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We present an economic mechanism and sup-
portive empirical evidence for the transmission
of information between equity securities first
documented by Lo and MacKinlay (1990). It is
argued that the past returns on stocks held by
informed institutional traders will be positively
correlated with the contemporaneous returns
on stocks held by noninstitutional uninformed
traders. Evidence consistent with this hypothe-
sis is then presented We document that the re-
turns on the portfolio of stocks with the highest
level of institutional ownership lead the returns
on portfolios of stocks with lower levels of in-
stitutional ownership. This effect persists even
after firm size is controlled for and is apparent
at longer lags than the size-related lag effects
documented in Lo and MacKinlay (1990).

Lo and MacKinlay (1990) document a positive corre-
lation in weekly returns on the stocks of small firms
and the lagged weekly returns of large firms. They
demonstrate that this lead-lag relation is a significant
source of stock index autocorrelation and can partially
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explain the observed profits from contrarian portfolio strategies.1 They
further claim that, even apart from the effect of this lead-lag relation
on contrarian profits, this relation is important because it indicates a
complex process of information transmission between small and large
firms. In this article, a possible candidate for this information trans-
mission mechanism is proposed and supporting empirical evidence is
provided.2

Even though the lead-lag relation was originally observed between
returns on large-firm and small-firm portfolios, it is important to rec-
ognize that firm size per se may have little economic significance for
information transmission across firms. It may, however, be highly cor-
related with some firm characteristics that are relevant. For example,
firm size may proxy for the magnitude of information produced by
investors; the larger the firm, the more the information produced.3 Be-
cause the return-generating processes of large and small firms are not
independent, some of the information produced about large firms will
affect investor expectations regarding the returns on smaller firms. For
this reason, the prices of large-firm stocks convey information regard-
ing the prospects of smaller-firm stocks. Without market imperfections
of some sort, information transmission would be instantaneous. How-
ever, if the investors in large-firm stocks face sufficiently high costs
from investing in small firms and if investors in small firms must con-
dition only on past prices, then this information will be impounded in
small-firm stock prices by the small-firm investors only after observing
the past stock prices of large firms, that is, only after a lag.

There are a number of theories that are consistent with lagged in-
formation transmission between classes of investors: price pressure,
lagged price adjustment by market makers, noise traders, herd be-
havior, information set-up costs; and legal risk faced by portfolio
managers.4 While the price pressure, noise trader, and herd behav-

1 Before Lo and MacKinlay (1990), the standard explanation for profits from contrarian trading
strategies was negative serial correlation in individual stock returns. For discussion of this issue,
see Jegadeesh (1990), Zarowin (1990), Fama and French (1988), Lehman (1990), Chan (1988),
and DeBondt and Thaler (1985).

2 Further documentation for the differential effect of information on the variance of returns of large-
and small-firm stock is provided by Conrad, Gultekin, and Kaul (1990). They find that the volatility
of large-firm mums has a significant impact on the subsequent return volatility of small firms.

3 This differential information production effect has been long recognized in research on the “small
firm effect” Arbel, Carvell and Strebel (1983) argue that the size effect is really a “neglected” firm
effect. since small firms are not frequently followed by a sufficiently large number of analysts,
they argue that the effect may simply reflect a premium to individuals who choose to obtain
Information about small firms. Indeed, Levy (1988) develops this segmented markets argument
Into a generalized version of the Capital Asset Pricing Model and shows that In such a world the
size effect vanishes.

4 For a discussion of the price pressure hypothesis, see Kyle (1985), Admati and Pfleiderer (1988),



ior hypotheses are plausible, the framework presented here is more
amenable to interpretation within the context of the last two hypothe-
ses, information set-up costs and legal restrictions surroundings the
investment activity of institutional portfolio managers. Merton (1987)
argues that there is a receiver or set-up cost to information process-
ing. Paying this fixed cost is worthwhile only if the value of adding
the security to the portfolio is sufficiently large. Therefore, investors
will follow only a small subset of traded assets. This would imply that
institutional investors who perform systematic investigations would
concentrate their attention, and consequently their investments, on
assets for which the volume of available information is large relative
to the information set-up cost. On average, these would tend to be
larger firms.

As recognized by Merton (1987), the fact that professional money
managers have to satisfy “prudence” requirements affects their invest-
ment strategies. The common law “prudent man” rule governs the
investment behavior of institutional portfolio managers.5 According
to this rule, portfolio managers, in their fudiciary capacity, are re-
quired to make “prudent” investments. In a court of law, prudence
is evaluated not only in a portfolio context but also in the context
of individual investments.6 If an investment is deemed to be impru-
dent, the law requires the fiduciary to be personally liable for any
losses.7 Thus, institutional investors have the incentive to invest in
only a subset of marketed assets. For want of better words, firms in
this subset are called IF (institutionally favored) firms and the others
IU (institutionally unfavored) firms.

If we embed this segmented market paradigm into a dynamic model
of equity pricing in which investors condition their demand only on
past prices [Hellwig (1982)], a lead-lag relation between IU and IF
firms will emerge. The prices of IF firms will impound the information
produced by informed investors. Although some of this information

and Blume (1976); for lagged price adjustment by market makers, see Chan (1993); for noise
traders, see DeLong et al. (1990) and Shleifer and Summers (1990); for herd behavior, see Scharf-
stein and Stein (1990).

5 For evidence on the effect of the prudent man rule on the investment behavior of institutional
investors, see Badrinath, Gay, and Kale (1989).

6 A case in point is the decision by the New York Court of Appeals in the matter of Bank of New
York (Spitzer), 35 N.Y. 2d 512, 517, 364 N.Y.S. 2d 164, 170,323 N.E. 2d 700, 704 (1974).

7 See Section 404 of ERISA for a description of the “prudent man” rule. See Section 409 of ERISA
and Section 36 of the Investment Company Act of 1940 for a description of these penalties. The
magnitude of these penalties can be quite large. For example, Financial Programs Inc., a mutual
fund manager, was alleged to be in violation of the “prudent man” rule because it committed $21
million of the fund’s assets to over-the-counter securities that were speculative, unseasoned, and
in limited supply. The fund’s offer of settlement, among other things, included a payment of $2.5
million to the plaintiff and the promise to refrain from performing investment advisory services
to new clients for 180 days [Ratner (1978)].
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will be firm specific, a portion of it may be of a general nature and,
thus, may be relevant in the pricing of IU stocks. Because of market
segmentation, informed investors will not be able to impound this
information in the prices of IU firms. However, by observing the prices
of IF stocks, investors in IU firms will find information relevant to
the pricing of their shares. By trading on this information they will
impound the information from the lagged prices of the IF firms into
the current prices of the IU firms.

The contribution of this article is in providing evidence consistent
with the above information transmission mechanism and, thus, possi-
bly explain the economic basis for the cross-autocorrelation in equity
returns observed by Lo and MacKinlay (1590). It is found that, when
equity portfolios are formed on the basis of the level of institutional
ownership in firms, the returns on the portfolio of firms with the high-
est levels of institutional ownership lead the returns of portfolios with
lower levels of institutional ownership by as much as two months. On
the other hand, when portfolios are size-based, the lead-lag period is
generally no more than one month. The significance of the institu-
tional ownership-based lead-lag relation persists, in monthly as well
as in weekly returns, even after controlling for firm size. Interestingly,
in weekly returns, when firm size is controlled for significance is ob-
served only at eight- and nine-week lags. This indicates that the stock
price performance of firms with high institutional ownership, and not
the performance of large firms, is a leading indicator of subsequent
equity market performance. It is, thus, possible that the primary path
for information transmission in equity markets is between returns on
IF and IU firms.

The article is organized as follows. The next section presents some
background on the role of institutions in equity markets and their
equity demand patterns. Section 2 develops the hypothesis relating
institutional investment regularities with equity price dynamics. Sec-
tion 3 presents the empirical evidence on this hypothesis. Section 4
contains some concluding remarks. A suggestive rational expectations
formalization of the hypothesis developed in Section 3 is presented
in the Appendix.

1. Institutional Ownership: Background

In order to argue that institutional investing plays an important role
in determining the dynamics of equity prices, we first establish the
importance of institutional investors in equity markets. We then doc-
ument the patterns in their equity investment choices to illustrate the
role of “prudence” in these decisions. The insights gained from these
investigations enable us to construct our hypothesis regarding the ef-
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fect of institutional trading on equity price dynamics, in particular, on
cross-autocorrelations in equity returns.

1.1 Data sources
The sample used in these investigations consists of all firms on the
NYSE and AMEX for which complete monthly and daily returns series
are available on the Center for Research in Security Prices (CRSP) tapes
for the period 1981-1988. This period was chosen because of limited
data availability on institutional ownership. Our source has these data
only from the end of year 1980.8 The data on institutional ownership
are obtained from Spectrum 3/Spectrum 4 Institutional 13(f) Common
Stock Holdings and Transactions provided by CDA Investment Tech-
nologies, Inc., for the years 1980, 1982, 1984, 1986, and 1988.9 The
level of institutional ownership in these data is as of the end of the
year for each of these years. Equity returns are obtained from CRSP
(NYSE/ASE) tapes, and data on other firm characteristics are from
COMPUSTAT tapes.

1.2 Institutional equity portfolio characteristics
To determine whether institutional investors have different considera-
tions in choosing their equity investments than do individual investors,
we first investigate some characteristics of firms that are in institutional
equity portfolios. The choice of firm characteristics is motivated by the
study on patterns of institutional ownership by Badrinath, Gay, and
Kale (1989) (BGK). These authors conjectured that, because of the
“prudent man” rule and the penalties associated with it, institutional
investors give significant consideration to firm characteristics in addi-
tion to the usual risk and return criteria. In other words, institutional
portfolio managers choose their investments such that they have a
safety net in case any of the investments goes sour and the manager
is required to defend his or her investment decision in a court of law.
In order to validate this conjecture, these authors investigated the rela-
tion between various firm characteristics and the level of institutional
ownership. Our choice of firm-specific variables and their definitions
are identical to those in the BGK study. The main difference is that
our sample contains institutional investment and firm-specific data
for five years instead of for the one-year (1985) sample in the BGK
study.

8 The lead-lag relation on the basis of firms size documented later for this shorter period is, however,
apparent for the longer period 1963-1988.

9 These data are quite expensive and, therefore, five year’ data at two-year intervals was purchased.
Given the findings in this article, it is unlikely that, had the tests been conducted on all the nine
years, the results would have been significantly different.
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Table 1 presents median values of several characteristics of firms
in institutional portfolios. For each year in our sample, firms are ar-
ranged according to the level of institutional ownership, defined as the
fraction of outstanding shares of the firm owned by institutions, and
divided into five quintile portfolios. Portfolio 1 contains the 20 percent
of firms with the lowest levels of institutional ownership, and portfo-
lio 5 the 20 percent with the highest. Values for institutional ownership
levels presented in the second column of Table 1 highlight the impor-
tance of institutions in equity markets. On average, institutions owned
between 17.7 and 29.6 percent of the equity of sample firms during
the period. It is also noteworthy that their level of ownership shows
an upward trend over the period.

Median values of firm characteristics presented in the table high-
light some of the patterns in the determination of institutional equity
investment decisions. Characteristics of firms in institutional portfolios
in our sample are generally consistent with the findings in the BGK
study. Firm size and number of years of listing are higher for firms
with higher institutional ownership in all of the five years. Further, as
is to be expected, the median firm size for the entire sample increases
over the years. On the other hand, median firm age, which should
increase over the years, if for no other reason than the passage of
time, does not show any particular pattern. This lack of pattern seems
to be owing to the inclusion of younger firms in the lowest ownership
portfolio over the years. As Table 1 indicates, for the first three years,
median values for firm age for portfolio 1 are approximately 13 years,
whereas for the last two years, 1986 and 1988, the median firm ages are
7.125 and 3.750, respectively. Level of institutional ownership seems
to be positively related to share turnover and beta. Additionally, while
the median values for beta do not show a monotonic trend over the
years, the median value for the sample for share turnover increased
until 1986 to 0.516 and then decreased to 0.363 for 1988. Firms with
higher institutional ownership have lower values for standard devi-
ation of returns for all years. While BGK did not find a significant
relation for dividend yield or leverage, firms with higher institutional
ownership in our sample tend to have lower median values for lever-
age and higher median values for dividend yields. Median dividend
yield for the entire sample has been steadily decreasing over the years;
from 3.4 percent in 1980 to 1.9 percent in 1988.

The data, therefore, indicate that the level of institutional interest in
a stock may depend upon other factors in addition to the traditional
risk and return characteristics of the stock. In fact, the data clearly
show that institutions invest disproportionately more in the stocks of
firms that meet obvious prudence requirements.
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Table 1
Median values of characteristics of firms in institutional portfolios by levels of institutional ownership

Table 1 presents cross-sectional institutional ownership and firm attributes for the years 1980, 1982, 1984, 1986, and 1988. In each year firms are
divided into five quintiles based on the level of institutional ownership.





1.3 Firm size and institutional ownership
The importance of firm size in equity price dynamics has already
been established by previous researchers [for example, by Lo and
MacKinlay (1990)]. Our earlier analysis highlights the positive correla-
tion (p = .594) between the level of institutional ownership and firm
size. This high positive correlation naturally leads to the question of
whether the size effects are subsumed by institutional ownership ef-
fects or vice versa. To better focus on the role of institutional investors,
we divide our sample of firms in the following manner. In each of the
five years, the sample of firms is divided into five approximately equal
portfolios on the basis of either firm size or level of institutional own-
ership, and these portfolios are adjusted every year in the case of firm
size and every two years in the case of institutional ownership. In
addition, because these two variables are highly positively correlated,
portfolios are also formed on the basis of firm size keeping institu-
tional ownership approximately constant across portfolios and on the
basis of institutional ownership controlled for size.

More specifically, the procedures used in Reinganum (1981), Basu
(1983), and Cook and Rozeff (1984) are employed. To segment the
sample by size while controlling institutional ownership, firms are first
ranked according to the level of institutional ownership. On the ba-
sis of this ranking, they are divided into five portfolios, where the
first portfolio consists of firms with the lowest levels of institutional
ownership and the fifth with the highest. Using this tanking, the firms
within each of these five institutional ownership portfolios are ranked
on the basis of firm size. Then, each of the institutional portfolios is
split into five size-based portfolios. Firms from the lowest firm size
portfolio from each of the five institutional ownership portfolios are
then collected into one portfolio (portfolio 1). Firms from the next
lowest size portfolios in each of the institutional ownership portfo-
lios are grouped into the next portfolio (portfolio 2), and so on. This
method ensures that the five portfolios so formed are well dispersed
according to levels of institutional ownership and, at the same time,
the size of firms in portfolio 1 is considerably lower than that in port-
folio 2 and so on. Thus, these portfolios are different in terms of firm
size but similar in terms of institutional ownership. A similar proce-
dure was utilized to form five portfolios that had essentially similar
firm size but varied in institutional ownership.

The efficacy of this procedure is apparent from the median val-
ues reported in Table 2. Panel A of Table 2 reports the median firm
size in millions of dollars for each of the five portfolios formed by
each of the four methods. When portfolios are formed on the basis of
firm size, the median firm size in the lowest quintile is approximately
$170 million and that in the highest quintile is over $20 billion. Sim-
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Table 2
Median firm size and institutional ownership in portfolios
ilar patterns are apparent for median firm sizes for portfolios formed
on the basis of institutional ownership reported in the second col-
umn of panel A. These numbers are consistent with the high positive
correlation between firm size and institutional ownership mentioned
earlier. The last column in the panel reports median values for firm
size for portfolios formed on the basis of institutional ownership with
firm size controlled as per the procedure outlined above. The con-
stancy of median firm value across portfolios highlights the efficacy
of the procedure. Panel B of the table reports levels of institutional
ownership in each of the portfolios. The fourth column reports levels
of institutional ownership in portfolios after controlling for firm size.
Despite the similarity in the dispersion of firm size in these portfolios
(column 4 of panel A), median institutional ownership ranges from as
little as 2.5 percent in the lowest quintile to 52 percent in the highest
quintile. Similarly, the efficacy of the procedure for forming portfolios 
on the basis of firm size after controlling for institutional ownership
is evidenced by approximately similar median values for institutional
ownership among portfolios (column 3 in panel B) and different firm
sizes across portfolios (column 3 in panel A).

1.4 Stability of institutional ownership levels over time
As documented above, institutions invest disproportionately in assets
meeting prudence requirements. This raises the question of whether
these institutions invest in a subset of these prudent assets which is
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stable over time or whether they turn over their portfolios over time
so as to hold a large number of different assets within the prudent
category. This issue of stability is investigated for each. of the four
sample partitions in Tables 3, 4, 5, and 6, respectively.

Each of these tables contains five panels; the first four depict own-
ership stability for consecutive periods, such as from 1980 to 1982,
and the fifth panel for the nine-year period 1980-1988. In each panel
we present the transition frequencies between portfolios. For exam-
ple, Table 3 does this for portfolios formed on the basis of firm size.
The number 0.68 in the first row of column 1 in panel A implies that
68 percent of the firms that were in portfolio 1, the one with the small-
est sized firms, in 1980 were again listed in portfolio 1 in 1982. The
number 0.14 in the fourth row of column 5 in panel D implies that
14 percent of the firms that were in portfolio 4 in 1986 moved up to
portfolio 5 in the 1988 classification.

From Table 3 it is apparent that the majority of firms retain their
portfolio classification over the years. Firms in portfolio 5 are the
most likely to maintain their portfolio classification. In fact, at least
85 percent of the firms in portfolio 5 maintained their classification
in consecutive periods. For portfolio 1 firms this number is lower, at
68 percent. The maximum movement within classifications seems to
be in portfolios 2 and 3. For the entire period 1980-1988, the 82 per-
cent of the firms that were in portfolio 5 in 1980 were also in the same
portfolio in 1988. These values are much smaller for the other four
portfolios. Table 4 presents similar values for portfolios formed on the
basis of the level of institutional ownership. The overall inferences are
similar to those for portfolios formed on the basis of firm size. The
movement of firms among portfolios is, however, significantly more
common. For example, in size-based portfolios, no firm that was clas-
sified in portfolio 1 in 1980 was in portfolio 5 in 1988 (first row in
column 5 of panel E in Table 3). For ownership-based portfolios, on
the other hand, 8 percent of the firms moved from portfolio 1 to
portfolio 5 in the nine years. Tables 5 and 6 provide these transition
frequencies when portfolios are formed on the basis of firm size con-
trolled for ownership and institutional ownership controlled for size,
respectively. Inferences regarding stability of institutional ownership
over time are similar to the earlier portfolio classifications. Finally,
the values in the tables indicate that, with the exception of portfolios
formed on the basis of firm size controlled for ownership (Table 5),
a firm is more likely to move to a higher ranked portfolio than to
move to a lower one. In Tables 3, 4, and 6 this is true not only in the
overall sample (panels E but, almost always, also for consecutive year
samples. For portfolios formed on the basis of firm size controlled for
ownership, this is true only for the overall period 1980-1988.
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Table 3
Intertemporal stability in institutional ownership over the period 1980-1988 in portfolios
formed on the basis of firm size
2. Institutional Ownership and Cross-autocorrelations:
Hypothesis

The above investigations into institutional ownership patterns yield
some insights that can provide a rationale for an institutional role in
equity price dynamics. The finding above is that institutions invest pri-
marily in a restricted subset of stocks. If this fact is conjoined with the
assumption that institutions are disproportionately more likely to en-
gage in information-gathering activities, then it is possible to construct
a theory that explains cross-autocorrelations in equity returns.
4 1 2



The intuition underlying the theory is as follows. Informed institu-
tional investors investigate and invest in the stocks of only IF (insti-
tutionally favored) firms. However, because the prospects of IF and
IU (institutionally unfavored) firms are positively correlated, their in-
vestigation of IF firms produces information also on IU firms. Pru-
dence restrictions prevent this information from being immediately
impounded in IU firm stock prices. The share prices of IF firms that
reflect the information of the informed, however, are observable to
the uninformed and provide some information on the future prospects
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of IU firms. Therefore, if the uninformed trade on this information,
they will drive up (down) the price of IU firm shares after observing
favorable (unfavorable) price changes in IF firm shares..

In the Appendix, we provide a formal model of the above theory.
This model is formulated within the multiperiod expectations frame-
work of Hellwig (1982). In the model, there are two risky assets trading
on the market, an IF asset and an IU asset, in an infinite sequence of
periods. There is also a riskless asset with constant return per period.
There are two investors, informed (institutions) and uninformed. The
informed can trade in only the IF asset, whereas the uninformed can
4 1 4



trade in the IF and the IU asset. The restriction that the informed trade
in only the IF asset is a stylized way to capture the differential invest-
ment costs postulated by Merton (1987) and/or restrictions imposed
by the prudent man rule.

The demand for risky assets in both markets, as in Hellwig (1982),
is determined by the myopic mean-variance criterion. Using this cri-
terion, it is possible to derive demand equations for both informed
and uninformed investors. At each date, investors in both markets
observe the entire dividend histories of both assets. However, as in
415



Hellwig (1982), at that time they can condition their actions on the
price path of the assets only up to the previous period; that is, they
cannot condition their current demand on current prices. Informed
investors, however, observe signals that allow them to better forecast
the innovations in the future dividends. because only the informed
investors in the IF market receive the signal, this information will first
be impounded in prices in the IF market. In the IU market, this in-
formation will be partially impounded after the uninformed traders
observe prices in the IF market. In the Appendix, we demonstrate
that in this setting there exists a rational expectations equilibrium in
which IU asset prices depend linearly on previous prices of IF as-
sets. In fact, the functional form of this equilibrium pricing relation
is consistent with the simple lead-lag white noise statistical model of
Lo and MacKinlay (1990, Equation 19) in which a common factor is
impounded into the return of different securities at different lags.

3. Institutional Ownership and Cross-autocorrelations: Evidence

In this section, our hypothesis regarding institutional ownership and
equity price dynamics is tested. Cross-autocorrelations in equity mar-
ket returns are documented between portfolios formed on the basis
of both firm size and the level of institutional ownership. It is first
shown that the positive correlation between current weekly returns
on smaller firms and the lagged returns on larger firms is apparent also
in monthly returns. One advantage of using monthly returns rather
than shorter-horizon returns is that the positive cross-autocorrelation
generated by different nontrading probabilities for different portfolio
groups is virtually eliminated. In fact, the magnitude of the autocor-
relation generated by nonsynchronous trading, computed using the
estimator in Lo and MacKinlay (1990, Equation 32), is of the order of
10-8. For facilitation of comparison with earlier studies, results are re-
ported also for weekly return series. The inferences regarding lagged
relations are identical to those obtained using monthly data.

The main finding of this section, however, is that the leading in-
dicator of future stock price performance may not be the portfolio
of large firms but the portfolio of firms that have the highest level
of institutional ownership. It is documented that the returns on this
portfolio lead the returns on the portfolios with lower institutional
ownership by as much as two months in both monthly and weekly
data.

3.1 Cross-autocorrelations in monthly equity returns
Monthly returns for the above portfolios were obtained from CRSP,
and extensive diagnostic tests were conducted to investigate the prop
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erties of these monthly portfolio return series. For all the portfolio re-
turn series used in the subsequent analysis, the Kolmogorov-Smirnov
D statistic did not reject the null hypothesis of normality. First-lag au-
tocorrelations were not significant when a standard error approxima-
tion of was used. No significant autocorrelations were detected
when these tests were repeated for 6-, 12-, 18-, and 24-month lags.10

Autocorrelation patterns for the absolute return series were also ex-
amined. Variance dependence would indicate that small (large) price
changes are followed by small (large) price changes of either sign;
therefore, the absolute return series should display significant lags
even if no autocorrelation is observed in the return series. No such
behavior was evident. Similarly, autocorrelation was absent in squared
return series.11 Finally, the asymptotically locally most powerful test
for the existence of ARCH effects given in Engle (1982, pp. 1000-
1001) did not reject the null that error terms are not conditionally
heteroskedastic.12 Therefore, consistent with Akgiray (1989), the find-
ings indicate that the monthly portfolio return series exhibit little, if
any, serial dependence.

Table 7 presents the cross-autocorrelation matrices for the portfolio
return series. There are three matrices for each of the four portfolio
construction methods. The top matrix is the contemporaneous corre-
lation matrix, the middle one is for correlations between contempo-
raneous returns and first lags, and the bottom matrix presents corre-
lations between contemporaneous and second lag returns. As is to be
expected, the correlation coefficients in the top matrices in all four
panels are very high, implying that portfolio returns are highly corre-
lated. The correlation coefficients in the middle matrices, in general,
indicate the existence of cross-autocorrelations and are consistent with
those documented by Lo and MacKinlay (1990) for weekly portfolio
returns. The asymmetry between the correlations of lagged highest
quintile (portfolio 5) returns with the lower quintile contemporane-
ous returns versus the correlations of the lagged returns of the lower
quintile with the contemporaneous returns of the highest quintile is
striking. For example, the correlation between and  is .251 in
panel A, whereas the correlation between and  is only .113.
This pattern of asymmetry, apparent in all of the middle matrices of
four panels, is indicative of the lead-lag relations in monthly equity re-

10 This approximation is the 2 standard error approximation where  is the asymptotic standard
deviation of the autocorrelation coefficient. This teat is valid only under the null hypothesis of no
autocorrelation in the true process.

11 This analysis was replicated for residuals from an AR1 process with virtually identical results.
12 In fact, the critical range for the x2(1), test statistic was 0.004 (left tail) to 3.84 (right ail). The

computed statistic values were in the range 0.2 to 0.4.
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Table 7
Cross-autocorrelations in  equity returns of NYSE/AMEX firms during the period 1980-
1988
turns. To a lesser but still noticeable extent, the asymmetry exists even
in the bottom matrices, which report correlations at two-month lags.

To investigate lead-lag relations in equity returns further we esti-
mate the following regression on portfolios formed by the four meth-
ods:

(1)
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where  is the excess (over risk-free rate) return of the lower quin-
tiles of firms (i.e., firms in one of portfolios 1 through 4) and  is the
contemporaneous excess return on the highest quintile of firms (i.e.,
portfolio 5).  and  are the excess return i months earlier on
portfolio 5 and the lower quintiles, respectively.

The null hypothesis is that, except for the coefficient on the con-
temporaneous return  all other coefficients should be zero. The
hypothesis presented in the earlier section predicts a positive relation
between lagged returns of IF firms and contemporaneous returns of
IU firms. The regression model in Equation (1) tests for these effects,
and the prediction is that one or more of the coefficients on lagged
returns would be positive.

Table 8 presents the results from estimating Equation (1) on portfo-
lios formed on the basis of firm size (panel A) and firm size controlled
for institutional ownership (panel B). The coefficient of the one-month
lagged return on portfolio 5 is significant for all of the four portfolios
in panel A. Thus, the positive cross-autocorrelation documented by Lo
and MacKinlay (1990) for weekly returns is evident also in monthly
returns. The magnitude of this coefficient decreases as the size of
the firms in the portfolio increases, .217 (t = 3.37) for portfolio 1
and .051 (t = 2.15) for portfolio 4. Thus, it seems that the impact of
lagged returns is inversely related to the size of the firm. Second, the
coefficients for the contemporaneous excess returns on the largest
portfolio  are positive, significant, and close to 1 for each of the
four portfolios, indicating that the portfolio of largest firms captures
the systematic risk adequately. Panel B reports the results ‘from esti-
mating Equation (1) on returns of portfolios that vary by firm size but
where institutional ownership is held approximately constant. In this
case, while the inferences are not dramatically different, the follow-
ing two observations can be made. First, the coefficient of  is not
significantly different from zero for portfolio 4 and the magnitudes of
the estimated  coefficients seem to be lower than those in panel A.

Panel A of Table 9 presents the result from estimating Equation (1)
on returns of portfolios formed on the basis of institutional ownership.
The coefficients are significantly greater than zero for portfolios 1,
2, and 4. Additionally, the  coefficients, representing the relation
of returns on low institutional investment portfolios with returns on
the highest institutional ownership portfolio two months ago, is also
positive for all four portfolios and is significant at conventional levels
for portfolios 1, 2, and 3. Panel B of Table 9 presents results from
estimating Equation (1) on returns of portfolios formed on the basis
of institutional ownership with firm size held approximately equal
across the five portfolios. The  coefficients are negative for all
the four portfolios and are significantly different from zero for two.
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Table 8
Returns on the portfolio of largest firms as predictors on returns on portfolios of smaller
firms
Interestingly,  coefficients are all positive and significantly different
from zero. Thus, it seems that institutional ownership-based lead-lag
relation persists even after controlling for firm size.13

13 It has been argued by Boudoukh, Richardson, and Whitelaw (1994) that a portion of the cross-
correlation in weekly equity returns can be attributed to autocorrelation in equity returns. Despite
the fact that the monthly return series used in the above tests do not exhibit autocorrelation, the
impact of autocorrelation on the findings was analyzed by including lagged returns of portfolios
with lower institutional holdings in the analysis. The significance of the previously documented
lead-lag relation was not lost, and the inference that returns on portfolios of firms with high
institutional ownership lead the returns on portfolios with lower institutional ownership by as
much as two months was unchanged.
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Table 9
Returns on the portfolio of firms with highest institutional ownership as predictors for
returns on portfolios of firms with lowest institutional ownership
3.2 Cross-autocorrlations in weekly equity returns
Analysis of the lead-lag relation was next performed on weekly portfo-
lio return series. Weekly returns were computed from the Daily Return
CRSP tapes, and the following regression was estimated for portfolios
formed according to the four different classification schemes:

( 2 )

where is the excess (over risk-free rate) weekly return of the port-
folio of smallest firms (with lowest institutional ownership) on NYSE
and AMEX at time t and  are the contemporane-
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ous and lagged excess weekly returns on the portfolio of largest firms
(with the highest institutional ownership) for the period 1981-1988

Table 10 presents the results from estimating Equation (2) on re-
turns from portfolios formed according to firm size (panel A) and for
portfolios formed by firm size controlled for institutional ownership
(panel B). The results in both panels are generally consistent with the
earlier finding of one-month lags for monthly returns. The coefficients

 and  are positive and significantly different from zero for
all portfolios. The significance of the four-week period is similar to
that of the one-month lag documented earlier. The coefficients  on
the two-week prior returns, except for portfolio 1, are, however, not
significantly different from zero. We are unable to explain this lack of
significance. Except for this anomaly, therefore, our earlier findings
seem to hold in tests conducted on weekly returns.

Table 11 presents the results from estimating Equation (2) on re-
turns on portfolios formed on the basis of institutional ownership
(panel A) and for portfolios formed on the basis of ownership con-
trolled for size (panel B). The values in panel A indicate that coeffi-
cients and are positive and significant for all portfolios, and
the puzzle of negative  coefficients remains. The coefficients 
and  roughly equivalent to a two-month period, are positive and
significantly different from zero. This finding is particularly interest-
ing given that the, coefficients on earlier weeks through  with
one exception, are zero. Thus, the stock prices of lower institutional
interest portfolios react to changes in the highest institutional interest
portfolios only after approximately seven weeks. It does not appear
to be an effect that permeates at a slow rate over time. The results on
portfolios formed on the basis of institutional ownership controlled
for size offer clearer support for the longer lag. Unlike panel A, 
coefficients are not significantly different from zero for. portfolios 1
and 3, and for the other two portfolios they are positive and sign&-
cant only at the 10 percent level. The coefficients  and  which
were positive and significantly greater than, zero in panel A, are no
longer different from zero. The coefficients consistent with the two-
month lag, and  are, however, positive and are significant in
six out of eight cases.

4. Conclusion

In this article, the hypothesis that different levels of institutional in-
terest in equities may induce cross-autocorrelation in equity returns.
The hypothesis is that, because of differential information set-up costs
[Merton (1987)] and/or legal restrictions arising from the “prudent
man” rule, informed investors invest in the equity of only a subset of
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traded firms. In this setting, uninformed investors can use past prices
of these stocks to predict prices of the other stocks. Empirical tests on
stock market data are conducted to investigate this hypothesis. The
empirical findings confirm the conjecture that size may not be the
only economically relevant determinant of cross-equity price dynam-
ics; level of institutional ownership may also play a significant role.
Returns on stocks with high levels of institutional ownership lead,
by as much as two months, the returns on stocks with lower levels
of institutional ownership. The lead-lag relation induced by the level
of institutional ownership persists even when firm size is controlled.
Thus, the institutional ownership-induced lead-lag relation may be a
candidate for the information transmission mechanism conjectured by
Lo and MacKinlay (1990).

The findings reported in this article, despite their significance, raise
an interesting issue: the fact that the reaction in stocks of firms with
low levels of institutional ownership is not observed until two months
after the change in the prices of stocks with a high level of institutional
interest. One would expect the time taken by uninformed investors
to incorporate past price data into their current demand to be fairly
short. Even if investors quickly incorporated price data (e.g., on a daily
basis) into their current demand, monthly lags could still be observed
because the monthly return is the sum of daily returns. However,
sign&ant lead-lag relations are observed even at the two-month in-
terval. A possible way to reconcile this finding with theory would be
to assume that investors update their information sets infrequently.
Casual empiricism indicates that this may indeed be the case for such
institutional investors as pension funds.

Appendix

There are two risky assets trading on the market, an IF asset and an
IU asset, in an infinite sequence of periods, t = 1, 2, . . . . There is also
a riskless asset with constant return r per period and let R = 1 + r.
The prices and the exogenously given dividend stream on the IU and
IF assets are denoted by  and  and and respectively. There
are two investors, informed and uninformed. The informed can trade
in only the IF asset, whereas the uninformed can trade in the IF and
the IU asset.

An investor buying either risky asset ex-dividend at time t knows
that he will receive a dividend at t + 1 and at that date can resell
the asset. Thus, the gross return in period t + 1 from-holding the
IU (IF) asset is given by 
The demand for risky assets in both markets, as in Hellwig (1982), is
determined by the myopic mean-variance criterion. Let  denote
425



demand of the uninformed investors in the IU (IF) market at time
t, and let be the informed demand in the IF market. Recall that,
by assumption, the informed demand in the IU market is zero. The
first-order conditions for the uninformed investor, given myopic mean-
variance maximization, are

where Ut is the information set of the uninformed at time t and a is
their risk-aversion parameter. Solving the above equations for asset
demands yields

(A1a)

(A1b)

Similarly, the asset demand for the informed is given by

(A1c)

where a* represents the risk-aversion of the informed investors and
It represents their information set at time t. The contents of the infor-
mation sets of both investor types is discussed later.
Next, define the following price-generating processes:

(A2)

where  are assumed to be independent identically distributed
(iid) normal random variables with mean 0 and standard deviation

These two series are further assumed to be orthogonal, that
is, for all i and  Next, the dividend processes for the two
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risky assets are given by

(A3)

This implies that dividends on the IU asset are positively correlated
with dividends on the IF asset.

At time t, investors in both markets observe the entire dividend
histories of both assets. However, as in Hellwig (1982), at time t they
can condition their actions on the price path of the assets only up to
time t - 1. Informed investors, however, observe two signals  and

that allow them to forecast the innovations in the dividend series
occurring at times t + 1 and t + 2, that is, and 
Thus, at time t, It includes 

and and Ut includes
 and 

For a given price series  Equations (A1a) and (A1c) determine
asset demands in the IF market. In equilibrium, these demands must
equal the total supply of the risky asset assumed, without loss of
generality, to equal one. Thus, the equilibrium price sequence in the
informed market must satisfy

(A4)

where and are defined in Equations (A1a) and (A1c). On the
other hand, in the IU market, only the uninformed can invest. There-
fore, the market equilibrium condition is

(A5)

where zt is defined in Equation (A1b).
Because the innovations in the dividend stream are iid by assump-

tion and the two innovations processes are orthogonal, all information
about the future dividend stream is captured by and In a
linear rational expectations equilibrium (LREE), asset prices depend
linearly on the relevant information, that is,

(A6)

A solution for the and satisfying the market-clearing
conditions defines the LREE. The following proposition characterizes
the LREE in the market.

Proposition 1. The LREE pricing function is given by

(A7)
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(A8)

(A9)

Proof. By definition, 
and Applying the definitions of

conditional expectation, conditional variance, and conditional covari-
ance, given the marketing pricing functions (A7) and (A8), yields

Substituting these results in the asset demand equations (Ala through
A1c) determines asset demands in the two markets. Solving for B
and C by imposing the market clearing conditions establishes the
proposition. ■
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