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Using a consumption-based asset pricing model with infinite-horizon nonlinear habit for-
mation, Campbell and Cochrane (1999) show that low consumption in surplus of habit
should forecast high expected returns. This article argues that the finite-horizon linear
habit model also implies an inverse relation between expected returns and surplus con-
sumption. This article also presents empirical evidence, which indicates that expected
returns on stocks and bonds vary with surplus consumption implied by the habit models.
The volatility of returns and the reward to volatility are also related to surplus con-
sumption. However, less than 30% of the predictable variation of expected returns, using
standard lagged information variables, is attributed to surplus consumption.

One of most challenging tasks for financial economists is to explain the
dynamic behavior of asset returns using aggregate consumption data. Since
the time-separable utility model cannot even fit the unconditional moment of
the equity premium, a great deal of empirical work has used more general
utility specifications, such as habit formation, to study asset returns. In some
studies, habit is assumed to last for 1 month [e.g., Hansen and Jagannathan
(1991)], 1 quarter, or 1 year [Ferson and Constantinides (1991), Ferson and
Harvey (1992)]. They find that the habit model produces a better fit than the
time-separable utility model. In other studies, habit is assumed to be a linear
or nonlinear function of an infinite history of past consumption. For example,
Heaton (1995) finds that a model with infinite-horizon linear habit formation
can predict the autocorrelation pattern of stocks and Treasury bills, but the
model cannot at the same time fit the equity premium and the volatility
of stock returns. Campbell and Cochrane (1999; hereafter CC) develop an
infinite-horizon nonlinear habit model to explain the cyclical variation in
expected returns and volatility.

This literature demonstrates that a portion of time-varying expected returns
may be explained by asset pricing models with habit formation. In the habit-
based model, each agent’s period utility function increases with consumption
relative to habit. In particular, CC (1999) find that a low level of consumption

The helpful comments of K. C. Chan, Martin Evans, Campbell Harvey, Jia He, Raymond Kan, Simon
Wheatley, Chu Zhang, and seminar participants at Chinese University of Hong Kong, Hong Kong University of
Science and Technology, Nanyang Technological University in Singapore, the 2000 European Finance Associ-
ation Meetings, and the 2000 Financial Management Association Meetings are gratefully acknowledged. I also
thank an anonymous referee and especially Wayne Ferson (editor) for their constructive comments throughout
this research endeavor. Address correspondence to Yuming Li, Department of Finance, College of Business &
Economics, California State University, Fullerton, CA 92834, or e-mail: yli@fullerton.edu.

The Review of Financial Studies Fall 2001 Vol. 14, No. 3, pp. 861–899
© 2001 The Society for Financial Studies



The Review of Financial Studies / v 14 n 3 2001

in surplus of habit should forecast high expected returns because risk aversion
is inversely related to surplus consumption. However, their study leaves open
the interesting question of the empirical relation between stock returns and
surplus consumption. The goal of this article is to document to what extent
time variation in expected returns can be explained by the cyclic variation in
surplus consumption.

I first investigate the theoretical relation between expected returns and sur-
plus consumption, and argue that habit models generally imply an inverse
relation between expected returns and surplus consumption. Thus the theo-
retical prediction is not limited to the model studied in CC (1999). I then
examine the empirical relation between expected returns and measures of
surplus consumption and the economic significance of the relation by esti-
mating the portion of time variation in the expected returns on stocks and
bonds that is associated with cyclical movements in surplus consumption.
The empirical results indicate that the long-horizon linear habit model per-
forms better than the short-horizon model and a 5-year linear model fits the
countercyclical pattern in expected returns similar to the nonlinear model of
CC (1999). When habit is assumed to slowly adjust to a long history of past
consumption, the relation between expected returns and surplus consumption
is statistically significant for both the linear and nonlinear habit models.

Recent studies document that the price of risk in the stock market is time
varying and countercyclical [see, e.g., Harvey (1989,1991), Kandel and Stam-
baugh (1990,1991), Ferson and Harvey (1991,1993a), Bekaert and Harvey
(1995), and He et al. (1996)]. Consistent with this evidence, I find a sta-
tistically significant and negative relation between the reward:volatility ratio
and surplus consumption. This implies that time variation in the price of
risk is explained in part by changing surplus consumption. I also find that
for common stocks, the volatility of returns is positively related to surplus
consumption, in contradiction to the countercyclical volatility produced by
CC (1999) using simulated data. Together with the evidence that expected
returns are inversely related to surplus consumption, the negative relation
between expected returns and the volatility in the stock market documented
in the literature [e.g., Campbell (1987), Glosten, Jagannathan, and Runkle
(1993), and Whitelaw (1994)] can be partly attributed to time-varying sur-
plus consumption. Decreases in expected returns associated with increases in
the volatility of returns near the peaks of the business cycle can be explained
by decreases in the reward to volatility as a result of decreasing risk aver-
sion at these times. However, less than 30% of the predictable variation of
expected returns, using standard lagged information variables, is attributed to
surplus consumption.

The rest of the article is organized as follows. In Section 1 I outline the
implications of habit models for time-varying expected returns. In Section 2
I describe the data sources. In Sections 3 and 4 I present empirical results of
estimating the models. In Sections 5 I evaluate the robustness of the results
to alternative econometric specifications. Section 6 concludes.
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1. The Model

1.1 Preferences
A representative investor is assumed to maximize the objective function

E
∞∑
t=0

δt
(Ct − Xt−1)

1−γ − 1

1 − γ
, (1)

where γ is the utility curvature parameter, δ is the subjective discount factor,
Ct is the flow of consumption at time t , and Xt−1 is the level of habit,
conditional on information as of time t−1. As in Abel (1990) and CC (1999),
the habit level Xt−1 is taken to be exogenous by the representative agent.
Exogenous habit is said to be “external.” Under external habit formation,
Equation (1) implies that the intertemporal marginal rate of substitution or
the stochastic discount factor at time t is

Mt = δ

(
Ct − Xt−1

Ct−1 − Xt−2

)−γ

. (2)

The marginal rate of substitution in Equation (2) is positive if Xt−1 < Ct .
Unlike the ratio-based model of Abel (1990), the representative agent’s

period utility in Equation (1) is a function of the difference between con-
sumption and habit (Ct − Xt−1), following Sundaresan (1989) and
Constantinides (1990), among others. As CC (1999) point out, the advan-
tage of the difference-based model over the ratio-based model is that the risk
aversion in the difference-based model varies with the level of consumption
relative to habit.

1.2 A consumption-based CAPM under habit formation
Let Rit denote one plus the rate of return on asset i from times t − 1 to
t (i = 1, 2, . . . , n). For Mt given by Equation (2), the return satisfies the
Euler equation of the following form:

1 = Et−1

[
δ

(
Ct − Xt−1

Ct−1 − Xt−2

)−γ

Rit

]
, (3)

where Et−1 denotes expectation conditional on information known as of time
t − 1.

Let Ce
t = Ct−Xt−1 denote consumption in excess of habit. Assume that the

joint distribution of Rit and Ce
t is conditionally lognormal and let lowercase

letters denote the natural logarithms of corresponding uppercase letters. Then
Equation (3) implies that the expected return in excess of the riskfree rate
which is known as of time t − 1 satisfies

Et−1[rit ] − rf, t−1 = −(1/2)σ 2
i, t−1 + γ covt−1(rit , c

e
t ). (4)

The variance term on the right-hand side of Equation (4) is a Jensen’s
inequality term. This equation implies that the expected excess return on any
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asset is related to its covariance with cet in the habit model. The time-series
and cross-sectional properties of expected excess returns on assets depend on
their conditional covariances with cet .

Let

St ≡ Ce
t

Ct

= 1 − Xt−1

Ct

(5)

denote the surplus consumption ratio. Under the restriction Xt−1 < Ct, 0 <

St < 1. CC (1999) argue that St should increase with consumption and move
with the business cycle. They show that the representative agent’s risk aver-
sion is inversely related to St . As a result, expected returns and the price of
risk in the aggregate stock market should vary with the surplus consumption
ratio.

Let st denote the log surplus consumption ratio. Then Equation (5) implies
cet = ct + st . The conditional covariance of rit with cet on the right-hand side
of Equation (4) is

covt−1(rit , c
e
t ) = covt−1(rit , ct ) + covt−1(rit , st ). (6)

From Equation (5), st is a function of ct : st = s(ct ). Assume that con-
sumption Ct is conditionally lognormal. Then Stein’s lemma implies that the
second covariance on the right-hand side of Equation (6) is

covt−1(rit , st ) = Et−1

[
∂st

∂ct

]
covt−1(rit , ct ) = λt−1covt−1(rit , ct ), (7)

where

λt−1 ≡ Et−1

[
∂st

∂ct

]
(8)

is the conditional sensitivity of surplus consumption (ratio) to consumption.1

Substituting Equations (6) and (7) into Equation (4) yields

Et−1[rit ] − rf,t−1 = −(1/2)σ 2
i, t−1 + [γ (1 + λt−1)]covt−1(rit , ct ). (9)

Equation (9) is consumption-based asset pricing model with the time-varying
price of risk, γ (1+λt−1), which is positively related to the sensitivity function

1 In CC (1999), the period t utility is a function of Ct −Xt and the surplus consumption ratio is St = 1−Xt/Ct ,
where Xt depends on Ct . It is straightforward to see that Equation (7) remains valid in this case.

864



Expected Returns and Habit Persistence

λt−1. If λt−1 is negatively related to st−1, as in CC (1999), a low surplus
consumption ratio should forecast high expected returns.

1.3 Specification of linear habit
In the linear habit model, the habit level Xt−1 is proportional to a weighted
average of past consumption expenditures:

Xt−1 = α

(
1 − ϕm

1 − ϕJm

) J∑
j=1

ϕ(j−1)mCt−j . (10)

Here 0 < ϕ < 1 is the persistence parameter, which indicates the speed at
which habit adjusts to past consumption, and the integer m is the number of
months elapsed between times t − 1 and t . When ϕ → 1, Xt−1 approaches
an equal-weighted average of past consumption expenditures. The integer
J ≥ 1 is the duration of habit, which determines how long habit reacts to
past consumption. The coefficient 0 < α < 1 controls the level of habit
relative to current consumption.

Using a one-period model with J = 1, Ferson and Constantinides (1991),
Hansen and Jagannathan (1991), and Ferson and Harvey (1992) find that a
positive α produces a better fit than a time separable utility model (α = 0)
or a “durable goods” model (α < 0). Taking into account the effect of time
aggregation, Heaton (1995) studies an infinite-horizon habit model (J = ∞)

and finds large values of α and ϕ to be consistent with the Hansen and
Jagannathan (1991) bounds. With α = 0.98 or lower for monthly and quar-
terly data and α = 0.84 or lower for annual data, I find that the habit level
given by Equation (10) always falls below consumption and the intertem-
poral marginal rate of substitution given by Equation (2) remains positive
and finite for any 0 < ϕ ≤ 1 and J ≥ 1 for the dataset to be described
later in this article. In the rest of the article I assume that the coefficient
α is fixed at α = 0.98 for monthly and quarterly data and α = 0.84 for
annual data. The results in the article are not sensitive to the precise choices
of α.2

For any difference-based external habit model, including the linear habit
specification in Equation (10), where the habit level Xt−1 for the period t

utility function does not depend on contemporaneous consumption Ct , the

2 The coefficients α and ϕ may be estimated jointly by using Equations (3). Similar to the findings of Heaton
(1995), these coefficients are not precisely estimated in this way. However, estimating the Euler equation for
each fixed value of ϕ indicates that the estimated values of α in most cases are close to the choices given
here.
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sensitivity function λt−1 given by Equation (8) can be obtained explicitly.
Using the surplus consumption ratio St defined by Equation (5), it can be
shown that3

λt−1 = Et−1

[
1

St

]
− 1. (11)

Since 0 < St < 1, λt−1 > 0. The surplus consumption ratio St should increase
with current consumption. Equation (11) implies that if St is expected to fall
as a result of declining consumption, λt−1 will rise.

It is known that consumption growth is negatively autocorrelated in the
monthly data and positively autocorrelated in the quarterly data. To account
for the autocorrelation in consumption data, I assume that consumption growth
follows a homoscedastic AR(1) process. For a given set of parameters of the
habit level in Equation (10), the conditional expectation in Equation (11) will
be evaluated through numerical integration, using the assumed distribution
of the consumption process. In this way the sensitivity function λt−1 evolves
only with the history of consumption up to date t − 1. See Appendix A for
a detailed description.

1.4 Specification of nonlinear habit
The linear habit model will be compared with the nonlinear model of CC
(1999), where consumption growth is i.i.d. and the log surplus consump-
tion ratio st follows a heteroscedastic AR(1) process with the autocorrelation
coefficient ϕm measuring the level of habit persistence. In the CC (1999)
model, the sensitivity function λt−1 [consistent with Equation (8)] is pro-
portional to the conditional volatility of st . They choose λt−1 by imposing
the conditions that the riskfree rate is constant and habit is predetermined
at the steady state s = s̄ and moves nonnegatively with contemporaneous
consumption elsewhere. The resulting choice of λt−1 is negatively related to
st−1, similar to what Equation (11) predicts for the linear habit model, where
habit depends only on past consumption and St is mean reverting. In a mod-
ification to CC (1999), I assume that consumption growth is described by an
AR(1), as in the linear habit model. As in CC (1999), I choose the curvature
parameter γ = 2 in the calculation of the steady-state value of st . With st
starting at the steady state s̄, I use the actual consumption series to compute

3 Equation (5) implies
∂St

∂Ct

= Xt−1

C2
t

= Xt−1/Ct

Ct

= 1 − St

Ct

.

Thus
∂st

∂ct
= ∂ ln St

∂ lnCt

= Ct∂St

St ∂Ct

= 1 − St

St

= 1

St

− 1.
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st and λt−1 recursively. A detailed description of st and λt−1 for the nonlinear
model is also given in Appendix A.

2. The Data

2.1 Asset returns and consumption
Monthly and quarterly returns are used for the value-weighted (VW) and
equally weighted (EW) portfolios of all stocks traded on the New York Stock
Exchange (NYSE), a long-term corporate bond portfolio (CB), and a long-
term government bond portfolio (GB). Monthly excess returns are returns
with continuous compounding in excess of the beginning-of-the-month rate
of the Treasury bill that is closest to 1 month to maturity. These data are from
the Center for Research in Securities Prices (CRSP) from the University of
Chicago. Quarterly excess returns are constructed by summing the monthly
returns.

The monthly and quarterly data series for consumption are per capita,
seasonally adjusted real consumption expenditures on nondurables and ser-
vices. The seasonally adjusted real consumption expenditures are deflated by
U.S. resident population data to obtain per capita consumption expenditures.
The consumption expenditures and population data are available from the
Citibank database (CITIBASE). The monthly consumption series covers the
period from January 1959 to December 1995, while the quarterly consump-
tion series starts in January 1947 and ends in December 1995.

In additional to the monthly and quarterly data, I examine a century-long
annual dataset of the S&P 500 stock index, along with per capita real con-
sumption (1889–1992) from Campbell (1996) and CC (1999). The annual
interest rate used to calculate the excess return on this index is the return
from 6-month commercial paper bought in January and rolled over in July,
as in Campbell (1996) and CC (1999). I extend this dataset to the end of
1995.

Empirical evidence indicates that time aggregation affects the volatility
and other time-series properties of consumption data [e.g., Heaton (1993)
and Porter and Wheatley (1999)]. While this article does not address the
issue of time aggregation directly, by comparing the results obtained from
the monthly, quarterly, and annual data of consumption and returns, one can
examine the sensitivity of the results to the sampling frequencies. Ferson
and Harvey (1992, 1993b) find that the seasonality matters in the stud-
ies of the consumption-based asset pricing models under habit formation.
Unlike the results based on the monthly and quarterly data, the analysis based
on the annual data is not affected by the seasonal adjustment procedure for
consumption series. Thus by comparing the results from different sampling
frequencies, one can also examine the robustness of empirical results to the
seasonal adjustment procedure.
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2.2 Information variables
For the monthly and quarterly data, I assume that conditioning information
is captured by the following information variables:4 a constant, the excess
return on the value-weighted portfolios of all NYSE stocks (VW), the excess
return on the 3-month bill (XB3), the yield spread between Moody’s Aaa-
rated bonds and the 1-month Treasury bill rate (YSP), the dividend yield
on the S&P 500 composite stock index (DIV), and the 1-month Treasury
bill rate (TB1). The Aaa and the S&P dividend yield data are obtained from
CITIBASE.5 The rest are provided by the CRSP. For the annual data, the
availability of data limits the information variables to a constant and the div-
idend yield on the S&P 500 composite stock index (DIV).6 The information
variables for each dataset except the constant are beginning-of-period obser-
vations and normalized to have zero means and unit variances to facilitate
the interpretation of the estimated coefficients.

3. Preliminary Results

3.1 Summary statistics
As shown in Table 1, the summary statistics for asset returns and consumption
growth resemble those from earlier studies. The first-order autocorrelations
of the consumption growth rates are −0.25, 0.34, and −0.12 for the monthly,
quarterly, and annual data, respectively, and are statistically significant for the
monthly and quarterly data. Possible explanations for the large variation in
the autocorrelations here include differences in the sample periods between
the datasets and the time aggregation problem. The AR(1) process should be
able to take into account the autocorrelation in consumption data.7

The consumption-based model given by Equation (9) suggests that the
price of risk and expected returns are time varying. Table 1 reports the
adjusted R2s from regressions of excess returns on the information vari-
ables. The predictive power of the information variables for asset returns is
also consistent with earlier studies. Using the monthly data, the adjusted R2s
are 8–12% for the stock portfolios and 5–7% for the bond portfolios. The
quarterly data produce similar adjusted R2s for the stock portfolios, but con-
siderably higher adjusted R2s (8–12%) for the bond portfolios. Finally, the

4 The choice of the information variables follows the literature including Harvey (1989), Ferson and
Constantinides (1991), Ferson and Harvey (1991), and Campbell (1996). The lagged stock return is used
here to capture the time variation in the conditional volatility of returns, in addition to the time variation in
expected returns.

5 The CITIBASE data are monthly averages of daily yield data. As pointed out by Whitelaw (1994), the averaged
data have the advantage of reducing noise and the disadvantage of being slightly stale.

6 I find that the lagged excess return on the S&P 500 stock index and the lagged annual interest rate are
insignificant in forecasting annual stock returns. When these two additional variables are included as infor-
mation variables, the results using annual data are qualitatively similar.

7 It is well known that if the flow of consumption follows an AR(1), the time-aggregated consumption becomes
ARMA(1,1) [see Brewer (1973)]. The results of article will not change in any substantial way if the con-
sumption growth is assumed to be ARMA(1,1)
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Table 1
Summary statistics for asset returns and consumption growth

Mean Std. dev. Autocorrelation Adjusted R2

Monthly data 1964:1–1995:12 (384 observations)

Excess return (%), ri − rf
Value-weighted NYSE index, VW 0.355 4.292 0.049 0.085
Equally-weighted NYSE index, EW 0.529 5.250 0.161 0.118
Long-term corporate bonds, CB 0.114 2.627 0.159 0.070
Long-term government bonds, GB 0.095 2.936 0.059 0.045

Consumption growth (%), ct − ct−1 0.170 0.390 −0.247

Quarterly data 1952:1–1995:12 (176 observations)

Excess return (%), ri − rf
Value-weighted NYSE index, VW 1.511 7.847 0.100 0.084
Equally-weighted NYSE index, EW 1.867 9.899 0.036 0.086
Long-term corporate bonds, CB 0.292 4.645 0.015 0.120
Long-term government bonds, GB 0.203 4.938 −0.037 0.084

Consumption growth (%), ct − ct−1 0.501 0.469 0.339

Annual data 1894–1995 (102 observations)

Excess return (%), ri − rf
S&P 500 stock index 5.029 18.518 0.013 0.053

Consumption growth (%), ct − ct−1 1.736 3.329 −0.117

The monthly and quarterly excess returns ri − rf are for following assets: the value-weighted (VW) and equally weighted (EW)
indexes of all stocks traded on the NYSE, a long-term corporate bond portfolio (CB), and a long-term government bond portfolio
(GB). Monthly returns with continuous compounding are in excess of the beginning-of-the-month rate of the Treasury bill that
is closest to 1 month to maturity. Quarterly excess returns are constructed by summing monthly excess returns. ct − ct−1 is the
change in the log of per capita, seasonally adjusted real consumption of nondurables plus services. The adjusted R2 is from
regressing each asset’s excess return on the following information variables: a constant, the excess return on the value-weighted
NYSE index (XVW), the return for holding a 90-day bill for 1 month less the 1-month Treasury bill rate (XB3), the yield on
Moody’s Aaa-rated bonds less the 1-month Treasury bill rate (YSP), the dividend yield on the S&P 500 stock index (DIV),
and the 1-month Treasury bill rate (TB1). The annual excess return ri − rf is for the S&P 500 stock index with continuous

compounding in excess of the return on commercial paper bought in January and rolled over in July. The adjusted R2 for annual
data is from regressing each asset’s excess return on the following information variables: a constant and the dividend yield on
the S&P 500 stock index (DIV). All information variables are beginning-of-period values.

regression of the annual stock return on the S&P dividend yield produces an
adjusted R2 of 5.3%, similar to the findings of Campbell and Shiller (1988),
Fama and French (1988), and Hodrick (1992). The lower R2 from the annual
data is partly due to the use of the dividend yield as the single forecast-
ing variable. According to the result in Forster, Smith, and Whaley (1997,
Table 1, p. 598), the values of R2s together with the sample size (e.g., 384
observations for the monthly data) suggest that the predictability of returns
is unlikely the result of data mining.

Table 2 presents summary statistics for the surplus consumption ratio. For
the linear habit model, I consider durations of 1 quarter, 1 year, 3 years,
and 5 years along with the persistence parameter ϕ = 0.75, 0.99, 0.9999.
For each decision interval, the mean and standard deviation of the surplus
consumption ratio increase with the duration and persistence of habit. In
particular, for the monthly and quarterly data, the results from the linear
habit model indicate that between 2% and 7% of consumption is in excess
of habit, whereas between 17% and 20% of consumption is in excess of
habit for the annual data. The first-order autocorrelation of the log surplus
consumption ratio st exhibits a similar monotonic pattern and approaches the
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persistence parameter as the habit duration increases. For the annual data,
the nonlinear models are not well defined with ϕ = 0.9999 since S̄ > 1. In
other cases, the nonlinear models produce summary statistics similar to the
5-year linear model. Notice that the unconditional autocorrelation of st here
is different from the persistence parameter ϕ because st is heterocedastic and
calculated from a finite sample.

The time-series patterns of the sensitivity functions λt implied by the vari-
ous habit models are illustrated in Figures 1 and 2, based on the quarterly and
the annual consumption data, respectively. The plot using the monthly data
is not shown since it is similar to what the quarterly data produce. The solid,
short, and long dashed lines in each figure are for the 5-year linear model,
the nonlinear model of CC (1999), and a modified model of CC (1999),
respectively. The persistence parameter for each model takes the value of
ϕ = 0.99. As described in Sections 1.3 and 1.4, in the CC (1999) model,

Table 2
Summary statistics for surplus consumption ratio

Habit in the linear model is assumed to last for
Modified

ϕ 1 quarter 1 year 3 years 5 years CC model CC model

Monthly data

Mean (%)

0.75 2.301 2.600 2.665 2.665 1.272 1.149
0.99 2.332 3.062 4.882 6.519 6.512 5.993
0.9999 2.333 3.082 5.059 7.001 57.94 27.13

Std. Dev. (%)

0.75 0.396 0.534 0.558 0.558 0.498 0.535
0.99 0.413 0.803 1.545 1.975 2.128 2.454
0.9999 0.414 0.815 1.623 2.138 1.130 1.438

First-order autocorrelation st = log(St )

0.75 0.390 0.715 0.745 0.746 0.790 0.870
0.99 0.483 0.890 0.967 0.980 0.983 0.985
0.9999 0.486 0.893 0.970 0.992 0.976 0.980

Quarterly data

Mean (%)

0.75 2.495 2.788 2.852 2.852 0.983 1.104
0.99 2.495 3.211 4.929 6.571 4.473 4.559
0.9999 2.495 3.229 5.161 7.036 43.27 40.46

Std. dev. (%)

0.75 0.487 0.613 0.631 0.631 0.548 0.565
0.99 0.487 0.841 1.428 1.768 1.704 1.268
0.9999 0.487 0.851 1.492 1.902 2.045 1.507

First-order autocorrelation st = log(St )

0.75 0.235 0.422 0.438 0.438 0.656 0.370
0.99 0.235 0.593 0.771 0.790 0.954 0.933
0.9999 0.235 0.599 0.782 0.803 0.984 0.978
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Table 2
(continued)

Habit in the linear model is assumed to last for
Modified

ϕ 1 quarter 1 year 3 years 5 years CC model CC model

Annual data

Mean (%)

0.75 17.40 17.45 17.45 6.788 6.222
0.99 17.40 18.66 19.79 15.78 15.52
0.9999 17.40 18.77 20.11 NA NA

Std. dev. (%)

0.75 2.738 2.731 2.731 9.322 6.973
0.99 2.738 3.255 3.766 3.854 4.095
0.9999 2.738 3.340 3.976 NA NA

First-order autocorrelation st = log(St )

0.75 −0.035 0.003 0.003 0.085 0.224
0.99 −0.035 0.589 0.725 0.817 0.843
0.9999 −0.035 0.605 0.748 NA NA

The surplus consumption ratio is St = 1− (Xt−1/Ct ), where Xt−1 is the level of habit and Ct is per capita, seasonally adjusted
real consumption of nondurables plus services. The habit level Xt−1 in the linear habit model is a weighted average of past
consumption with weights declining at a monthly rate of ϕ:

Xt−1 = α

(
1 − ϕm

1 − ϕJm

) J∑
j=1

ϕ(j−1)mCt−j ,

where α = 0.98 for monthly and quarterly data and α = 0.84 for annual data. The integer m takes the value of 1, 4, and 12 for
monthly, quarterly, and annual data. The nonlinear models include the Campbell and Cochrane (1999) model, where consumption
growth is i.i.d., and the modified Campbell and Cochrane model, where consumption growth follows a homoscedastic AR(1)
process.

consumption growth is i.i.d., while in the linear model and modified CC
(1999) model, consumption growth follows an AR(1) process. The mean,
standard deviation, and autocorrelation of consumption growth reported in
Table 1 are assumed to be given. In this way, the sensitivity function for
each habit model is calculated from the history of consumption data only.

The sensitivity functions generally increase during recessions (the shaded
area), for example, 1973–1975, 1981–1982, 1990–1991, but decrease during
some of the expansions. Dramatic increases in the sensitivity functions are
observed during the Great Depression (1929–1933). CC (1999) acknowledge
that the worst performance of their nonlinear model in fitting the price:
dividend ratio occurs in the last few years, which is also evident in Figure 1,
where the sensitivity function from their model keeps rising during this most
recent cyclical expansion. In contrast, the linear model produces a consis-
tent and negative relation between the sensitivity and the stage of the busi-
ness cycle, including this period. This suggests that the poor performance
of the CC (1999) model in the 1990s is more likely due to the particular
specification of their model rather than to the consumption measurement
problems suggested by CC (1999).

In the rest of the analysis, the results from the CC (1999) model with
i.i.d. consumption growth and the modified model with an AR(1) process are
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Figure 1
The sensitivity of surplus consumption to consumption: quarterly data
The solid, short, and long dashed lines are the quarterly values of the sensitivity of surplus consumption
to consumption from the 5-year linear habit model, the nonlinear model of Campbell and Cochrane (1999),
and a modified model of Campbell and Cochrane (1999), respectively. The sensitivity from each model is
calculated from the history of consumption data only. In the nonlinear model of Campbell and Cochrane
(1999), consumption growth is i.i.d. In the 5-year linear habit model and the modified model of Campbell and
Cochrane (1999), consumption growth follows a homoscedastic AR(1) process. The persistence parameter is
ϕ = 0.99. The shaded areas indicate recessions.

similar. Since the analysis of the modified model employs the same AR(1)
process for consumption growth as the linear model, I will only report the
results from the modified model and compare them with the results of esti-
mating the linear model.

3.2 Covariance of returns with consumption
The consumption-based model suggests that the expected excess return on
an asset is related to its conditional covariance with consumption. I begin
with an analysis of the time-series properties of the covariance to examine
whether the time-varying expected return is attributed to the covariance. It is
known that the covariance of the return on each asset with consumption
can be written as the consumption beta of the asset times the consump-
tion volatility. Alternatively, the covariance can be expressed as the volatility
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Figure 2
The sensitivity of surplus consumption to consumption: annual data
The solid short, and long dashed lines are the annual values of the sensitivity of surplus consumption to
consumption from the 5-year linear habit model, the nonlinear model of Campbell and Cochrane (1999),
and a modified model of Campbell and Cochrane (1999), respectively. The sensitivity from each model is
calculated from the history of consumption data only. In the nonlinear model of Campbell and Cochrane
(1999), consumption growth is i.i.d. In the 5-year linear habit model and the modified model of Campbell and
Cochrane (1999), consumption growth follows a homoscedastic AR(1) process. The persistence parameter is
ϕ = 0.99. The shaded areas indicate recessions.

of the return on the asset times the asset’s reverse consumption beta from
regressing consumption on the return.

I find no evidence that the covariance, the consumption volatility, the con-
sumption beta, or the reverse consumption beta for each asset is related
to the information variables at the 10% or higher significance levels (see
Appendix B for detail). This is largely consistent with the previous evidence
that the covariance of returns with consumption is too smooth to match the
time-varying expected returns [e.g., Ferson and Harvey (1993b)]. The results
suggest that one should focus on the time-varying price of risk as an expla-
nation of time-varying expected returns.

4. The Methodology and Empirical Results

In this section I use the consumption-based model with habit formation given
by Equation (9) to study the relation between expected returns and the surplus
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consumption ratio. Based on the preliminary results reported earlier, I make
the following assumption:

Assumption 1. The conditional covariance of returns with consumption
covt−1 (rit , ct ) is positive and constant through time.

Under Assumption 1, an unrestricted version of the model in Equation (9)
is given by the following:

Et−1[rit ] − rf, t−1 = −(1/2)σ 2
i, t−1 + αi, t−1 + βi(λt−1 − λ̄), (12)

where αi, t−1 is the Jensen’s alpha for asset i and βi = γ covt−1(rit , ct ) > 0
represents the constant regression beta on λt−1.

The term βi(λt−1 − λ̄) in Equation (12) represents the part of the expected
return on each asset that is explained by λt−1 implied by each habit model.
The term αi, t−1 captures the part of the expected return that is not explained
by λt−1. If the functional form of αi, t−1 is assumed to be linear in a vector of
information variables, Zt−1, the resulting αi, t−1 and the explanatory variable,
λt−1, measured from consumption data using one of the habit models, will
be correlated.8 To let αi, t−1 capture the unexplained part of the time-varying
expected return that is orthogonal to λt−1, I first regress Zt−1 except the
constant on λt−1 to obtain the residual vector Zo

t−1, and then assume αi, t−1 is
linear in Zo

t−1:

αi, t−1 = ᾱi + aiZ
o
t−1. (13)

To gain some insight into the relation between the volatility and λt−1, I
assume that the return volatility is

σ 2
i, t−1 = σ̄ 2

i + d′
iZ

o
t−1 + di, λ(λt−1 − λ̄). (14)

In Equation (12), the (variance-adjusted) total expected return on asset i
is αi, t−1 + βi(λt−1 − λ̄), with variance

var(αi, t−1 + βiλt−1) = var(αi, t−1) + var(βiλt−1), (15)

because cov(αi, t−1, λt−1) = a′
icov(Zo

t−1, λt−1) = 0. This implies that the frac-
tion of the variation in [αi, t−1 + βi(λt−1 − λ̄)] that is explained by λt−1 is

VRi = var(βiλt−1)

var(αi, t−1) + var(βiλt−1)
= var(βiλt−1)

var(a′
iZ

o
t−1) + var(βiλt−1)

. (16)

This variance ratio is bounded between zero and one as a result of the orthog-
onal decomposition of the total expected returns. Using Equation (12) and

8 For long-horizon habit models, λt−1 is found to be correlated with several information variables, including
YSP and DIV.
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the auxiliary assumptions in Equations (13) and (14), I estimate this variance
ratio VRi in Equation (16) by using the following disturbance terms:

uit = rit − rf, t−1 + [σ̄ 2
i + d′

iZ
o
t−1 + dλ(λt−1 − λ̄)]/2

− [ᾱi + ai
′Zo

t−1 + βi(λt−1 − λ̄)], (17)

vit = u2
it − σ̄ 2

i − d′
iZ

o
t−1 − di, λ(λt−1 − λ̄), (18)

uivt = [ai
′Zo

t + βi(λt − λ̄)]2(VRi ) − β2
i (λt − λ̄)2. (19)

Here the first two disturbance terms have means of zero and are orthogonal to
Zo
t−1 and λt−1, while the last term has a mean of zero. The system is exactly

identified and is estimated by using the generalized method of moments
(GMM) of Hansen (1982). Since the last disturbance term is found to be
autocorrelated, I use the Newey and West (1987b) procedure to calculate the
weighting matrix for the GMM criterion function.

Table 3 reports the results of estimating the system with the monthly data
and Table 4 summaries the results obtained from the quarterly and annual
data. The column “MCC” refers to the nonlinear, modified CC (1999) model
where consumption growth follows an AR(1) process. The other columns
report the results of estimating the linear habit model, where habit is assumed
to last for 1 quarter, 1 year, 3 years, or 5 years. For each dataset, the results
of estimating βi and VRi in panel A of Tables 3 and 4 indicate that the
performance of the linear habit model for expected returns tends to improve
as the duration or persistence of habit formation increases. For 3- and 5-year
linear models and the nonlinear model with ϕ ≥ 0.99, the point estimates
of βi for most portfolios assuming the monthly, quarterly, or annual decision
interval are positive and significant at the 5% or 10% level, which is consis-
tent with a positive relation between the expected returns and the sensitivity
function, λt−1, or an inverse relation between the expected returns and the
surplus consumption ratio.

A close examination reveals some difference in the explanatory power
of the habit models obtained from alternative datasets. Consider the 3- and
5-year linear habit models with ϕ ≥ 0.99. For the monthly data, habit per-
sistence explains no more than 5% of time variation in expected returns on
stocks, but up to 20% of time variation in expected returns on bonds. While
the findings for bonds are similar using the monthly and the quarterly data,
the explanatory power of the habit models for each stock portfolio is substan-
tially higher using the quarterly and annual data. In particular, for each stock
portfolio, the variance ratio is less than 5% with the monthly data, but up to
23% with the quarterly data and 22% with the annual data. The results of
estimating the nonlinear model also show increases in the variance ratios for
each stock portfolio when the monthly data are replaced with the quarterly
or annual data. For example, for the stock portfolio VW, the variance ratio
from the quarterly data reaches 22% with a standard error of 12, whereas

875



The Review of Financial Studies / v 14 n 3 2001

Ta
bl

e
3

E
st

im
at

io
n

of
th

e
re

la
ti

on
be

tw
ee

n
ex

pe
ct

ed
re

tu
rn

s
an

d
th

e
se

ns
it

iv
it

y
of

su
rp

lu
s

co
ns

um
pt

io
n

to
co

ns
um

pt
io

n:
m

on
th

ly
da

ta
19

64
:1

–1
99

5:
12

β
t

V
R

t

ϕ
A

ss
et

1
qu

ar
te

r
1

ye
ar

3
ye

ar
s

5
ye

ar
s

M
C

C
1

qu
ar

te
r

1
ye

ar
3

ye
ar

s
5

ye
ar

s
M

C
C

Pa
ne

lA
.

E
st

im
at

io
n

re
su

lts
fo

r
β
t

an
d

V
R

t

0.
75

V
W

2.
42

20
2.

98
02

3.
10

14
3.

10
17

0.
35

05
0.

00
24

0.
01

62
0.

01
91

0.
01

91
0.

02
26

(6
.5

22
)

(2
.6

21
)

(2
.5

43
)

(2
.5

43
)

(0
.3

11
)

(0
.0

13
)

(0
.0

29
)

(0
.0

31
)

(0
.0

31
)

(0
.0

41
)

E
W

2.
50

34
5.

37
99

5.
55

35
5.

55
39

0.
46

08
0.

00
13

0.
02

71
0.

03
14

0.
03

14
0.

01
97

(9
.2

13
)

(3
.6

93
)

(3
.6

12
)

(3
.6

13
)

(0
.4

07
)

(0
.0

10
)

(0
.0

37
)

(0
.0

40
)

(0
.0

40
)

(0
.0

35
)

C
B

9.
04

55
3.

45
00

3.
28

01
3.

28
11

0.
45

73
0.

09
94

0.
06

71
0.

06
63

0.
06

63
0.

11
30

(3
.9

06
)∗

∗
(2
.0

24
)∗

(1
.9

57
)∗

(1
.9

57
)∗

(0
.2

13
)∗

∗
(0
.0

81
)

(0
.0

77
)

(0
.0

77
)

(0
.0

77
)

(0
.1

02
)

G
B

10
.8

15
4.

01
13

3.
78

48
3.

78
58

0.
49

58
0.

15
53

0.
10

08
0.

09
82

0.
09

82
0.

14
95

(4
.3

66
)∗

∗
(2
.1

73
)∗

(2
.1

02
)∗

(2
.1

02
)∗

(0
.2

34
)∗

∗
(0
.1

16
)

(0
.1

05
)

(0
.1

05
)

(0
.1

05
)

(0
.1

35
)

0.
99

V
W

2.
26

69
2.

24
69

2.
55

84
3.

36
42

3.
41

23
0.

00
35

0.
02

56
0.

03
18

0.
02

39
0.

06
48

(5
.0

12
)

(1
.5

07
)

(1
.4

94
)∗

(2
.3

03
)

(1
.4

64
)∗

∗
(0
.0

15
)

(0
.0

35
)

(0
.0

37
)

(0
.0

32
)

(0
.0

53
)

E
W

2.
70

70
4.

13
94

4.
41

51
5.

56
53

3.
13

06
0.

00
26

0.
04

45
0.

04
81

0.
03

36
0.

02
76

(7
.1

31
)

(2
.0

88
)∗

∗
(2
.0

59
)∗

∗
(3
.0

29
)∗

(1
.9

33
)∗

(0
.0

13
)

(0
.0

45
)

(0
.0

42
)

(0
.0

35
)

(0
.0

33
)

C
B

7.
14

33
1.

11
38

2.
53

58
5.

03
64

3.
68

56
0.

10
34

0.
01

96
0.

09
78

0.
16

64
0.

23
63

(3
.0

27
)∗

∗
(1
.1

36
)

(1
.2

19
)∗

∗
(1
.8

61
)∗

∗
(1
.0

79
)∗

∗
(0
.0

82
)

(0
.0

40
)

(0
.0

88
)

(0
.1

07
)

(0
.1

14
)∗

∗

G
B

8.
55

06
1.

32
38

2.
62

99
5.

06
29

3.
95

08
0.

16
17

0.
03

11
0.

11
77

0.
18

81
0.

30
22

(3
.3

81
)∗

∗
(1
.2

09
)

(1
.3

45
)∗

(2
.0

41
)∗

∗
(1
.2

30
)∗

∗
(0
.1

17
)

(0
.0

57
)

(0
.1

13
)

(0
.1

34
)

(0
.1

53
)∗

∗

0.
99

99
V

W
2.

27
38

2.
29

27
2.

49
54

3.
51

61
7.

13
36

a
0.

00
36

0.
02

80
0.

03
02

0.
02

32
0.

06
90

(4
.9

70
)

(1
.4

55
)

(1
.4

80
)∗

(2
.4

51
)

(2
.7

09
)∗

∗
(0
.0

16
)

(0
.0

36
)

(0
.0

36
)

(0
.0

32
)

(0
.0

51
)

E
W

2.
73

58
4.

16
87

4.
32

33
5.

75
32

7.
97

95
a

0.
00

27
0.

04
75

0.
04

61
0.

03
21

0.
04

36
(7
.0

76
)

(2
.0

16
)∗

∗
(2
.0

40
)∗

∗
(3
.1

86
)∗

(3
.5

51
)∗

∗
(0
.0

14
)

(0
.0

46
)

(0
.0

41
)

(0
.0

34
)

(0
.0

37
)

C
B

7.
09

48
0.

95
59

2.
60

34
5.

45
12

5.
54

93
a

0.
10

36
0.

01
52

0.
10

29
0.

17
38

0.
12

33
(3
.0

03
)∗

∗
(1
.1

12
)

(1
.2

26
)∗

∗
(1
.9

58
)∗

∗
(2
.0

25
)∗

∗
(0
.0

82
)

(0
.0

36
)

(0
.0

90
)

(0
.1

08
)

(0
.0

79
)

G
B

8.
49

01
1.

15
18

2.
69

63
5.

44
79

6.
19

84
a

0.
16

20
0.

02
48

0.
12

35
0.

19
41

0.
16

67
(3
.3

54
)∗

∗
(1
.1

80
)

(1
.3

50
)∗

∗
(2
.1

50
)∗

∗
(2
.2

95
)∗

∗
(0
.1

17
)

(0
.0

51
)

(0
.1

15
)

(0
.1

34
)

(0
.1

07
)

876



Expected Returns and Habit Persistence

ϕ
A

ss
et

1
qu

ar
te

r
1

ye
ar

3
ye

ar
s

5
ye

ar
s

M
C

C

Pa
ne

l
B

.
E

st
im

at
io

n
re

su
lts

fo
r
d
tλ

0.
75

V
W

1.
22

76
0.

60
73

0.
56

75
0.

56
74

0.
05

59
(0
.4

01
)∗

∗
(0
.1

31
)∗

∗
(0
.1

25
)∗

∗
(0
.1

25
)∗

∗
(0
.0

15
)∗

∗

E
W

2.
15

57
1.

13
66

1.
02

96
1.

02
94

0.
08

58
(0
.8

72
)∗

∗
(0
.3

30
)∗

∗
(0
.3

21
)∗

∗
(0
.3

21
)∗

∗
(0
.0

37
)∗

∗

C
B

0.
69

42
0.

50
83

0.
49

74
0.

49
74

0.
04

20
(0
.1

87
)∗

∗
(0
.1

01
)∗

∗
(0
.0

97
)∗

∗
(0
.0

98
)∗

∗
(0
.0

10
)∗

∗

G
B

0.
81

86
0.

48
57

0.
46

42
0.

46
42

0.
03

71
(0
.2

34
)∗

∗
(0
.1

24
)∗

∗
(0
.1

21
)∗

∗
(0
.1

21
)∗

∗
(0
.0

13
)∗

∗

0.
99

V
W

0.
93

27
0.

28
39

0.
09

76
−0

.1
27

1
−0

.1
77

0
(0
.3

06
)∗

∗
(0
.0

80
)∗

∗
(0
.0

82
)

(0
.1

23
)

(0
.0

72
)∗

∗

E
W

1.
66

48
0.

49
01

0.
05

23
−0

.4
12

0
−0

.5
28

3
(0
.6

70
)∗

∗
(0
.1

87
)∗

∗
(0
.1

73
)

(0
.2

26
)∗

(0
.1

37
)∗

∗

C
B

0.
54

48
0.

26
64

0.
26

46
0.

31
24

0.
12

12
(0
.1

46
)∗

∗
(0
.0

56
)∗

∗
(0
.0

68
)∗

∗
(0
.1

02
)∗

∗
(0
.0

47
)∗

∗

G
B

0.
63

18
0.

23
27

0.
22

26
0.

25
34

0.
12

86
(0
.1

81
)∗

∗
(0
.0

70
)∗

∗
(0
.0

86
)∗

∗
(0
.1

28
)∗

∗
(0
.0

61
)∗

∗

0.
99

99
V

W
0.

92
48

0.
27

12
0.

08
22

−0
.1

91
6

−0
.9

18
1a

(0
.3

04
)∗

∗
(0
.0

78
)∗

∗
(0
.0

81
)

(0
.1

30
)

(0
.1

48
)∗

∗

E
W

1.
65

36
0.

46
63

0.
02

17
−0

.5
26

6
−1

.7
30

1a

(0
.6

65
)∗

∗
(0
.1

81
)∗

∗
(0
.1

70
)

(0
.2

31
)∗

∗
(0
.3

20
)∗

∗

C
B

0.
74

08
0.

25
77

0.
26

09
0.

30
71

−0
.1

69
1a

(0
.1

44
)∗

∗
(0
.0

54
)∗

∗
(0
.0

67
)∗

∗
(0
.1

08
)∗

∗
(0
.0

81
)∗

∗

G
B

0.
62

66
0.

22
52

0.
22

01
0.

24
63

−0
.1

82
7a

(0
.1

80
)∗

∗
(0
.0

67
)∗

∗
(0
.0

84
)∗

∗
(0
.1

36
)∗

(0
.1

02
)∗

T
he

fo
llo

w
in

g
sy

st
em

is
es

tim
at

ed
jo

in
tly

: D
is

tu
rb

an
ce

te
rm

O
rt

ho
go

na
l

to

u
it

=
r i
t
−

r f
,
t−

1
+

[σ̄
2 i

+
d′ i

Z
o t−

1
+

d
λ
(λ

t−
1

−
λ̄
)]
/
2

−
[ᾱ
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the variance ratio from the monthly data is only 6.5% with a standard error
of 5.3. The variance ratios obtained from the annual data (for the S&P 500
index) are also higher than those from the monthly data (for the stock port-
folio VW). In particular, the variance ratio implied by the nonlinear model
with ϕ = 0.99 is 25%. However, the estimates with the annual data here are
not as precise as with the quarterly data. The similarity in the performance
based on the quarterly and annual data indicates that the results are robust to
time aggregation and seasonal adjustment procedure for consumption data.
The better performance of the habit models obtained from the quarterly and
annual data than the monthly data may be attributed to the difference in
the sample periods used in the analysis, as business-cycle effects are better
detected in longer sample periods.

The point estimates of di, λ for the conditional variances of the monthly,
quarterly, and annual returns are given in the panel B of Tables 3 and 4. First
consider the 5-year linear model for the stock portfolios. With the persistence
level ϕ = 0.75, the point estimates are positive but only significant at the
5% or 10% level for the monthly data. When ϕ is increased to 0.99 and
higher, the point estimates of di, λ are significantly negative for the equal-
weighted stock portfolio using the monthly data and the equal-weighted and
the value-weighted stock portfolios using the quarterly data, while the coef-
ficient di, λ is imprecisely estimated in most cases using the annual data. The
point estimates for bond portfolios remain positive for all values of ϕ and in
some cases are significantly different from zero. Finally, the results for the
nonlinear model are qualitatively similar to the 5-year linear model, except
that the coefficient di, λ is negative and significant at the 5% level even for
the value-weighted portfolio in the monthly data (ϕ = 0.99) and the S&P
500 index in the annual data (ϕ = 0.75).

The evidence on the negative relation between the conditional variance of
stock returns and the sensitivity function λt−1 implies that the conditional
volatility of stock returns is positively related to the surplus consumption
ratio, in contradiction to the countercyclical volatility produced by CC (1999)
using simulated data. Since expected returns are inversely related to the sur-
plus consumption ratio, expected returns and volatility move with the surplus
consumption ratio in opposite directions. Thus the negative relation between
expected returns and the volatility in the stock market documented in the
literature [e.g., Campbell (1987), Glosten, Jagannathan, and Runkle (1993),
and Whitelaw (1994)] can be partly attributed to time-varying surplus con-
sumption. In the next section I show that this can be further explained by
time-varying reward:volatility ratios.

Figures 3 and 4 illustrate the results based on the quarterly data for the
stock portfolio VW and the bond portfolio CB, respectively. Figure 5 dis-
plays the results based on the annual data. The solid lines are the (variance-
adjusted) total expected returns, ᾱi + ai

′Zo
t−1 + βi(λt−1 − λ̄), implied by the

parameter estimates in Tables 3 and 4. For a given portfolio, these total
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Figure 3
The expected excess return on the value-weighted stock portfolio
The solid line is the total quarterly value of the (variance-adjusted) expected excess return on the value-
weighted stock portfolio VW. The short and long dashed lines are the components of the expected excess
returns that are explained by the 5-year habit model and the modified model of Campbell and Cochrane
(1999). In each model consumption growth follows a homoscedastic AR(1) process. The persistence parameter
is ϕ = 0.99. The shaded areas indicate recessions.

expected returns are virtually the same for all habit models because the
expected returns that are not related to the sensitivity functions λt−1 are cap-
tured by the other information variables. The short-and long-dashed lines for
each portfolio are components of expected returns, ᾱi +βi(λt−1 − λ̄), that are
explained by the 5-year linear model and the nonlinear model, respectively.
Overall the linear and nonlinear models produce remarkably similar coun-
tercyclical patterns in expected returns except for the last few years of the
sample. Consistent with the results about the sensitivity functions reported
in Figure 1, Figures 3 and 4 show that the 5-year linear model produces a
better fit of the countercyclical pattern in expected returns than the nonlinear
model of CC (1999) in the 1990s. However, a large part of the predictable
variation in expected returns remains unexplained by the habit models. For
example, during the early 1980s, extreme movements in the total expected
return for the stock portfolio VW are observed, mostly due to the highly
volatile short-term interest rate variables TB1 and XB3 in this period. These
extreme movements are not fully explained by the habit models.
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Figure 4
The expected excess return on the corporate bond portfolio
The solid line is the quarterly value of the (variance-adjusted) total expected excess return on the bond
portfolio CB. The short and long dashed lines are the components of the expected excess returns that are
explained by the 5-year habit model and the modified model of Campbell and Cochrane (1999). In each
model consumption growth follows a homoscedastic AR(1) process. The persistence parameter is ϕ = 0.99.
The shaded areas indicate recessions.

5. Robustness

5.1 Reward:volatility ratios and the surplus consumption ratio
The empirical analysis of the relation between expected returns and the sur-
plus consumption ratio has been based on the hypothesis that the condi-
tional covariance of returns with consumption is constant. While the results
in Section 3.2 are largely consistent with this hypothesis, the failure to reject
this hypothesis may be attributed to the lack of power or specification errors.
Therefore it is important to examine the relation between expected returns
and the surplus consumption ratio under an alternative specification. In this
section, I replace Assumption 1 with the following assumption:

Assumption 2. The reverse consumption beta is positive and constant
through time, βr

i, t−1 ≡ βr
i .

Assumption 2 is consistent with the preliminary results reported earlier on
the reverse consumption beta and allows the conditional covariance of returns
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Figure 5
The expected excess return on the S&P 500 index
The solid line is the annual value of the (variance-adjusted) total expected excess return on the S&P 500 index.
The short and long dashed lines are the components of the expected excess returns that are explained by the
5-year habit model and the modified model of Campbell and Cochrane (1999). In each model consumption
growth follows a homoscedastic AR(1) process. The persistence parameter is ϕ = 0.99. The shaded areas
indicate recessions.

with consumption to vary with the return volatility. Under this assumption,
the covariance-based asset pricing model given by Equation (9) is trans-
formed into the following:

Et−1[rit ] − rf, t−1 = −(1/2)σ 2
i, t−1 + [γ (1 + λt−1)]β

r
i σ

2
i, t−1. (20)

Here the reverse consumption beta, βr
i , and return volatility, σ 2

i, t−1, are asset
specific, but the sensitivity function, λt−1, is common for all assets. In this
way, time variation in expected excess returns is attributable to time-varying
volatility of returns and the time-varying sensitivity function. But the time
variation in the ratio of the expected excess return on each asset to its condi-
tional variance, or the reward:volatility ratio for each asset depends only on
the time-varying sensitivity function.

I construct tests to assess the portion of time variation in the reward:
volatility ratio that is explained by the sensitivity function λt−1. For this
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purpose, consider an unrestricted version of the model in Equation (20) given
by the following:

Et−1[rit ] − rf, t−1 = −(1/2)σ 2
i, t−1 + %i, t−1σ

2
i, t−1. (21)

Here %i, t−1 is the unrestricted reward-to-volatility ratio for asset i. Equa-
tion (20) implies

%i, t−1 = γ (1 + λt−1)β
r
i . (22)

Consider a hypothetical time-series regression for each asset:

%i, t−1 = �% + βi(λt−1 − λ̄) + εi, t−1. (23)

Here βi = γβr
i > 0 is a constant. �% > 0 and λ̄ > 0 are unconditional

means of %i, t−1 and λt−1, respectively. The error term εi, t−1 represents the
component of %i, t−1 that is unexplained by the habit model. The coefficient
of determination, R2, for the regression is

VRi ≡ β2
i σ

2
λ

σ 2
%

. (24)

The variance ratio VRi here measures the fraction of time variation in the
reward:volatility ratio, %i, t−1, that is explained by λt−1.

Let %i, t−1 = q′
iZt−1 and σ 2

i, t−1 = d′
iZt−1, where Z is a vector of information

variables, including a constant. I define the following disturbance terms to
estimate the coefficient βi and the variance ratio VRi :

uit = rit − rf, t−1 + (d′
iZt−1)/2 − (q′

iZt−1)(d
′
iZt−1), (25)

vit = u2
it − d′

iZt−1, (26)

uiqt = [(q′
iZt − q̄i) − βi(λt − λ̄)](λt − λ̄), (27)

uivt = (q′
iZt − q̄i)

2(VRi ) − β2
i (λt − λ̄)2. (28)

The first two disturbance terms are orthogonal to the vector Z and are used to
identify d and q. The last two disturbance terms follow from the definitions
of βi and VRi given by Equations (23) and (24), respectively. Here q̄i is
the unconditional mean of q′

iZt−1. Since all information variables except the
constant are mean adjusted, q̄i should be the first element of qi and positive.
By estimating the exactly identified system given by Equations (25)–(28)
jointly using the GMM of Hansen (1982), I obtain consistent estimates of
the standard errors of βi and more importantly, VRi .

Table 5 reports the results of estimating the system with the monthly data
while Table 6 summarizes the results from the quarterly and annual data.
The estimated coefficients for the reward:volatility ratios associated with the
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estimation of the 5-year habit model with ϕ = 0.99 are displayed in panel A
of Tables 5 and 6. These coefficients and the standard errors are insensitive to
the choice of the habit models. The chi-squared statistics based on the Wald
test [see Newey and West (1987a)] with five degrees of freedom are for
testing that the coefficients for a given portfolio on all information variables
except the constant are zero. At the 5% significance level, the results suggest
that the average reward:volatility ratio, q̄i , for each stock portfolio is positive
and the reward:volatility ratio for each portfolio varies with the information
variables.

When the relation between the expected return on the stock market and
the volatility of returns is assumed to be fixed, Campbell (1987), Glosten,
Jagannathan, and Runkle (1993), and Whitelaw (1994) have found this fixed
coefficient to be negative or insignificant. Since the true reward:volatility
ratio is time varying, the estimated relations in these earlier studies could
be biased due to a missing-variables problem. A similar point is made by
Scruggs (1998), who studies the relation between the expected return and
volatility of the market using a two-factor approach, similar to Li (1998a).

The estimated coefficients βi and VRi are given in panel B of Tables 5
and 6. Similar to the results for the expected returns reported in Tables 3
and 4, the performance of the habit models improves with the duration and
the persistence level of habit. Consider the results for the 5-year model with
ϕ = 0.99. The estimates of βi from each dataset are positive and sig-
nificant at the 5% or the 10% level, consistent with the positive relation
between the reward:volatility ratio and the sensitivity function, or the inverse
relation between the reward-to-volatility ratio and the surplus consumption
ratio. Together with the evidence on the negative relation between expected
returns and the surplus consumption ratio and the positive relation between
the volatility of returns and the surplus consumption ratio for each stock
portfolio, the finding here is consistent with the result in Li (1998b) that
changing reward to volatility explains more predictable variation in expected
returns than the volatility of returns. Decreases in expected returns associated
with increases in the volatility of returns near the peaks of the business cycle
can be explained by the behavior of risk-averse investors who require less
reward to volatility as a result of decreasing risk aversion at these times.

Finally, consider the variance ratios in Tables 5 and 6. While the variance
ratios for the bond portfolios are higher than those for the stock portfolios,
these ratios are less than 20% for all portfolios based on the linear habit
models. The results for the nonlinear model are similar to those for the
5-year linear model, especially when the persistence parameter is ϕ = 0.99.
Thus a large portion of time variation in the reward:volatility ratios, like in
expected returns, is unexplained by the habit models.
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5.2 Expected Returns with Simple Compounding
Since the analysis in the earlier sections is based on returns with contin-
uous compounding, expected returns were analyzed along with the condi-
tional variance of returns. When returns with continuous compounding in
Equations (17)–(19) are replaced with returns with simple compounding,
expected returns can be estimated by omitting the variance term in Equa-
tion (17). Consider the disturbance terms:

uit = Rit − Rf, t−1 − [ᾱi + ai
′Zo

t−1 + βi(λt−1 − λ̄)], (29)

uivt = [ai
′Zo

t + βi(λt − λ̄)]2(VRi ) − β2
i (λt − λ̄)2. (30)

Here each disturbance term has a mean of zero and the first term is orthogonal
to Zo

t−1 and λt−1.
The results of estimating the system using the monthly, quarterly, and

annual data for the case of ϕ = 0.99 are reported in Table 7. The estimated βi

and VRi are qualitatively similar to the corresponding results in Tables 3
and 4. For other choices of the parameter ϕ, the estimation results are also not
affected by using returns with simple compounding and omitting the variance
term in Equation (17). Thus neither the relation between expected returns
and the surplus consumption ratio nor the performance of the habit models
is affected by the introduction of the variance of returns in the analysis of
expected returns, as in the earlier sections.

It has been argued that when the autocorrelation of St is high, the sensitiv-
ity of surplus consumption to consumption, λt−1, should be inversely related
to St−1 [see Equation (11)]. This suggests that for habit models with high
levels of habit persistence, I can use 1/St−1 or its monotonic transformation,
st−1, to replace λt−1 and estimate the relation between expected returns and
st−1 directly. The results of estimating the relation using Equations (29) and
(30) are reported in Table 8, where λt−1 is replaced with st−1. The persistence
parameter is fixed at ϕ = 0.99. For all durations of habit, the estimated values
of the coefficient βi are negative, consistent with the implication of the habit
models that a low surplus consumption ratio should forecast high expected
returns. For the monthly data, the precision of the estimated βi here is lower
than that in Table 7 for stock portfolios, whereas for the quarterly and annual
data, the significance of βi for each portfolio remains largely unchanged.

When the estimated variance ratios reported in Table 8 are compared with
those in Table 7, I find that the explanatory power of the habit models does
not change in any substantial way. The variance ratios estimated from the
quarterly and annual data are larger than those from the monthly data, like the
results in Table 7. For instance, the variance ratios estimated from the 5-year
linear model using monthly and quarterly returns on the value-weighted stock
portfolio VW are 2.3% and 14.4%, respectively. In annual data, the variance
ratio for the S&P 500 index is 27.2%. Once again, the performance of the
nonlinear model of CC (1999) is similar to that of the 5-year linear model.
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For instance, the variance ratios for the portfolio VW or the S&P 500 index
from the nonlinear model are 2.3% using the monthly data, 18.1% using the
quarterly data, and 29.6% using the annual data.

5.3 Changes in regimes
Ferson and Merrick (1987) report evidence on instability in relations between
asset returns and consumption in the post-October 1979 period with a change
in targets employed by the Federal Reserve in the implementation of mone-
tary policy. Evans and Lewis (1994, 1995) show that discrete process shifts
associated with changes in regimes induce the “peso problem,” namely, cor-
relations between forecast errors and conditioning information in studying
the behavior of interest rates. For the models considered here, instability in
the relations between expected returns, the reward:volatility ratios, and the
sensitivity functions may weaken the explanatory power of the habit mod-
els. As an experiment, I include D, and (D)(TB1) as additional informa-
tion variables, where D is the dummy variable indicating the post-October
1979 regime. When the systems in Tables 3–8 are estimated in this way, I
find that the explanatory power of the habit models does not change in any
substantial way.

6. Conclusions

This article uses the consumption-based asset pricing model with habit for-
mation to study the time variation in expected returns on stocks and bonds.
I find that habit models generally imply an inverse relation between expected
returns and surplus consumption. I empirically examine the statistical signifi-
cance of the relation for the linear habit model with alternative levels of habit
persistence and different durations of habit, and the nonlinear, infinite-horizon
habit model of CC (1999). I also estimate the portion of time variation in
expected returns on stocks and bonds that is associated with movements in
surplus consumption implied by each habit model.

Empirical results indicate that the performance of the linear habit model
improves with the duration and persistence of habit formation. When habit is
assumed to slowly adjust to past 5-year’s consumption, the inverse relation
between expected returns on stocks and bonds and surplus consumption is
often statistically significant. The evidence also indicates that for common
stocks, the volatility of returns is positively related to surplus consumption
and the reward:volatility ratio is negatively related to surplus consumption.
Therefore the countercyclical variation in the price of risk and the negative
relation between expected returns and the volatility in the stock market docu-
mented in the literature can be explained in part by the time-varying surplus
consumption implied by the habit models. However, less than 30% of the
predictable variation of expected returns or the price of risk, using standard
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lagged information variables, is attributed to surplus consumption. Given the
predictive power of the information variables for the monthly, quarterly, and
annual returns studied in this article, the fraction of the stock return variance
that can be explained by surplus consumption is economically small. With a
high level of habit persistence, the performance of the infinite-horizon non-
linear habit model of CC (1999) is similar to that of the 5-year linear habit
model.

Appendix A: Calculation of the Sensitivity Functions

Consumption growth follows a conditionally normal and homoscedastic AR(1) process:

ct − ct = µc, t−1 + uct = (1 − ϕc)µ̄c + ϕc(ct−1 − ct−2) + uct , uct ∼ N(0, σ 2). (A1)

Using the definition of St given by Equation (5), the sensitivity function given by Equation (11)
for the linear habit specification in Equation (10) is

λt−1 = Et−1

[
1

St

]
− 1

= Et−1[1 − (Xt−1/Ct−1)e
−(ct−ct−1)]−1 − 1

=
∫ ∞

−∞

[
1 − α

(
1 − ϕm

1 − ϕJm

)
J∑

j=1

ϕ(j−1)m(Ct−j /Ct−1)e
−(µc, t−1+σy)

]−1

p(y)dy − 1, (A2)

where µc, t−1 and σ are given by Equation (A1) and p(y) is the density function for a stan-
dard normal distribution. The sensitivity function is evaluated by feeding the history of actual
consumption into Equation (A2).

In the CC (1999) model, consumption growth is i.i.d. (ϕc = 0) and the log surplus consump-
tion ratio follows a conditionally normal and heteroscedastic AR(1) process:

st = (1 − ϕm)s̄ + ϕmst−1 + λt−1uct , (A3)

where the sensitivity function λt−1 is

λt−1 = (1/�S)√1 − 2(st−1 − s̄) − 1 (A4)

if the right-hand side of Equation (A4) is positive, and zero otherwise. The steady state is
�S = σ [γ /(1 − ϕm)]1/2. In a modified model, I assume that consumption growth follows Equa-
tion (A1). To be consistent with the linear habit model, the autocorrelation coefficient of the
surplus consumption ratio is written as ϕm that measures the persistence of habit.

Compared with the sensitivity function of Equation (A2) implied by the linear habit model,
one advantage of the CC (1999) approach is that the sensitivity function of Equation (A4)
is an explicit function of st and therefore can be calculated without evaluating a conditional
expectation. One potential difficulty of implementing the CC (1999) approach is that with large
movements in st , the sensitivity function of Equation (A4) can reach zero and stay at this level for
a prolonged period of time. Further, unlike the finite-horizon linear model, which is well defined
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Table A1
Tests of alternative specifications of conditions covariances of returns with consumption growth

Hypothesis

Reverse Return volatility Covariance Consumption
consumption d ′

t Z h′
tZ is Consumption beta volatility d ′

cZ

Asset beta e′
tZ is constant is constant constant b′

tZ is constant is constant

Monthly data (χ 2 statistic)

VW 5.164 20.128 3.658 4.229 6.849
[0.396] [0.001] [0.600] [0.517] [0.232]

EW 1.100 11.456 4.176 4.016
[0.954] [0.043] [0.524] [0.547]

CB 1.545 83.465 0.501 0.592
[0.908] [0.000] [0.992] [0.988]

GB 4.010 61.464 0.309 0.490
[0.548] [0.000] [0.998] [0.993]

All 11.421 128.94 12.688 12.509
[0.935] [0.000] [0.890] [0.898]

Quarterly data (χ 2 statistic)

VW 5.526 3.890 2.884 2.212 5.741
[0.355] [0.565] [0.718] [0.819] [0.332]

EW 7.318 6.582 5.408 3.582
[0.198] [0.254] [0.368] [0.611]

CB 3.672 48.764 8.485 7.120
[0.598] [0.000] [0.131] [0.212]

GB 4.684 35.675 6.386 6.250
[0.456] [0.000] [0.270] [0.283]

All 13.892 71.106 20.919 12.038
[0.836] [0.000] [0.401] [0.915]

Annual data (t statistic)

S&P 500 −0.436 0.015 −0.230 −0.508 1.4437
[0.663] [0.988] [0.818] [0.612] [0.149]

Each of the following systems of disturbance terms is estimated jointly:

System A System B System C

uit = rit − rf, t−1 − a′
iZt−1 uct = ct − ct−1 − a′

cZt−1 uct = ct − ct−1 − a′
cZt−1

vit = u2
it − d′

iZt−1 vit = uct (rit − rf, t−1) − h′
iZt−1 vct = u2

ct − d′
cZt−1

wit = (d′
iZt−1)(e

′
iZt−1) − uit (ct − ct−1) wit = (d′

cZt−1)(b
′
iZt−1) − uct (rit − rf, t−1)

Each of the disturbance terms is orthogonal to the vector of information variables, Z. ri − rf represents the excess return with
continuous compounding on asset i. ct − ct−1 is the change in the log of per capita, seasonally adjusted real consumption
of nondurables plus services. a′

iZ and a′
cZ are conditional means of the excess return on asset i and consumption growth,

respectively. h′
iZ is the conditional covariance of the excess return on asset i with consumption growth. d′

iZ and d′
cZ are

conditional variances of the excess return on asset i and consumption growth, respectively. ei
′Z is the reverse consumption

beta of asset i. bi
′Z is the consumption beta of asset i. χ2(5) statistic (with p-value in brackets) is for the Wald test that all

coefficients except the intercept are zero.

even for ϕ = 1, in the CC (1999) model, one must impose the restriction 0 < ϕm < 1 − γ σ 2 to
insure that �S < 1 and avoid the unit root problem.

Appendix B: Covariance of Returns with Consumption

The reverse consumption beta is βr
i, t−1 = covt−1(rit , ct )/σ

2
i, t−1, where σ 2

i, t−1 is the conditional
variance of the return on asset i. Let Z denote the vector of information variables including
a constant. Following much of the literature, conditional moments of returns including mean,
variance, and beta are assumed to be linear in Z. Let the conditional expected excess return
and volatility of asset i be a′

iZ and σ 2
i, t−1 = d′

iZ, respectively, and the conditional reverse
consumption beta be βr

i, t−1 = ei
′Z. To examine whether βr

i and σ 2
i are time varying, I employ
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the following disturbance terms:

uit = rit − rf, t−1 − a′
iZt−1, (B1)

vit = u2
it − d′

iZt−1, (B2)

wit = (d′
iZt−1)(e

′
iZt−1) − uit (ct − ct−1), (B3)

for i = 1, . . . , n. Each of the disturbance terms is orthogonal to Z. I estimate this exactly
identified system using the GMM of Hansen (1982).

In the second approach, I assume that the conditional covariance of the excess return on
each asset with consumption growth is linear in information variables: covt−1(rit , ct ) = h′

iZt−1,
where hi is a coefficient vector. The third approach uses a multiplicative decomposition of
the conditional covariance with consumption in the form: covt−1(rit , ct ) = βi, t−1σ

2
c, t−1, where

βi, t−1 = bi
′Zt−1 is the conditional consumption beta of the excess return on asset i and σ 2

c, t−1 =
d′
cZt−1 is the conditional volatility of consumption growth.

The results of estimating the three alternative specifications indicate that there is no evidence
that the conditional covariances, the consumption betas, or the reverse consumption betas are
time varying (see Table A1). The results are qualitatively similar under alternative specifications
where quadratic terms of the information variables are included in the conditional expected
returns or where the standard deviations of returns are linear in the information variables, as in
Kandel and Stambaugh (1990) and Whitelaw (1994). The results on the consumption volatility
are in contradiction to what Kandel and Stambaugh (1990) find using quarterly consumption
data over a longer time period extending back to 1929.
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