical line in each 

case.  
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Figure C.3. Leave-one-out analysis – Countries | Corruption 

Notes: The figure displays RD coefficients and 90% confidence intervals from 116 separate regressions that re-

estimate equation (1) omitting each time one country from the sample. The horizontal dashed line represents 

the full-sample estimate of 0.03627.  
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Figure C.4. Leave-one-out analysis – Years | Corruption 

Notes: The figure displays RD coefficients and 90% confidence intervals from 74 separate regressions that re-

estimate equation (1) omitting each time one year from the sample. The horizontal dashed line represents the 

full-sample estimate of 0.03627. 
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(a) Government spending 

 

 
(b) Government revenues 

 
(c) Government ownership 

 
(d) Regulation 

 
(e) Bureaucratic quality 

 
(f) Constraints on the executive 

 

Figure C.5. Leave-one-out analysis – Countries 

Notes: For each outcome, the figures display RD coefficients and 90% confidence intervals from separate regressions that re-

estimate equation (1) omitting each time one country from the sample. The horizontal dashed line represents the full-sample 

estimate in each case.  
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(a) Government spending 

 

 
(b) Government revenues 

 
(c) Government ownership 

 
(d) Regulation 

 
(e) Bureaucratic quality 

 
(f) Constraints on the executive 

 

Figure C.6. Leave-one-out analysis – Years 

Notes: For each outcome, the figures display RD coefficients and 90% confidence intervals from separate regressions that re-

estimate equation (1) omitting each time one year from the sample. The horizontal dashed line represents the full-sample estimate 

in each case.  
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Table A.1. Effect of electing a left-wing government on alternative computations of dependent variables (fuzzy RD estimates) 

 Corruption Public corruption Regime corruption Government spending 

 [1] [2] [3] [4] 

Panel A: Outcomes computed over the 5 years after the election  

LeftGvt 0.036* 0.054** 0.039* -3.218 

 (0.023) (0.027) (0.028) (3.169) 

 [0.060] [0.011] [0.082] [0.216] 

MSE-optimal bandwidth 26.989 29.531 29.706 23.178 

No. of effective obs. 540 570 570 388 

Panel B: Outcomes computed over the 3 years after the election  

LeftGvt 0.031 0.051** 0.035 -1.950 

 (0.023) (0.029) (0.029) (3.360) 

 [0.109] [0.023] [0.128] [0.450] 

MSE-optimal bandwidth 26.129 27.393 28.839 19.224 

No. of effective obs. 520 544 560 293 

Notes: Estimation of equation (1), using different outcome variables. Averages are computed over the five (panel A) and three (panel B) years following the 

election. Corruption is the average level of the political corruption index. Public is the average level of the public sector corruption index. Regime corruption is 

the average level of the regime corruption index. Government spending is the average level of government spending as share of GDP. Government revenues is 

the average level of total tax revenues. Government ownership is the average level of state ownership in the economy. Regulation is the average EFW score for 

regulation. Bureaucratic quality is the simple average of two indicators: criteria for appointment decisions in the state administration, and rigorous and impartial 

public administration. Constraints on the executive is the simple average of two indicators: judicial and legislative constraints on the executive. LeftGvt is a 

dummy variable taking value 1 if a left government is formed after the election. All regressions use the Calonico et al. (2014) robust and bias-corrected RD 

estimator, with MSE-optimal bandwidths, include country and year fixed effects, and cluster standard errors by country. Robust and bias-corrected standard 

errors are reported in parenthesis. The associated p-values are reported in brackets. * significant at 10% level. ** significant at 5% level. 
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Table A.1 (cont.). Effect of electing a left-wing government on alternative computations of dependent variables (fuzzy RD estimates) 

 Government revenues Government 

ownership 

Regulation Bureaucratic 

quality 

Constraints on the 

executive 

 [5] [6] [7] [8] [9] 

Panel A: Outcomes computed over the 5 years after the election   

LeftGvt -0.131 -0.207 -0.309** -0.039** -0.040 

 (0.934) (0.172) (0.180) (0.020) (0.038) 

 [0.891] [0.107] [0.034] [0.014] [0.177] 

MSE-optimal bandwidth 22.786 30.511 30.501 35.375 31.903 

No. of effective obs. 287 530 432 566 547 

Panel B: Outcomes computed over the 3 years after the election   

LeftGvt 1.764* -0.104 -0.381* -0.003 -0.017 

 (1.293) (0.136) (0.248) (0.017) (0.042) 

 [0.075] [0.361] [0.065] [0.908] [0.668] 

MSE-optimal bandwidth 13.821 29.122 23.399 27.537 25.429 

No. of effective obs. 114 284 202 271 262 

Estimation of equation (1), using different outcome variables. Averages are computed over the five (panel A) and three (panel B) years following the election. 

Corruption is the average level of the political corruption index. Public is the average level of the public sector corruption index. Regime corruption is the average 

level of the regime corruption index. Government spending is the average level of government spending as share of GDP. Government revenues is the average 

level of total tax revenues. Government ownership is the average level of state ownership in the economy. Regulation is the average EFW score for regulation. 

Bureaucratic quality is the simple average of two indicators: criteria for appointment decisions in the state administration, and rigorous and impartial public 

administration. Constraints on the executive is the simple average of two indicators: judicial and legislative constraints on the executive. LeftGvt is a dummy 

variable taking value 1 if a left government is formed after the election. All regressions use the Calonico et al. (2014) robust and bias-corrected RD estimator, 

with MSE-optimal bandwidths, include country and year fixed effects, and cluster standard errors by country. Robust and bias-corrected standard errors are 

reported in parenthesis. The associated p-values are reported in brackets. * significant at 10% level. ** significant at 5% level. 
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Table A.2. Effect of electing a left-wing government on executive corruption, and by 

political system (fuzzy RD estimates) 

 Executive corruption  Corruption Corruption 

 [1] [2] [3] 

LeftGvt 0.049* 0.029 0.065 

 (0.034) (0.028) (0.540) 

 [0.060] [0.158] [0.230] 

Sample All elections Presidential Parliamentary 

MSE-optimal bandwidth 30.552 21.009 21.282 

No. of effective obs. 582 150 300 

Notes: Estimation of equation (1), using different measures of corruption as defined in the main text. 

Executive corruption is the average level of the executive corruption index in the four years following the 

election. Corruption is the average level of the political corruption index in the four years following the 

election. LeftGvt is a dummy variable taking value 1 if a left government is formed after the election. The 

regression uses the Calonico et al. (2014) robust and bias-corrected RD estimator, with MSE-optimal 

bandwidths, includes country and year fixed effects, and clusters standard errors by country. Robust and bias-

corrected standard error reported in parenthesis. The associated p-value is reported in brackets. * significant 

at 10% level.  
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Table A.3. Policies and people – Decomposition of the bureaucratic quality score 

 Meritocratic recruitment Rigorous and impartial public 

administration 

 [1] [2] 

LeftGvt -0.267** -0.300* 

 (0.165) (0.182) 

 [0.033] [0.074] 

MSE-optimal bandwidth 27.205 25.843 

No. of effective obs. 536 515 

Notes: Estimation of equation (1), using different outcomes. Meritocratic recruitment is the average level 

of the criteria for appointment decisions in the state administration index in the four years following the 

election. Rigorous and impartial public administration is the average level of the rigorous and impartial 

public administration index in the four years following the election. LeftGvt is a dummy variable taking 

value 1 if a left government is formed after the election. See the main text for more on variable definitions. 

All regressions use the Calonico et al. (2014) robust and bias-corrected RD estimator, with MSE-optimal 

bandwidths, include country and year fixed effects, and cluster standard errors by country. Robust and bias-

corrected standard errors are reported in parenthesis. The associated p-values are reported in brackets. * 

significant at 10% level. ** significant at 5% level. 
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Table B.1. Heterogeneity analysis – Manipulation tests for subsamples 

Subsample N Bandwidth 

(left) 

Bandwidth 

(right) 

t-stat 

(robust) 

p-value 

High institutional constraints  423 41.350 33.858 -1.5466 0.1220 

Low institutional constraints 602 49.385 45.495 -0.3806 0.7035 

More interventionist 305 19.408 14.775 0.8004 0.4235 

More market oriented 305 39.315 46.440 -1.3201 0.1868 

Notes: The table reports results from manipulations tests of density discontinuity based on local polynomial 

density estimation methods from Cattaneo et al. (2018), using the margin of victory of the left as running 

variable. Details on the subsampling are in the main text. 
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Table C.1. Policies and people – Regulation data without interpolation 

 Regulation 

 [1] 

LeftGvt -0.305 

 (0.254) 

 [0.139] 

MSE-optimal bandwidth 22.596 

No. of effective obs. 172 

Notes: Estimation of equation (1), using our measure of regulation from 2000 on as the 

outcome. Regulation is the average EFW score for regulation in the four years following 

the election. LeftGvt is a dummy variable taking value 1 if a left government is formed 

after the election. See the main text for more on variable definitions. All regressions use 

the Calonico et al. (2014) robust and bias-corrected RD estimator, with MSE-optimal 

bandwidths, include country and year fixed effects, and cluster standard errors by 

country. Robust and bias-corrected standard errors are reported in parenthesis. The 

associated p-values are reported in brackets. 
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Table C.2. Robustness to different bandwidth selection criteria 

 Corruption Public corruption Regime corruption Executive corruption Government spending 

 [1] [2] [3] [4] [5] 

MSE-optimal, two different 

LeftGvt 0.035* 

(0.023) 

0.058** 

(0.029) 

0.041* 

(0.029) 

0.051* 

(0.034) 

-3.354 

(2.815) 

 [0.068] [0.013] [0.087] [0.069] [0.191] 

No. of effective obs. 556 544 561 555 410 

CER-optimal, common 

LeftGvt 0.040* 

(0.024) 

0.067** 

(0.030) 

0.047* 

(0.031) 

0.058* 

(0.036) 

-3.064 

(3.167) 

 [0.063] [0.012] [0.082] [0.060] [0.300] 

CER-optimal bandwidth 20.650 22.000 22.642 23.515 14.677 

No. of effective obs. 441 464 472 489 300 

CER-optimal, two different 

LeftGvt 0.040* 

(0.024) 

0.070*** 

(0.031) 

0.048* 

(0.030) 

0.060* 

(0.036) 

-3.112 

(2.977) 

 [0.064] [0.010] [0.083] [0.066] [0.266] 

No. of effective obs. 458 447 466 460 348 

Notes: Estimation of equation (1), using different outcomes and different bandwidth selection criteria. Corruption is the average level of the political corruption 

index in the four years following the election. Public corruption is the average level of the public sector corruption index in the four years following the election. 

Regime corruption is the average level of the regime corruption index in the four years following the election. Executive corruption is the average level of the 

executive corruption index in the four years following the election. Government spending is the average level of government spending as share of GDP in the 

four years following the election. LeftGvt is a dummy variable taking value 1 if a left government is formed after the election. All regressions use the Calonico 

et al. (2014) robust and bias-corrected RD estimator, include country and year fixed effects, and cluster standard errors by country. “MSE-optimal, two different” 

means that two different bandwidth sizes are used (below and above the cutoff). “CER-optimal, common” is the CER-optimal bandwidth selector from Calonico 

et al. (2014) with a unique bandwidth size on both sides of the cutoff. “CER-optimal, two different” is the CER-optimal bandwidth using two different bandwidth 

sizes below and above the cutoff. Robust and bias-corrected standard errors are reported in parenthesis. The associated p-values are reported in brackets. * 

significant at 10% level. ** significant at 5% level. *** significant at the 1% level. 
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Table C.2 (cont.). Robustness to different bandwidth selection criteria 

 Government revenues Government 

ownership 

Regulation Bureaucratic quality Constraints on the 

executive 

 [6] [7] [8] [9] [10] 

MSE-optimal, two different 

LeftGvt -0.670 

(1.739) 

-0.171 

(0.189) 

-0.294* 

(0.207) 

-0.044** 

(0.023) 

-0.057 

(0.044) 

 [0.619] [0.248] [0.100] [0.017] [0.103] 

No. of effective obs. 300 557 406 577 481 

CER-optimal, common 

LeftGvt -0.233 

(1.835) 

-0.191 

(0.186) 

-0.328* 

(0.209) 

-0.045** 

(0.023) 

-0.065 

(0.046) 

 [0.875] [0.208] [0.082] [0.025] [0.113] 

CER-optimal bandwidth 15.065 25.104 20.769 24.568 16.483 

No. of effective obs. 250 507 353 499 377 

CER-optimal, two different 

LeftGvt -0.413 

(1.819) 

-0.213 

(0.196) 

-0.336* 

(0.215) 

-0.048** 

(0.024) 

-0.062 

(0.045) 

 [0.767] [0.219] [0.090] [0.025] [0.115] 

No. of effective obs. 252 460 332 483 403 

Notes: Estimation of equation (1), using different outcomes and different bandwidth selection criteria. Government revenues is the average level of total tax 

revenues as share of GDP in the four years following the election. Government ownership is the average level of state ownership in the economy. Regulation is 

the average EFW score for regulation. Bureaucratic quality is the simple average of two indicators: criteria for appointment decisions in the state administration, 

and rigorous and impartial public administration. Constraints on the executive is the simple average of two indicators: judicial and legislative constraints on the 

executive. LeftGvt is a dummy variable taking value 1 if a left government is formed after the election. All regressions use the Calonico et al. (2014) robust and 

bias-corrected RD estimator, include country and year fixed effects, and cluster standard errors by country. “MSE-optimal, two different” means that two different 

bandwidth sizes are used (below and above the cutoff). “CER-optimal, common” is the CER-optimal bandwidth selector from Calonico et al. (2014) with a 

unique bandwidth size on both sides of the cutoff. “CER-optimal, two different” is the CER-optimal bandwidth using two different bandwidth sizes below and 

above the cutoff. Robust and bias-corrected standard errors are reported in parenthesis. The associated p-values are reported in brackets. * significant at 10% 

level. ** significant at 5% level. 
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Table C.3. Effect of electing a left-wing government with different polynomial orders (fuzzy RD estimates) 

 Corruption Public corruption Regime corruption Executive corruption Government spending 

 [1] [2] [3] [4] [5] 

Linear (order 1) – baseline 

LeftGvt 0.036* 

(0.024) 

0.055** 

(0.029) 

0.040* 

(0.029) 

0.049* 

(0.034) 

-3.287 

(3.006) 

 [0.065] [0.014] [0.081] [0.060] [0.227] 

MSE-optimal bandwidth 26.830 28.585 29.419 30.552 18.824 

No. of effective obs. 537 557 570 582 353 

Quadratic (order 2) 

LeftGvt 0.045* 

(0.027) 

0.077** 

(0.034) 

0.056* 

(0.037) 

0.072* 

(0.044) 

-3.646 

(3.493) 

 [0.064] [0.012] [0.087] [0.070] [0.324] 

MSE-optimal bandwidth 39.076 40.384 34.990 34.167 30.712 

No. of effective obs. 681 696 644 637 497 

Cubic (order 3) 

LeftGvt 0.055* 

(0.029) 

0.103** 

(0.042) 

0.063 

(0.041) 

0.080 

(0.049) 

-2.024 

(4.061) 

 [0.054] [0.013] [0.122] [0.108] [0.805] 

MSE-optimal bandwidth 35.978 35.393 38.430 39.259 35.339 

No. of effective obs. 650 647 672 683 545 

Quartic (order 4) 

LeftGvt 0.057* 

(0.030) 

0.102** 

(0.044) 

0.063 

(0.042) 

0.077  

(0.051) 

-0.864  

(4.301) 

 [0.057] [0.021] [0.141] [0.144] [0.992] 

MSE-optimal bandwidth 41.882 43.371 43.222 44.409 43.535 

No. of effective obs. 708 730 727 737 621 

Notes: Estimation of equation (1), using different outcomes and different polynomial orders. Corruption is the average level of the political corruption index in 

the four years following the election. Public corruption is the average level of the public sector corruption index in the four years following the election. Regime 

corruption is the average level of the regime corruption index in the four years following the election. Executive corruption is the average level of the executive 

corruption index in the four years following the election. Government spending is the average level of government spending as share of GDP in the four years 



66 
 

following the election. LeftGvt is a dummy variable taking value 1 if a left government is formed after the election. All regressions use the Calonico et al. (2014) 

robust and bias-corrected RD estimator, include country and year fixed effects, and cluster standard errors by country. Robust and bias-corrected standard errors 

are reported in parenthesis. The associated p-values are reported in brackets. * significant at 10% level. ** significant at 5% level. 
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Table C.3 (cont.). Effect of electing a left-wing government with different polynomial orders (fuzzy RD estimates) 

 Government revenues Government 

ownership 

Regulation Bureaucratic quality Constraints on the 

executive 

 [6] [7] [8] [9] [10] 

Linear (order 1) – baseline 

LeftGvt -0.533 

(1.764) 

-0.150 

(0.175) 

-0.276* 

(0.197) 

-0.042** 

(0.022) 

-0.058 

(0.045) 

 [0.723] [0.216] [0.092] [0.016] [0.122] 

MSE-optimal bandwidth 19.252 32.617 26.927 31.895 21.417 

No. of effective obs. 286 609 431 586 453 

Quadratic (order 2) 

LeftGvt 0.246 

(2.180) 

-0.263 

(0.228) 

-0.375 

(0.242) 

-0.051* 

(0.030) 

-0.072 

(0.049) 

 [0.831] [0.213] [0.112] [0.097] [0.111] 

MSE-optimal bandwidth 22.528 34.471 29.114 31.275 34.059 

No. of effective obs. 320 638 451 580 637 

Cubic (order 3) 

LeftGvt 1.102 

(2.327) 

-0.368 

(0.255) 

-0.343 

(0.248) 

-0.050 

(0.032) 

-0.075 

(0.052) 

 [0.575] [0.102] [0.174] [0.134] [0.137] 

MSE-optimal bandwidth 29.562 35.583 46.282 38.497 41.727 

No. of effective obs. 387 648 604 650 707 

Quartic (order 4) 

LeftGvt 0.864 

(2.356) 

-0.414* 

(0.264) 

-0.318 

(0.259) 

-0.049  

(0.033) 

-0.072  

(0.049) 

 [0.623] [0.089] [0.239] [0.136] [0.164] 

MSE-optimal bandwidth 42.820 43.371 42.352 52.353 48.505 

No. of effective obs. 480 770 573 754 737 

Notes: Estimation of equation (1), using different outcomes and different polynomial orders. Government revenues is the average level of total tax revenues as 

share of GDP in the four years following the election. Government ownership is the average level of state ownership in the economy. Regulation is the average 

EFW score for regulation. Bureaucratic quality is the simple average of two indicators: criteria for appointment decisions in the state administration, and rigorous 
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and impartial public administration. Constraints on the executive is the simple average of two indicators: judicial and legislative constraints on the executive. 

LeftGvt is a dummy variable taking value 1 if a left government is formed after the election. All regressions use the Calonico et al. (2014) robust and bias-corrected 

RD estimator, include country and year fixed effects, and cluster standard errors by country. Robust and bias-corrected standard errors are reported in parenthesis. 

The associated p-values are reported in brackets. * significant at 10% level. ** significant at 5% level. 
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Table C.4. Effect of electing a left-wing government with country-specific trends (fuzzy RD estimates) 

 Corruption Public corruption Regime corruption Executive corruption Government spending 

 [1] [2] [3] [4] [5] 

LeftGvt 0.026** 0.025** 0.031** 0.031** -4.066* 

 (0.016) (0.015) (0.017) (0.018) (2.324) 

 [0.043] [0.030] [0.026] [0.037] [0.058] 

MSE-optimal bandwidth 28.228 24.370 29.941 33.534 21.203 

No. of effective obs. 553 500 575 624 384 

 Government revenues Government 

ownership 

Regulation Bureaucratic quality Constraints on the 

executive 

 [6] [7] [8] [9] [10] 

LeftGvt 0.867 0.059 -0.067 -0.019* -0.020 

 (0.631) (0.104) (0.103) (0.014) (0.024) 

 [0.105] [0.510] [0.386] [0.085] [0.218] 

MSE-optimal bandwidth 24.498 28.432 23.972 28.148 32.357 

No. of effective obs. 339 556 494 545 596 

Notes: Estimation of equation (1), using different outcomes. Corruption is the average level of the political corruption index in the four years following the 

election. Public corruption is the average level of the public sector corruption index in the four years following the election. Regime corruption is the average 

level of the regime corruption index in the four years following the election. Executive corruption is the average level of the executive corruption index in the 

four years following the election. Government spending is the average level of government spending as share of GDP in the four years following the election. 

Government revenues is the average level of total tax revenues as share of GDP in the four years following the election. Government ownership is the average 

level of state ownership in the economy. Regulation is the average EFW score for regulation. Bureaucratic quality is the simple average of two indicators: criteria 

for appointment decisions in the state administration, and rigorous and impartial public administration. Constraints on the executive is the simple average of two 

indicators: judicial and legislative constraints on the executive. LeftGvt is a dummy variable taking value 1 if a left government is formed after the election. All 

regressions use the Calonico et al. (2014) robust and bias-corrected RD estimator, include country and year fixed effects, and country-specific time trends, and 

cluster standard errors by country. Robust and bias-corrected standard errors are reported in parenthesis. The associated p-values are reported in brackets. ** 

significant at 5% level. 
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Table C.5. Donut-hole analysis (fuzzy RD estimates) 

 Corruption Public 

corruption 

Regime 

corruption 

Executive 

corruption 

Government 

spending 

 [1] [2] [3] [4] [5] 

|MV| ≥ 0.10 

LeftGvt 0.037* 

(0.025) 

0.060** 

(0.030) 

0.043* 

(0.031) 

0.052* 

(0.036) 

-2.589 

(2.803) 

 [0.066] [0.012] [0.082] [0.064] [0.326] 

MSE-optimal bandwidth 25.987 25.741 27.299 27.627 18.753 

No. of effective obs. 512 509 539 541 347 

|MV| ≥ 0.20 

LeftGvt 0.037* 

(0.025) 

0.060** 

(0.030) 

0.043* 

(0.031) 

0.052* 

(0.036) 

-2.589 

(2.803) 

 [0.066] [0.012] [0.082] [0.064] [0.326] 

MSE-optimal bandwidth 25.987 25.741 27.299 27.627 18.753 

No. of effective obs. 512 509 539 541 347 

|MV| ≥ 0.30 

LeftGvt 0.040** 

(0.024) 

0.062** 

(0.031) 

0.049** 

(0.029) 

0.061** 

(0.034) 

-2.633 

(2.844) 

 [0.037] [0.012] [0.027] [0.020] [0.295] 

MSE-optimal bandwidth 27.450 26.089 28.405 28.277 19.583 

No. of effective obs. 539 513 550 547 354 

|MV| ≥ 0.40 

LeftGvt 0.040** 

(0.024) 

0.062** 

(0.031) 

0.049** 

(0.029) 

0.061** 

(0.034) 

-2.633 

(2.844) 

 [0.037] [0.012] [0.027] [0.020] [0.295] 

MSE-optimal bandwidth 27.450 26.089 28.405 28.277 19.583 

No. of effective obs. 539 513 550 547 354 
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|MV| ≥ 0.50 

LeftGvt 0.043** 

(0.025) 

0.067*** 

(0.033) 

0.053** 

(0.030) 

0.065** 

(0.035) 

-2.976 

(2.940) 

 [0.034] [0.010] [0.023] [0.016] [0.246] 

MSE-optimal bandwidth 26.738 25.276 27.881 27.881 19.614 

No. of effective obs. 527 499 539 539 351 

Notes: Estimation of equation (1), using different outcomes, and excluding observations very close (within ±0.1 to ±0.5%) to the cutoff. 

Corruption is the average level of the political corruption index in the four years following the election. Public corruption is the average 

level of the public sector corruption index in the four years following the election. Regime corruption is the average level of the regime 

corruption index in the four years following the election. Executive corruption is the average level of the executive corruption index in the 

four years following the election. Government spending is the average level of government spending as share of GDP in the four years 

following the election. LeftGvt is a dummy variable taking value 1 if a left government is formed after the election. All regressions use the 

Calonico et al. (2014) robust and bias-corrected RD estimator, include country and year fixed effects, and cluster standard errors by country. 

Robust and bias-corrected standard errors are reported in parenthesis. The associated p-values are reported in brackets. * significant at 10% 

level. ** significant at 5% level. *** significant at 1% level. 
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Table C.5 (cont.). Donut-hole analysis (fuzzy RD estimates) 

 Government 

revenues 

Government 

ownership 

Regulation Bureaucratic 

quality 

Constraints on 

the executive 

 [6] [7] [8] [9] [10] 

|MV| ≥ 0.10 

LeftGvt -0.294 

(1.811) 

-0.153 

(0.184) 

-0.302* 

(0.207) 

-0.043** 

(0.023) 

-0.058 

(0.046) 

 [0.856] [0.265] [0.080] [0.016] [0.114] 

MSE-optimal bandwidth 17.522 30.303 26.066 31.112 22.845 

No. of effective obs. 268 578 413 574 473 

|MV| ≥ 0.20 

LeftGvt -0.294 

(1.811) 

-0.153 

(0.184) 

-0.302* 

(0.207) 

-0.043** 

(0.023) 

-0.058 

(0.046) 

 [0.856] [0.265] [0.080] [0.016] [0.114] 

MSE-optimal bandwidth 17.522 30.303 26.066 31.112 22.845 

No. of effective obs. 268 578 413 574 473 

|MV| ≥ 0.30 

LeftGvt -0.809 

(1.811) 

-0.157 

(0.193) 

-0.291* 

(0.207) 

-0.045** 

(0.024) 

-0.065* 

(0.045) 

 [0.578] [0.287] [0.075] [0.016] [0.066] 

MSE-optimal bandwidth 18.979 29.432 28.714 30.039 24.252 

No. of effective obs. 282 564 444 562 492 

|MV| ≥ 0.40 

LeftGvt -0.809 

(1.811) 

-0.157 

(0.193) 

-0.291* 

(0.207) 

-0.045** 

(0.024) 

-0.065* 

(0.045) 

 [0.578] [0.287] [0.075] [0.016] [0.066] 

MSE-optimal bandwidth 18.979 29.432 28.714 30.039 24.252 

No. of effective obs. 282 564 444 562 492 
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|MV| ≥ 0.50 

LeftGvt 0.915 

(1.857) 

-0.151 

(0.197) 

-0.281* 

(0.214) 

-0.046** 

(0.025) 

-0.068* 

(0.046) 

 [0.533] [0.306] [0.091] [0.018] [0.061] 

MSE-optimal bandwidth 20.536 29.688 29.418 29.039 24.618 

No. of effective obs. 294 561 451 543 494 

Notes: Estimation of equation (1), using different outcomes, and excluding observations very close (within ±0.1 to ±0.5%) to the cutoff. 

Government revenues is the average level of total tax revenues as share of GDP in the four years following the election. Government 

ownership is the average level of state ownership in the economy. Regulation is the average EFW score for regulation. Bureaucratic quality 

is the simple average of two indicators: criteria for appointment decisions in the state administration, and rigorous and impartial public 

administration. Constraints on the executive is the simple average of two indicators: judicial and legislative constraints on the executive. 

LeftGvt is a dummy variable taking value 1 if a left government is formed after the election. All regressions use the Calonico et al. (2014) 

robust and bias-corrected RD estimator, include country and year fixed effects, and cluster standard errors by country. Robust and bias-

corrected standard errors are reported in parenthesis. The associated p-values are reported in brackets. * significant at 10% level. ** 

significant at 5% level. 
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Table C.6. Characteristics of countries with and without close elections 

Variable Mean, 

close 

Mean, not 

close 

Difference p-value N 

Quality of democracy 0.644 0.544 0.031*** 0.001 1024 

   (0.009)   

Freedom of expression 0.884 0.789 0.034*** 

(0.010) 

0.002 1025 

Inequality 0.769 0.734 0.007 

(0.008) 

0.382 1025 

Education 8.743 8.429 -0.019 

(0.042) 

0.643 892 

Population 2645.445 2641.207 144.541* 

(76.251) 

0.061 1023 

Urbanization 24.687 25.649 0.403* 

(0.236) 

0.091 673 

Income 677,000 553,000 69003.755 

(60136.125) 

0.254 902 

Income per capita 20620.921 20316.469 -1284.376** 

(575.525) 

0.028 902 

Labor force participation 0.422 0.414 0.002 

(0.003) 

0.624 899 

Trade intensity 0.527 0.547 -0.012 0.542 902 

   (0.019)   

Notes: This table reports mean values for the pre-election country characteristics for countries experiencing 

close elections (vote margin under 10%) and the rest of the countries in the estimation sample. It also reports 

the difference in the means of each variable between the two subsamples. These differences (and 

corresponding standard errors reported in brackets) are computed through an OLS regression of each country 

characteristic on an indicator for a close election, and country and year fixed effects. Standard errors are 

clustered at the country level. Variable definitions are in the main text. * significant at 10% level. ** 

significant at 5% level. *** significant at 1% level. 
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