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Extreme Correlation of International
Equity Markets

FRANCOIS LONGIN and BRUNO SOLNIK*

ABSTRACT

Testing the hypothesis that international equity market correlation increases in
volatile times is a difficult exercise and misleading results have often been re-
ported in the past because of a spurious relationship between correlation and vol-
atility. Using “extreme value theory” to model the multivariate distribution tails,
we derive the distribution of extreme correlation for a wide class of return distri-
butions. Empirically, we reject the null hypothesis of multivariate normality for
the negative tail, but not for the positive tail. We also find that correlation is not
related to market volatility per se but to the market trend. Correlation increases in
bear markets, but not in bull markets.

INTERNATIONAL EQUITY MARKET CORRELATION has been widely studied. Previous
studies! suggest that correlation is larger when focusing on large absolute-
value returns, and that this seems more important in bear markets. The
conclusion that international correlation is much higher in periods of vola-
tile markets (large absolute returns) has indeed become part of the accepted
wisdom among practitioners and the financial press. However, one should
exert great care in testing such a proposition. The usual approach is to con-
dition the estimated correlation on the observed (or ex post) realization of
market returns. Unfortunately correlation is a complex function of returns
and such tests can lead to wrong conclusions, unless the null hypothesis and

* Longin is director of the Department of Research and Innovation at HSBC CCF Group, a
professor of finance at ESSEC and an affiliate of the CEPR. Solnik is a professor of finance at
HEC. We would like to thank David Bates, Michael Brandt, Bernard Dumas, Paul Embrechts,
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at the Bachelier seminar (Paris, October 1997), London School of Economics, INSEAD, Univer-
sité de Geneve, Université de Lausanne, the American Finance Association meetings (New
York, January 1999), the French Finance Association meetings (Aix-en-Provence, June 1999),
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nology (Miinich, November 1999) and the CCF Quants conference (Paris, November 1999) for
their comments. Jonathan Tawn provided many useful suggestions. We also would like to thank
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greatly improve the quality of the paper. Longin benefited from the financial support of the
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its statistics are clearly specified. To illustrate our point, let us consider a
simple example where the distribution of returns on two markets (say the
United States and the United Kingdom) is multivariate normal with zero
mean, unit standard deviation, and a constant correlation of 0.50. Let us
split the sample in two fractiles (50 percent) based on absolute values of
U.S. returns. The first fractile consists of “small” returns (absolute returns
lower than 0.674) and the second fractile consists of “large” returns (abso-
lute returns higher than 0.674). Under the assumption of bivariate normal-
ity with constant correlation, the conditional correlation2 of small returns is
0.21 and the conditional correlation of large returns is 0.62. It would be
wrong to infer from this large difference in conditional correlation that cor-
relation differs between volatile and tranquil periods, as correlation is con-
stant and equal to 0.50 by assumption. Boyer, Gibson, and Loretan (1999)
further show that conditional correlation is highly nonlinear in the level of
return on which it is conditioned. They also indicate that a similar problem
exists when the true data-generating process is not multivariate normal but
follows a GARCH model.

An obvious implication is that one cannot conclude that the “true” corre-
lation is changing over time by simply comparing estimated correlations
conditional on different values of one (or both) return variable. First, the
distribution of the conditional correlation that is expected under the null
hypothesis (e.g., a multivariate normal distribution) must be clearly speci-
fied in order to test whether correlation increases in periods of volatile mar-
kets. This has not been done so far.

In this paper, we study the conditional correlation structure of inter-
national equity returns and derive a formal statistical method, based on
extreme value theory. We can derive the asymptotic distribution of condi-
tional tail correlation, which is not possible for other parts of the distribu-
tion of the conditional correlation. Extreme value theory only provides
asymptotic results, but it offers the benefit that its asymptotic results hold
for a wide range of parametric distributions of returns, not only the multi-
variate normal. An attractive feature of the methodology is that the asymp-
totic tail distribution is characterized by very few parameters regardless of
the actual distribution.

A first contribution of this paper is to provide a method to formally test
whether these correlations deviate from what would be expected under multi-
variate normality. More importantly, this paper contributes to the debate on
market correlations in periods of extreme returns by providing a stark em-
pirical distinction between bear and bull markets. High volatility per se (i.e.,
large absolute returns) does not seem to lead to an increase in conditional
correlation. Correlation is mainly affected by the market trend. We find that
it is only in bear markets that conditional correlation strongly increases;

2 Qur results are obtained from simulations of a multivariate normal distribution and can be
easily replicated. Forbes and Rigobon (1998) and Boyer, Gibson, and Loretan (1999) provide
some analytical derivations.
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conditional correlation does not seem to increase in bull markets. Our em-
pirical distinction between bear and bull markets has potential implications
for asset allocation and portfolio construction, but we do not explore them
here. Although we do not suggest the exact time-varying distribution that
should be used, our results lead to the rejection of a large class of models
that would be inconsistent with our findings. This is the case of the multi-
variate normal distribution with constant volatility and correlation. It is
also the case of a multivariate GARCH process with time-varying volatilities
but constant correlation, in which extreme returns can be generated by dif-
ferent volatility regimes. Furthermore, Ang and Bekaert (1999) show that a
fairly general asymmetric GARCH? also cannot reproduce the asymmetric
correlations that we document. On the other hand, regime-switching models
as proposed by Das and Uppal (1999) or Ang and Bekaert (1999) could be
consistent with our empirical findings. The asymmetric correlation pattern
should become a key property for any multivariate equity return model to
match.

The paper is organized as follows: the first section presents some theoret-
ical results about the extremes of univariate and multivariate random pro-
cesses. It summarizes the main results of extreme value theory and draws
the implications for the correlation of extreme returns. The second section
deals with the econometric methodology, the third section presents the em-
pirical results, and the fourth section concludes.

I. Correlation of Extreme Returns: Theory

Extreme value theory involves two modeling aspects: the tails of the mar-
ginal distributions and the dependence structure of extreme observations.

A. The Univariate Case: Modeling of the Distribution Tails

Let us call R the return on a portfolio and Fj the cumulative distribution
function of R. The lower and upper endpoints of the associated density func-
tion are denoted by (/,u). For example, for a variable distributed normally,
[l = —oo and u = +oo. In this paper, extreme returns are defined in terms of
exceedances with reference to a threshold denoted by 6. For example, posi-
tive #-exceedances correspond to all observations of R greater than the thresh-
old 6 (results for negative exceedances can be deduced from those for positive
exceedances by consideration of symmetry). A return R is higher than 6 with
probability p and lower than 6§ with probability 1 — p. The probability p is
linked to the threshold 6 and the distribution of returns F by the relation:
p =1 — Fr(0). We focus on the case (R > 0) which defines the (right) tail of
the distribution of returns.

8 Our simulations lead to similar conclusions. Analytical results cannot be derived except for
the simplest distributions (normal).
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The cumulative distribution of §-exceedances, denoted by Ff and equal to
(Frp(x) — Fr(0))/(1 — Fr(0)) for x > 6, is exactly known if the distribution of
returns Fy is known. However, in most financial applications, the distribu-
tion of returns is not precisely known and, therefore, neither is the exact
distribution of return exceedances. For empirical purposes, the asymptotic
behavior of return exceedances needs to be studied. Extreme value theory
addresses this issue by determining the possible nondegenerate limit distri-
butions of exceedances as the threshold 6 tends to the upper point u of the
distribution. In statistical terms, a limit cumulative distribution function
denoted by G5 satisfies the following condition: lim,_,, sup,—,,|Fa(x) —
G4(x)| = 0. Balkema and De Haan (1974) and Pickands (1975) show that the
generalized Pareto distribution (GPD) is the only nondegenerate distribu-
tion that approximates the distribution of return exceedances F. The limit
distribution function G is given by

Gh(x) =1— (1 +¢&-(x — 0)/0) %, 1)

where o, the dispersion parameter, depends on the threshold 6 and the dis-
tribution of returns Fj, and ¢, the tail index, is intrinsic to the distribution
of returns Fj (the + operator gives the positive part of the expression in
parentheses).

The tail index & gives a precise characterization of the tail of the distri-
bution of returns. Distributions with a power-declining tail (fat-tailed dis-
tributions) correspond to the case £ > 0, distributions with an exponentially
declining tail (thin-tailed distributions) to the case ¢ = 0, and distributions
with no tail (finite distributions) to the case ¢ < 0.

For a particular return distribution, the parameters of the limit distribu-
tion can be computed (see Embrechts, Kliippelberg, and Mikosch (1997)). For
example, the normal and log-normal distributions commonly used in finance
lead to a GPD with ¢ = 0. The Student-¢ distributions and stable Paretian
laws lead to a GPD with ¢ > 0 and the uniform distribution belongs to a
GPD with ¢ < 0. The extreme value theorem has also been extended to
processes which are not i.i.d. Leadbetter, Lindgren, and Rootzén (1983) con-
sider various processes based on the normal distribution: autocorrelated nor-
mal processes, discrete mixtures of normal distributions and mixed diffusion
jump processes. All have thin tails so that they lead to a GPD with ¢ = 0. De
Haan et al. (1989) show that if returns follow the GARCH process, then the
extreme return has a GDP with ¢ < 0.5.

To summarize the univariate case, extreme value theory shows that
the distribution of return exceedances can only converge toward a gen-
eralized Pareto distribution. This result is robust as it is also obtained for
non-i.i.d. return processes commonly used in finance. Hence, for a given
threshold, the distribution tail in the univariate case is perfectly described
by three parameters: the tail probability, the dispersion parameter, and the
tail index.
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B. Multivariate Case: Modeling of the Dependence Structure

Let us consider a g-dimensional vector of random variables denoted R =
(Rq,Rs,...,R,). Multivariate return exceedances correspond to the vector of
univariate return exceedances defined with a g-dimensional vector of thresh-
olds 6 = (6,,0s,...,6,). As for the univariate case, when the return distribu-
tion is not exactly known, we need to consider asymptotic results. The possible
limit nondegenerate distributions G4 satisfying the limit condition must sat-
isfy two properties:+

1. Its univariate marginal distributions G;ll,[G%z, ... ’GI%Z are generalized
Pareto distributions.

2. There exists a function called the dependence function denoted by Dg,,,
which maps from N9 into N, and satisfies the following condition:

G4(x1,%,...,%,) = exp(—Dg, (—1/log GF. (x1),—1/log G (x,),
., ~1/log G, (x,))). )

As in the univariate case, the generalized Pareto distribution plays a central
role. However, unlike the univariate case, the multivariate asymptotic dis-
tribution is not completely specified as the shape of the dependence function
Dg,, is not known.

When the components of the multivariate distribution of extreme returns
are asymptotically independent, the dependence function D, is character-
ized by:

1 1 1
DGR(y19y27'~-’yq)= —+—+ ...+ — (3)
Y1 Yo Yq
where y; = —1/log Gl%’i(xi). Actually, asymptotic independence of extreme re-

turns is reached in many cases. Of course, when the components of the re-
turn distribution themselves are independent, exact independence of extreme
returns is obtained. But more surprisingly, asymptotic independence is often
reached when the components of the return distribution are not indepen-
dent. An important example is the multivariate normal distribution (see
Galambos (1978, pp. 257-258) and Embrechts, McNeil, and Straumann (1998)).

B.1. Asymptotic Independence and Multivariate Normality

If all correlation coefficients between any two components of a multivar-
iate normal process are different from +1, then the return exceedances of all
variables tend to independence as the threshold used to define the tails
tends to the upper endpoint of the distribution of returns (+oco for the normal

* See Ledford and Tawn (1997). A general presentation of multivariate extreme value theory
can be found in Galambos (1978) and Resnick (1987). Specific results for the bivariate case are
given in Tawn (1988).
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distribution). In particular, the asymptotic correlation of extreme returns
is equal to zero. For example, considering a bivariate normal process with
standard mean and variance and a correlation of 0.80, the correlation is
equal to 0.48 for return exceedances one standard deviation away from the
mean, 0.36 for return exceedances two standard deviations away from the
mean, 0.24 for return exceedances three standard deviations away from
the mean and 0.14 for return exceedances four standard deviations away
from the mean. It goes to zero for extreme returns.

At first, the result of asymptotic independence may seem counterintuitive
and at odds with the traditional view of bivariate normality.? It all depends on
how conditioning is conducted. A slight difference is introduced by condition-
ing on values in the two series, as done in extreme value theory, or on values
in a single series, as done in the introduction of this paper and in most em-
pirical studies. But the major source of difference comes from the conditioning
on absolute values (two-sided) versus the conditioning on signed values (one-
sided). If we condition on the absolute value of realized returns, the condi-
tional correlation of a bivariate normal distribution trivially increases with the
threshold, as mentioned in the introduction. As the normal distribution is sym-
metric, the truncated distribution retains the same mean as the total distri-
bution. But a large positive (respectively negative) return in one series tends
to be associated with a large positive (respectively negative) return in the other
series, so the estimated conditional correlation is larger than the “true” con-
stant correlation. Conditional correlation increases with the threshold (see also
Forbes and Rigobon (1998) and Boyer et al. (1999)). Here, we condition on signed
extremes (e.g, positive or negative). The mean of the truncated distribution is
not equal to the mean of the total distribution. As indicated above, the condi-
tional correlation of a multivariate normal distribution decreases with the thresh-
old and reaches zero for extreme returns. A false intuition would be that extreme
returns in two series appear highly correlated as they are large compared with
the mean of all returns. Extreme value theory says that two extreme returns
are not necessarily correlated, as they may not always be large compared with
the mean of extreme returns.

B.2. The General Case

For the general case with asymptotically dependent components for the
multivariate distribution of extreme returns, the form of the dependence
function is not known, and it has to be modeled.®* A model commonly used in
the literature is the logistic function proposed by Gumbel (1961).7 The de-
pendence function denoted by D, is given by

Dy(y1,¥2,--,5y) = (i V¥ +y VO + Ly Y (4)

5 We are grateful to an anonymous referee for providing useful insights on this issue.
8 The properties of the asymptotic distribution can be worked only out in very special cases.
7 See also Tawn (1988) and Straetmans (1998).
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where parameter «, controls the level of dependence between extreme re-
turns. In the bivariate case (g = 2), the correlation coefficient p of extremes
is related to the coefficient & by p = 1 — a? (Tiago de Oliveira, 1973). The
special cases @« = 1 and « = 0 correspond respectively to asymptotic inde-
pendence (p = 0) and total dependence (p = 1).

Although arbitrary, the logistic model used in engineering studies presents
several advantages: It includes the special cases of asymptotic independence
and total dependence, and it is parsimonious, as only one parameter is needed
to model the dependence among extremes. An attractive feature of the meth-
odology is that the asymptotic tail distribution is characterized by very few
parameters regardless of the actual conditional distribution.

To summarize the multivariate case, extreme value theory shows that the
distribution of extreme returns can only converge toward a distribution char-
acterized by generalized Pareto marginal distributions and a dependence
function. The shape of this function is not well defined. Consistent with the
existing literature, we use the logistic function to model the dependence
between extreme returns of different markets. The case where returns are
multivariate normal leads to a limit case of the logistic function where the
asymptotic correlation of extreme returns is equal to zero. We estimate the
dependence function and test whether the correlation of extreme returns is
equal to zero.

I1I. Correlation of Extreme Returns: Estimation Procedure

The choice of the threshold value is first discussed. The estimation method
for the parameters of the model is then presented.

A. Optimal Threshold Values

The theoretical result about the limit distribution of return exceedances
exactly holds when the threshold 6 goes to the upper endpoint u of the dis-
tribution of returns. In practice, as the database contains a finite number of
return observations, the threshold used for the estimation of the model is
finite. The choice of its value is a critical issue. On the one hand, choosing a
high value for 6 leads to few observations of return exceedances and implies
inefficient parameter estimates with large standard errors. On the other
hand, choosing a low value for ¢ leads to many observations of return ex-
ceedances, but induces biased parameter estimates, as observations not be-
longing to the tails are included in the estimation process. To optimize this
trade-off between bias and inefficiency, we use a Monte Carlo simulation
method. Return time series are simulated from a known distribution for
which the tail index can be computed. For each time series, the tail index
value is estimated for different threshold levels. The choice of the optimal
value is based on the mean square error (MSE) criterion, which allows one
to take into account the trade-off between bias and inefficiency. The proce-
dure is detailed in Appendix 1.
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B. Modeling of the Tails of the Marginal Distributions

The model presented in the previous section is multivariate. In the em-
pirical study, we deal with bivariate models. This choice is justified by a
theoretical result that demonstrates that multivariate independence can be
tested using bivariate pairs of variables (see Tiago de Oliveira (1962) and
Reiss (1989, pp. 234-237)).

Following Davison and Smith (1990) and Ledford and Tawn (1997), the
limiting result about the distribution of exceedances presented in Section I
is taken to derive a model of the tails of each marginal distribution. Con-
sidering return exceedances defined from returns R, and R, in two markets
with thresholds 6; and 6,, the tail of the distribution of each return R; de-
noted by Fy for i = 1 and 2 is modeled as follows:

Fzgii(xi) =1 -p) +pi‘Gf?ii(xi) =1—p;-(1+&-(x; — 0,)/0) %, (5)

which simply expresses that a return R; either does not belong to the tail
with probability 1 — p; or is drawn from the limit univariate distribution Gfgi
of positive return 6;-exceedances with probability p,. In other words, for a
return that does not exceed the threshold 6; the only relevant information it
conveys to the model is that it occurs below the threshold, not its actual
value. In the construction of the likelihood function, a return R; below 6; is
considered as censored at the threshold.

C. Modeling of the Dependence Structure

Following Ledford and Tawn (1997), the dependence function associated
with the distribution of returns Fy is modeled with the logistic function D,
given by equation (4). The model Ff of the bivariate distribution of return
exceedances is given by

Ffi(x1,%5) = exp(—D,(—1/log Fg: (x1),—1/log Fg2(x5))). (6)

For given thresholds 6; and 6, the bivariate distribution of return exceed-
ances is then described by seven parameters: the tail probabilities (p; and
Ds), the dispersion parameters (o and o) and the tail indexes (¢; and &,)
for each variable, and the dependence parameter of the logistic function («)
or equivalently the correlation of extreme returns ( p). The parameters of the
model are estimated by the maximum likelihood method. Details of the con-
struction of the likelihood function are given in Appendix 2.

III. Correlation of Extreme Returns: Empirical Evidence

We estimate the multivariate distribution of return exceedances and test
the null hypothesis of normality focusing on the correlation of extreme returns.
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A. Data

We use monthly equity index returns for five countries: the United States
(US), the United Kingdom (UK), France (FR), Germany (GE), and Japan
(JA). Data for the period January 1959 to December 1996 (456 observations)
come from Morgan Stanley Capital International (MSCI). A description of
the data can be found in Longin and Solnik (1995).

B. Threshold Values

We consider return exceedances defined with various predetermined thresh-
old levels: =0 percent, +£3 percent, =5 percent, £8 percent, and £10 percent
(percentage points) away from the empirical mean of each country. In se-
lecting large thresholds, we are constrained by the fact that there are very
few monthly observations below —10 percent or above +10 percent.

We also consider return exceedances defined with optimal thresholds (see
Appendix 1). Optimal threshold values are different for the left tail and the
right tail of the return distribution. For example, considering the United
States, it is optimal to use 25 negative tail observations corresponding to a
threshold of —6.12 percent for the left tail, and 18 positive tail observations
defining a threshold of +7.21 percent for the right tail. Optimal threshold
values also depend on the country. For example, considering the left tail, the
following numbers of negative tail observations with the corresponding thresh-
old values in parentheses are: 25 (—6.12 percent) for the United States, 16
(—9.68 percent) for the United Kingdom, 18 (—8.38 percent) for France, 16
(—7.84 percent) for Germany, and 16 (—8.53 percent) for Japan. On average,
around 20 to 30 tail observations are used representing a proportion of 4-5
percent of the total number of return observations (456).

C. Estimation of the Parameters of the Model

We use a bivariate framework, looking at the correlation of the U.S. mar-
ket with the other four markets separately. Hence, we have four country
pairs: US/UK, US/FR, US/GE, and US/JA. We start with a maximum-
likelihood univariate estimation for each country. The estimated param-
eters, plus the sample unconditional correlation, are then used as starting
values in the maximum-likelihood bivariate estimation.

Tables I to IV present the estimation of the bivariate distribution of return
exceedances of predetermined and optimal values for the threshold 6. Esti-
mated coefficients are presented in Panel A for negative return exceedances
(return lower than the threshold #) and in Panel B for positive return ex-
ceedances (returns higher than the threshold #). The estimate of the tail
probability p is close to the empirical probability of returns being lower or
higher than the threshold considered. For example, the estimated value of
the probability pYS of U.S. monthly returns lower than § = —3 percent is
equal to 0.194 with a standard error of 0.018 whereas, over the period Jan-
uary 1959 to December 1996, there are 86 out of 456 monthly returns under



The Journal of Finance

658

[g50°0] [gzo0] [000°0] [000°0] (2L0°0) (681°0) (L2g°0) (L10°0) (¥s1°0) (06%°0) (¥10°0)

9865 e¥5's 189'L evT'EL £95°0 16T°0 166G 091°0 LST'0 6723 9010 %G—
[£00°0] [900°0] loooo]  [000°0] (81T°0) Fvz0)  (FLOT) (T10°0) (0¥z'0)  (106'0)  (800°0)

80L'% £99'L 01€'S 8ET¥¥ 009°0 971°0 035'¢ 2900 671°0 8ELG ¥€0°0 %8~
[000°0] [100°0] loooo]  [000°0] (TeT°0) (Tre0)  (8eg’1)  (600°0) (L69°0)  (296°0)  (900°0)

gLge e8e'T1 09T°g 99798 9L9°0 920 881°¢ 0%0°0 6L9°0 08%'1 9100 %0T ~

S90URPIFOXY WINIIY oAljeSoN 'V [oued

1591 M 1801 W1 91 M 93 YT MD\mDQ. sn? sn®? MDQ wa sn”® mDQ 6
@v@i =d:°g 0 =25d =d:°g [PPOIN @Y3 JO siojowreied proyseay,J,

"S1eY[oRI( U MO[q USALS ate $159] oY} Jo senyea d oYJ, “IN0 PILLIR) oIB
JUSIATJJO00 UOTJB[OII00 93 UO (159 M) 1597 P[BA B PUR ‘[9POW POUTRIISUOIUN 93 pue (9sed a[dwres-97Turj ay3 ul Sv.ﬁi = d pue esed on1jojdwsse
9y} Ul O = fond = d) [9pPOW PAUIBIISUOD 9YJ U9omIaq (3593 ') 1591 OI3BI POOYI[ANI] B Y0 'SUINIeI A[YJUOW JO XLIJBUWI 90UBLIBAOD PUBR SUBSOW
paaresqo Afpeoriidure ayj3 0 [enbe siejewrered Yiim UOTINGLIISTP [BULIOU-9)BLIBAIQ B MO[[0] SUIN}al A[YJUowW ey} Surunsse uonenuis £q panduwod
ST Amﬁh\i £q pajousp ‘g PIOYSeIY] 93TUL] USALS B I0A0 SOIUBPIXS UINJSI JO UOIJR[a.LI0d oY) ‘eseo ajdwres-ejiuly oyj uy ' 03 [enbe A[[eonjeiosyl
ST ‘10yd Aq pejousp ‘Ajruryur 03 JUIpUe] SPIOYSSAY] JO S9OUBPIIIXD UINISd [BULIOU JO UOIJR[A.LIOD 91} ‘@seo d1j03durAse oyj uj ‘osed ajduwres-ojrury
9y} pue ased 21109dwASE 9] :PAISPISU0D BIB SISBI OM], 'PaIsa) ose st “““d = d :0f1 Lyeuniou Jo siseyjodAy [[nu oy, ‘seseyjueied ul moleq
UBAIS 8B SIOLI® PIRPURIS "SUINJSI SWLIIXe UsomIeq dduspuadep oY) [opow 03 pesn uorjouny 219s130] 8y} JO d SEdUBPSIIXS UINJAL JO UOIJB[LIOD
o} pue ‘AI13Unod yoes I0J $ Xopul [Ie} 9y} ‘0 Jeojowrered uolsiadsip oy} ‘d Ajfiqeqord [re} oy} :pojewWI}se ate siojowrered usssg ‘Joued yoeo
Jo aur[ 1sB[ 9y} uo WopSuTy Pelru[} oY3 puer so1Blg PalIu() oYj 10J ueals are Loy ], ‘T x1puaddy ul pequiosep aunpeoosd ay3 £q pendwod ae s[eAs]
rewndQ (yn8 = gn6 = 6 SOLIIUN0O 0M} B} I0J USHE] USYY ST § JO ON[BA SWES 9Y3) SUINJOI A[YIUOW JO SUBSW PoAIesqo A[[edriidure oy} woay Leme
jueoted )T F pue ‘quedred gF ‘Quedtad ¢F ‘quedrad ¢F ‘quedrad () :aae (sjutod aSejussied se pauIJop) S[EAS] POXL] "¢ 10] Posn axe s(ase] [ewrido pue
Pox1J yiog "¢ PIOYSaIY) B YIIM POULJOP 818 S80UBPIIXS WINJeY '(SeIUBPasdxs wingal aanIsod J0J g [oUBJ pUB S9IUBPISIXS WInjad 9AT3R3aU 10]
[ouURJ) SPOUBPILIXS WINGSI "3'[] PUB "S’[] JO UOINQLISIP 9IBLIBAIQ 9Y) JO siojowered oY) JO S9JBUWIIISO POOYI[YI] WNWIXRW 9] SOALS 9[qe] ST,

S9OUBPISIXY WINISY "Y°'[] PUR 'S’} JO UOIINLI)SI(] d)eLIeAlq oY} JO UOI}BWIISH

1°198L



659

International Equity Markets

[L%°0] [¥e¥°0] [650°0] [900°0] (021°0) (#9¢°0) (9%9°0) (810°0) (161°0) (526°0) (600°0) %0L°9+
FIL0— 319°0 988'T 889°L 9%%°0 4l 677'% 960°0 99%°0— 0%0°¢ 6200 %1% L+
[e16°0] [036°0] [sLz°0] [eg00] (gL1°0) (85%°0) F¥¥%'3) (L00°0) (L89°0) (116°0) (500°0)
01IT0— 010°0 %60°T 135% 68T°0 06€°0 89%'% €200 L1€0 9L6°0 €100 %01+
[¥66°0] [¥66°0] [9g0°0] [300°0] (0%1°0) (g2€'0) (196°0) (010°0) (30€°0) (192'1) (L00°0)
L00°0— 10070 £60'% GLL'6 €650 8¥G°0 e8¥'G 9700 $05°0— 688G €300 %8+
[352°0] [199°0] [000°0] [000°0] (060°0) (&%1°0) (26%°0) 910°0) (gsT°0) (38L°0) (210°0)
99¢°0— S0%°0 000% 81073 09€°0 01€0 SL¥'G BET0 66T°0— 96T°¢ 3L00 %G+
[161°0] [eg170] [000°0] [000°0] (g90°0) (180°0) (£9¢€°0) (030°0) (L3T°0) (60€°0) (610°0)
808 T— gh0g 189G ¥%5°6¢ €680 6ST°0 £G8'G $5%°0 S0T°0 116'T L1%°0 %E+
[390°0] [820°0] [000°0] [000°0] (180°0) (880°0) (293°0) (€20°0) (g%0°0) (2930 (€30°0)
£98'T— L6%F LET'8 98T°LG SI¥'0 3100 $€6'€ $25°0 9GT°0— 207'¢ $69°0 %0
SOOUBPISIXF WINIOY 9ATIISO] :{ [oued
[¥%0°0] [zeo0] [000°0] [000°0] (131°0) (25 40) (yLe'1) (600°0) (613°0) (189°0) (TT0'0) %896
310G 909°% LLLY £6€'9¢ 8160 98%°0 1665 980°0 8LT°0 8GV'G 950°0 19—
[L59°0] [L8%°0] [000°0] [000°0] (g%0°0) (090°0) (3L€°0) (€20°0) (€%0°0) (9L3°0) (820°0)
90 ¥87°0 SLLTT 150031 0850 L10°0— G6TH 9L¥ 0 $70°0— LEY'E 9LY0 %0
[o10°0] [g10°0] [000°0] [000°0] (g50°0) (€80°0) (6S%°0) (810°0) (080°0) (20%°0) (810°0)
¥952 19%°9 L3S 0T 288°501 6LG°0 L80°0 869°¢ $61°0 €100 GL0'E $61°0 %E—



The Journal of Finance

660

[ze070] [€z00] [000°0] [000°0] (92£0°0) (901°0) (¥6€°0) (810°0) (831°0) #0¥%°0) (g10°0)

AN 69T1°G L8T9 16769 $LY0 L0T°0 38G°% 981°0 08170 eI1'g T1T°0 %G—
[100°0] [100°0] [000°0] [000°0] (LTT°0) (8%2°0) (886°0) (110°0) (202°0) (008°0) (600°0)

L6T'E 89%°0T 715G 8SV Y L19°0 LET0 0eT'€ LG0°0 881°0 6973 G80°0 %8—
[000°0] [000°0] [000°0] [000°0] (980°0) (00%°0) (985°2) (800°0) (819°0) (3901 (900°0)

938°L 01993 9286 133G S¥8°0 BL00 GLTY 630°0 L0 ve1 910°0 %01 —

S00UEBPaYOXY UINGeY dA1jeSaN 'Y [oued

1S91 M 1803 U1 1591 M 1893 W1 ax/sn? wa? aa? w29 sa? sn? sad 6
Qv%wq =d:°g 0 = fo5d = d 0 [OPOIA Y3 JO siojowrered proyseay,,

'$793[0RI( UL MO[9q USALS aae
$1597 913 JO sonyea d 9], "JN0 POLLIBI 918 JUSIOIJJO0D UOIJR[LIOD 81} UO (1501 A\) 159) P[BM B PUR ‘[OpOW PaUIRIISU0IUN oY) pue (9sed o[dures-o)IuLy
o) ur Qv.@:q = d pue aseo o1j03dwdse 9y} Ul () = (250 = ) [OPOW PoUTRIISUOD 9] Usam]aq (1593 YI) 1593 OIjeL POOYI[SYI] B Yjog ‘SUINIel A[yIuout
JO XLIJBW 9JUBLIBAOD PUB SUBOW PaAIasqo A[[eoLiidure a3 03 [enbe sisjowesed Yiim UOTINLIISIP [BULIOU-9)RLIBAIQ B MO[[0] SUINaL A[YIUoW Jey3}
Sutwnsse uonenuis Aq penduwoo st AS.@Q £q pajouap ‘g POYSOIY] 93IUIJ USALS B I9A0 SOUBPIIIXS UINJDI JO UOIJR[A.LIOD 9Y] ‘osed ojdwres-a31uly
ay3 u ‘() 03 [enbe A[[Bo130100Y] ST ‘{;d Aq pejousp ‘AJTurjul 03 SUIPUS] SP[OYSAIY] JO S8OUBPIIIXS UINJal [RULIOU JO UOIIB[OIION 9} ‘@sed d1303dwAse
a1} uj -esed ajdwes-ajIul] aYj} pue ases o1303dwAse 9} :PIISPISUOI dIB SISBI 0M], 'PoIse] os[e ST “““d = d O Ayeuwriou jo siseyjodAy [[nu ay],
‘sesoyjuated Ul m0[oq UALS oJe SIOLIS PIBPUR]S 'SUINOI SWAI)Xd Usomiaq souspuedep o3} [opow 03 pasn uorouny o13s13o] ay3 Jo d Se0UBPOSIXD
WINJoI JO UOTJR[SII0D 9] PUB AIIUN0D UYoBa 0] 3 Xapul [Te] a3 ‘0 Jejewresed uolstadstp ay3 ‘d L317Iqeqoad [18) o) :pajewIIse adr siejowreed Uoreg
‘Toued yoeS JO SUIJ 1S€[ O3 UO 2DURI PUB S9IBIS PajIu() oY} I0] UoALS ate Aoy, ‘T XIpuaddy Ul pequiosep ainpedold oY) Aq pendwioo oae S[eAd]
TewndQ (440 = g = § :SOLIUNOD OM] BY3 I0J USR]} USY} ST ¢ JO SN[BA SWES dYJ) SUINJSI A[YJUOW JO SUBSW POAISS|O A[[edlIIduwd 8y} Woly Aeme
quaotad 0T F pue ‘yuediad gF “Quediad gF ‘quedred g¢F ‘quediad () :oae (sjurod aSejusdsed se pouLjep) S[EAS] POXI] ‘g 0] pesn aae s[aad] [ewrdo pue
Pox1J Y10g 9 PIOYSOIY} B YIIM PIULJOP St SeOUBPISIXS WINJSY "(SOIUBPIIIXS UINjal 9A1Isod 10 g [oUBJ PUB SEOUBPILIXS WINJel 9AIjRSaU I0f Y
[oueJ) SeoUBPasIXe UINJal YoUSL] PUR 'S[) JO UOTINQLIISIP 9)eLIBAIQ 9] JO SIojoweled oY) JO S9JBWI)Se POOYI[EYI] WNWIXBW 93 S9ALS o[qe) SIY],

SOOUEBPOIIX] WINY YOUdL] puUe 'S°() JO UOHINYLIISI(] 2JBLIBAIY 9Y) JO UOIIRWIISH
II °1q®.L



661

International Equity Markets

[38g0] [s0%°0] [L92°0] [080°0] (S01°0) (L1€°0) (o11'"m) (600°0) (L0Z°0) (606°0) (010°0) %066+

$18°0— G690 TIT'1 890°¢ 911°0 G60°0 0783 1%0°0 £93°0— 818G 150°0 1%L+

[tg6°0] [8g6°0] [263°0] [¥50°0] (181°0) (ee¥'0) (g66°0) (800°0) (L69°0) (3L8°0) (500°0)

980°0— 900°0 €50°T 669°¢ 6ST°0 8%8°0 9003 $€0°0 0380 986°0 €10°0 %0T+

[ogg 0] [g9¢°0] [zgz 0] [9g0°0] (B11°0) (812°0) (898°0) (110°0) (£63°0) (L1371 (L00°0)

€L6°0— 6180 9611 859°¢ $81°0 650°0 L80°¢ 190°0 LLG0— £08'G $30°0 %8+

[L9%°0] [¥L%°0] [g00°0] [000°0] (880°0) (911°0) (62%°0) (810°0) (95T1°0) (¥8L°0) (210°0)

L3L0— 310 L08'% Geg3T L¥%0 $L0°0 099'G 981°0 10%°0— 981°¢ 1L0°0 %G+

[9%T1°0] [¥s10] [000°0] [000°0] (990°0) (290°0) (16€°0) (330°0) (831°0) (018°0) (610°0)

GGV I— 180°G 000'% 60L°0% $9%°0 690°0 0L8°¢ 1180 $01°0 $06'T 9130 %E+

[%01°0] [680°0] [000°0] [000°0] (950°0) (0%0°0) (62%°0) (830°0) (L¥0°0) (023°0) (820°0)

Ge91— 988G 961°9 e15°9¢ L¥€°0 S1Z°0— 68G°G 96%°0 8GT°0— 98¢ G250 %0
S90UBPIIIXY UINJIY SAIYSOJ ' [oUuBg

[000°0] [000°0] [000°0] [00070] (801°0) (g8€°0) (682'T) (600°0) (002°0) (L89°0) (010°0) %888~

896'¢ 9GT'¥1 1189 80€°€S 389°0 L9T°0 98%°¢ 0%0°0 GLT0 $88°% €500 19—

[3gz°0] [#9%°0] [000°0] [000°0] (8%0°0) (1%0°0) (¥8¢°0) (820°0) (6%0°0) (01€°0) (£20°0)

iant 9850 10301 19%°96 £67°0 8TT0— 0%0°S $0G°0 380°0— 799°¢ LEV0 %0

[g10°0] [920°0] [000°0] [000°0] (190°0) (120°0) (19¢°0) (120°0) (#80°0) (9%%°0) (610°0)

567G 896'F £6¢'8 938°6L 3150 G000 19¢'¢ L0€0 0100 $0%°8 3030 %g—



The Journal of Finance

662

[goo0] [300°0] [000°0] [oo070] (620°0) (921°0) (195°0) (910°0) (ev1°0) (129°0) (610°0)

L31°8 310°0T 8199 09G°89 L0G°0 %600 £80°¢ %810 651°0 A &4 0110 %SG—
[o10°0] [%00°0] [000°0] [000°0] (831°0) (L€°0) (698°0) (010°0) (90%°0) (698°0) (800°0)

918G G9¢'8 960°% SIG'¥¢ 310 $0%°0 060'3 €500 G810 9LV'G 1800 %8—
[100°0] [100°0] [000°0] [000°0] (091°0) (LL8°0) (626'%) (L00°0) (ggz'1) ((Z4<H0) (900°0)

GLE'E 99611 00T'% 13363 9990 LY1°0— 308G $30°0 $95°0 eeg'T 9100 %01 —

S9OUBPIAIXY WINYSY 2ar3edoN 1y [oued

I M ISNYT M IIUT gosmnd ao? an? aod sn? sa® snd 0

Qv.xqu =d:°yg 0= fond = d :°g [9POIA @Y} JO siojowirIR] proysaayy,

*S1930RI( Ul MO[9q USALS oae
$1503 93 JO senfeA d oY, *}N0 PALLIBI 818 JUSIITJJO0d UOIJR[.LIOd 81} UO (3593 A\) 1591 P[EA B PUR ‘[9POUW PaUTRI}SU0IUN ay) pue (ased sjdures-99Tur]
a3 ur QX@Q = d pue aseo 01303dwWASE 9] Ul () = (op¢d = J) [OPOW PaUTRIISU0D Y} Usam)aq (3597 Yr]) 1503 0.l PooyI[eyI] B Yjog 'SUIN}al A[Yjuowx
JO X1IJBW 9OUBLIBACD PUB SUBSW PaAtesqo Afpeoriidue ayj 03 [enbe siojouwrered yjrm UoIINqLIISIP [BULIOU-9JBLIBAIQ B MO[[0] SULINJAX A[YjUuowW JeY)}
Surwmsse uorje[nws £q payndwod st ‘(g):7/d £q pajousp ‘g PIOYSAIY) AIULJ UDALS B I9A0 S9IUBPISOXS UINJAI JO UOITRIALIOD S} ‘Osed o[dures-ajrury
ayj uj ‘() 03 [enba A[[BI138100Y] ST ‘{opd Aq pejousp ‘Ajruryul 03 SUIpUS] SPIOYSAIY]) JO SEIUBPIIXS UINJAI [BULIOU JO UOITR[a.LI0 913 ‘osed orjojduLse
oy} ujJ -osed ojdwres-eTur] 9y} PUB 95k d1303dWASE Y} :PAISPISU0D SIB S9SEd 0M], 'PIISe] os[e st “*¥d = d O Ayeuniou jo siseyjodAy [[nU BYJ,
‘sesajueted UT MO[aq USALS I8 SIOLIS PIEPUER)S SUINJSI SWIAI)XS Usam)iaq aouspuadep oY) [9pow 03 Pasn Uorduny 919srS01 oy} Jo d S9IULPIIIXD
WINjed JO UOTJB[A.LI0D 9Y] PUB AIJUN0D [OBS 0] ? Xopul [1e] 8] ‘0 1ejeweted uorsiadsip a3 ‘d A1111qeqoad [re} 8] :paojewI}se aJe siojowreied Usreg
‘Toued yoes Jo aul| SB[ 8} U0 AUBULISY) PUR S8)B}G Pojru) oY) J0J uaarsd are Loy, ‘T xrpueddy ur paqLidsep aanpedoid oy Aq peynduiod aie sfeas]
rewndQ (gob = gn6 = 6 :SPLIJUNOD 0M} 9} 10} USYE} U] ST ¢ JO ON[eA SWES dY}) SUINGSI A[JIUOW JO SUBSW PIAIdSqo A[[edrridwe oy} Woly Aeme
queosed 0T F pue ‘qusdred gF ‘quedrad gF ‘quedred ¢F ‘quediad () :aae (sjurod agejusdied se pauIJep) S[OAS] POXI] "¢ I0] pPash aae s[eas] [ewrydo pue
Pex1J yiog ‘9 PIOYSOIY] B YIIM POULJOP SIB S9OUBPOSIXe WINJYY '(S8ouBpasdxe uInjel aAnisod 10 g [oUBJ PUB SeOUBDPOIIXS UINJod 9A1IR30U I10] Y

[UB ) SOOUBPIIIXS WINGSI UBULISY) PUR ‘Q'[) JO UOIINLISIP 9JBLIBAIQ 93 JO SIojoureled ay) JO S9JRUWI}SO POOYI[NI] WNWIXBW aY} SOALS o]qe] SIY],
S9OUEBPIIIXY UINJIY UBULIIY pUR *S°() JO UOHNLIISI(] dBLICALE 91} JO UOL)eWIISH
111 1981



663

International Equity Markets

[99¢°0] [06€°0] [6%¥0] [28¢°0] (%01°0) (taz4) (018'T) (600°0) (9L1°0) (096°0) (600°0) %106+

$06'0— 0¥%L0 LSL0 $8VL°0 8L0°0 £85°0— 888°¥ %00 evg0— yLI'E 0%0°0 1%L+

[¥sL°0] [¥12°0] [666°0] [666°0] (0L8°0) (30g"0) #L8'1) (600°0) (96L°0) (318°0) (900°0)

$18°0— Ghe'T 000°0 100°0 000°0 11S°0— 826°¢ 1€0°0 9L80 6£6°0 $10°0 %01 +

[got°0] [e1T°0] [8¥8°0] [866°0] (#01°0) (€33°0) (Z61°1) (010°0) (8320) (L3T'1) (800°0)

Ge9'T— 8¥'G %61°0 100°0 0300 €L 0— 690°% £50°0 9%5°0— 0L9G 930°0 %8+

[gg%°0] [gz¥0] [¥20°0] [$10°0] (680°0) (9%1°0) (829°0) (910°0) (BLT0) (£28°0) (110°0)

86L°0— 1890 S (AN4 860'9 681°0 £60°0— 0288 e10 61%°0— 918°¢ 890°0 %G+

[Lz0°0] [630°0] [z10°0] [900°0] (990°0) (660°0) (28%°0) (020°0) (L11°0) (G22°0) (030°0)

31536 — FLLY 0093 G97°L Go91°0 G0T°0— 829'¢ LSZ0 3310 99L°T 6620 %e+

[960°0] [%0°0] [000°0] [000°0] (090°0) (690°0) (L6€°0) (820°0) (8%0°0) (g63°0) (€20°0)

L99°T— SIT'Y 009'% 8¥¥'61 9L%°0 0¥1°0— $e¥'y 1160 GLT0— £69°¢ 1150 %0
S90UBPIIIXY UINISY 9ANISOd g [oued

[L30°0] [810°0] [000°0] [000°0] (#21°0) (%29°0) (016'T) (600°0) (L81°0) (259°0) (810°0) %B¥8 L~

0133 S¥9°g 168°¢ 19T°3¢ %870 09z°0 201'¢ €700 eST°0 1983 090°0 19—

[633°0] [g33°0] [000°0] [0000] (6%0°0) (050°0) (L¥€°0) (820°0) (1%0°0) ((240)] (820°0)

$03'T 881 818°8 90L°18 A} §90°0— elel s 4 6870 $€0°0— JANS £05°0 %0

[1%0°0] [ze0°0] [000°0] [000°0] (€90°0) (01°0) (#0%°0) (020°0) (90°0) (9%£°0) (610°0)

870G 96G°¥ $86°9 ¥¥L°89 0790 060°0 $88'% $9%°0 9100 98L°G 1020 %e—



The Journal of Finance

664

[$g0°0] [L3070] [000°0] [000°0] (180°0) (L21°0) (395°0) (L10°0) ($91°0) (033°0) ($10°0)

£e1'% 888°% §%0°F 920°G3 9380 8100 S1%'¢ 8GT°0 8LT°0 988'% 00T°0 %G~
[980°0] [L%0°0] [z10°0] [000°0] (g21°0) (091°0) (026°0) (110°0) (882°0) (696°0) (800°0)

SIL'T $86°¢€ %1% 3L0'E1 6080 G60°0— 16L°€ $90°0 691°0 VLG $€0°0 %8—
[zgo 0] [L00°0] [210°0] [000°0] (651°0) (981°0) F¥0'1) (800°0) (L99°0) #z1'1) (900°0)

SPIG 08¢°2 9152 29381 00¥%°0 €L0°0— 9%¢'¢ 980°0 29L°0 1861 9100 %01 —

S90UEBPaROXY WINeY aA1eSoN Y [oued

M R AT 1591 M 13 AT ve/sn? ve? ve? vrd sn? sn®? snd 6
Qv%wu =d:°g 0=ind =d:°H [®POIA Y3 JO siejoureted proyseayj,

‘S10¥9RIq Ul MO[9( USALS oJe §31899) oY} Jo senfea d
oY, N0 PALLIED 818 JUSIIIIIS0D UOTIE[LI0d Y3 UO (3189} M) 1591 P[EM B PUB ‘[9POW paurensuodun oYy pue (esed sjdures-syrury ayy ur (9).,d
= d pue ased d1101dwise oyl Ul () = (50 = J) [9POW PAUTRIISUOD Y] UseM)aq (397 Y']) 1503 OIJRI POOYI[ANI] B YJ0og 'SUInjel A[JUOW JO XLIJeUL
S0UBLIBAOD PUB SUBSW PIAISS(O A[[edtirduwie a3 03 [enbe siejouwesed yiim UOTINQLIISIP [BULIOU-9)BLIBAIQ B MO[[0] SUINJad A[YIUOW JBY] SUTWINSSE
uonje[nuIrs Aq payndwod st ‘(9):}'d £q pojousp ‘g PIOYSSIY] 9ITUI] USALS B JOAO S9OUBPIIIXe UINJSd JO UOIR[A.LI0D 9] ‘@sed a[duwres-a931ul] 8y uy *( 09

s
[enbe A[[eor3e10ay) st ‘2pd £q pajousdp ‘Ajrurjul 03 SUIPUL] SPOYSSIY] JO SSOUBPISIXS WINJS [RULIOU JO UOTJB[SLI00 9] ‘9sBd o1jojdwidse ayj uJ ‘osed

AsD
a[dures-e31ur} o3 pue 9sed 21303dWASE oY) :POIOPISUOD dIB SOSBI OMT, "PoIse] os[e st ““d = d :0 Ljrreuriou jo siseyjodAy [[nu oy, seseyjuaied
Ul MO[8q USAL3 aIe SJI0II0 PIBPUBIS SUINAL SWLIIXe Usdam]aq sdouspuedep oyj [9poUl 03 pesn U0IOUNJ o1sI30] 8Y3 Jo d S80UBRPESIXe UINJad JO
UOTIR[OLIOD Y] PUB AIIUNOD [OBS J0] 3 Xapul [1e} 9yj ‘0 Jejewered uorstedsip o3 ‘d £j1[iqeqoid [1e} oY) :pejeuIIse aie siojeweted ueasg [oued
[oee Jo aurf 3se] oy} uo uedepf pue sejelg pejru[) ayj 10J ueald ate Loy ], ‘T xtpueddy ur paqriosep ainpadoid syl £q peindwiod aie s[ead] [rwnid()
(ypf = gnf = 0 SOLIFUNOD OM] 9} I0F USI B} USYY SI ¢ JO ON[BA SWES 9Y3}) SUINISI A[YJUOUL JO SUBSW POAISS]O A[[eorardwe oy} wolj Aeme jusdied
01 F pue “queoied gF “qusdored gF ‘quedied g¢F ‘yusoted () :are (sjurod e3ejusdied sk pauljep) S[OAS] POXI '@ JI0] Posn ale s[oas] [ewrydo pue paxiy
30q ‘9 PIOYSOIYI B YIIM POULJOP SI8 SeIUBPISIXd WINnjey °(SeouBpesdxs uinjed aanisod J10j g [oUBJ PUBR SeIUBPISIXS UINjed 9A13e3eU JI0] YV [oUB])
$90UBPILOXd wIngel oseuedep pue 'Q'[) JO UOIINQLIISIP 9IBLIBAIQ 93} JO siejouwrered () JO S8JRUINISO POOYI[ENI] WNWIXRW 8Y) SoAlS o[qel SIYJ,

S9OUBPIIIXY UIN)IY Isouedep pue ‘S'() JO UOINQLIISI(] dICLIBALY Y} JO UOTIBWIISH
Al °lq&L



665

International Equity Markets

[69g°0] [gL9°0] [og¥ 0] [o1g 0] (660°0) (692°0) (@y1'1) (600°0) (192°0) (€6L°0) (800°0) %L% 0T+
699°0— GLT0 88L°0 %80T LLO0 9L3°0— 98%°¢ 68070 80%°0— LST'E L€00 1%L+
[ez80] [e18°0] [350] [22% 0] (e%1°0) (693°0) (#L31) (800°0) (L82°0) (998°0) (00°0)

$2%°0 §50°0 9€9°0 $%9°0 160°0 G98°0— 0¥9'¢ £80°0 $5€°0 0%0'T $10°0 %01+
[918°0] [¢¥8°0] [0zg 0] [L2%0] (311°0) (g81°0) #101) (110°0) (¥2€°0) (0L3'T) (L00°0)

%8%°0— 8€0°0 £¥9°0 1€9°0 %L00 90€'0— G18'¢ 6500 %6%°0— 996'% §%0°0 %8+
7L 0] [ezL 0] [8g0°0] [¥10°0] (880°0) (0%1°0) (882°0) (910°0) (LLT°0) (86L°0) (210°0)

0880 9310 0802 001°9 €810 PLT0— L36°S 9810 661°0— 0LZ'¢ 0L0°0 %S+
[sLe0] [L6%0] [$10°0] [900°0] (290°0) (001°0) (605°0) (020°0) (131°0) (162°0) (610°0)

188°0— 09%°0 89%°% G69°L £8T°0 S0T'0— gIL'e 0$8°0 ZIT°0 6328'T 8030 %S+
[811°0] [112°0] [g00°0] [100°0] (950°0) (80°0) (182°0) (€20°0) (9%0°0) (292°0) (€30°0)

196 1T— £9G'1 000'¢ e¥L 01 1LT0 LI 0— 08S'¥ 6050 SH10— 99%°¢ 1150 %0

SOUBPIIIXY WINISY 9AINSOJ ' [oued

[ter 0] [220°0] [800°0] [000°0] (L1T°0) (041°0) (L81'1T) (600°0) (€L1°0) (682°0) (600°0) %8G'8—
1191 L31°¢ 6992 G%9v1 11€°0 6%1°0— 900% £%0°0 8G1°0 099'% 0500 19—
[80L70] [e%8°01 [000°0] [000°0] (950°0) (g50°0) (8L€°0) (830°0) (L¥0°0) (962°0) (€30°0)

SLE0 0%0°0 810°S 18L°6% 182°0 960°0— g8g'¥ 1690 L¥0°0— 91G'g L8¥%0 %0
[61°0] [9gz°0] [000°0] [000°0] (690°0) ($80°0) (815°0) (020°0) (¥80°0) ((4540)] (610°0)

081 7091 618°% $%9°6% 86570 %80°0— 360°% 6€5°0 $10°0 g80'E G61°0 %E—



666 The Journal of Finance

—3 percent, leading to an empirical frequency of 0.189. The dispersion pa-
rameter and the tail index are not estimated with great precision. The sign
of the tail index for high threshold values gives some indication regarding
the type of asymptotic distribution of extreme returns: the estimates of the
tail index are mostly positive for the U.S., the U.K., and the French mar-
kets,® and mostly negative for the German and Japanese markets. However,
none of these results can be considered statistically significant.

Results for the correlation coefficient of return exceedances are particu-
larly interesting: The correlation seems to be influenced both by the size and
the sign of the thresholds used to define the extremes. It is also different
from the usual correlation, that is to say the correlation computed using all
the observations of returns. We will describe the results using the US/UK
pair as an example. The usual correlation of monthly returns is equal to
0.519 for the US/UK pair. The correlation of return exceedances tends to
increase when we look at negative return exceedances defined with lower
thresholds: It is equal to 0.530 for § = —0 percent (negative semicorrelation),
0.579 for 6 = —3 percent, 0.553 for 6§ = —10 percent (Table I, Panel A). On
the other hand, correlation tends to decrease with the level of the threshold
when we look at positive return exceedances: It is equal to 0.415 for 6 = +0
percent (positive semicorrelation), 0.353 for § = +3 percent, 0.360 for 8 = +5
percent, 0.293 for § = +8 percent, and only 0.189 for # = +10 percent (Table I,
Panel B). The correlation 6 goes up with the absolute size of the threshold if
it is negative and goes down with the threshold if positive. This is illustrated
graphically on Figure 1, which depicts the relation between the correlation
of return exceedances and the threshold used to define them. The solid line
indicates the estimated correlation as a function of the threshold. It starts at
the (negative or positive) semicorrelation for a threshold of # = —0 percent or
6 = +0 percent. A similar conclusion obtains for the other country pairs as
seen in Tables II, III, and IV and Figures 2, 3, and 4.

The asymmetry between negative and positive return exceedances is con-
firmed by results obtained with optimal thresholds. As shown on the last
lines of Tables I to IV, for all country pairs, the correlation between negative
return exceedances is always greater than the correlation between positive
return exceedances. On average, the former is equal to 0.505 whereas the
latter is equal to 0.124. The difference is statistically significant at the 5
percent confidence level in three cases out of four (US/UK, US/FR, and
US/GE). For example, considering the US/UK pair, the correlation between
negative return exceedances (with the standard error in parentheses) is equal
to 0.578 (0.121) whereas the correlation between positive return exceedances
is equal to 0.226 (0.120). The value of a ¢ test between the two correlation
coefficients is equal to 2.066 with a p value of 0.039 (independence between
negative and positive return exceedances is assumed to compute the ¢ test).

8 Jansen and De Vries (1991), Loretan and Phillips (1994), and Longin (1996 and 2000)
obtained similar results in univariate studies for the United States.
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Figure 1. Correlation between U.S. and U.K. return exceedances. This figure represents
the correlation structure of return exceedances between the United States and the United King-
dom. The solid line represents the correlation between actual return exceedances obtained from
the estimation of the bivariate distribution modeled with the logistic function (see results in
Table I). The dotted line represents the theoretical correlation between simulated normal re-
turn exceedances, p,,,, assuming a multivariate-normal return distribution with parameters
equal to the empirically observed means and covariance matrix of monthly returns. The value
of the threshold 6 used to define return exceedances ranges from —10 percent to +10 percent
(percentage points). For a given estimation, the same value of 6 is taken for both countries:

= 9US = gUX The usual correlation using all returns is represented by a large dot on the
vertical axis.

D. Test of Normality

We also test the null hypothesis of normality Hy: p = p,,,., where p,,,
stands for the correlation between normal return exceedances. Under the
null hypothesis of normality, this correlation coefficient tends to zero as the
threshold value goes to infinity (see Section I). As we work with a finite
sample, we can only use finite threshold values. Two cases are then formally
considered: the asymptotic case and the finite-sample case. In the asymp-
totic case, the correlation of normal return exceedances of thresholds tending
to infinity, denoted by p2 is theoretically equal to 0. In the finite-sample
case, the correlation of return exceedances over a given finite threshold 6,
denoted by p,{f;(@), is computed by simulation. We compute the correlation
between normal return exceedances for the predetermined threshold values
considered above and for optimal threshold values. This is done by using a
simulated bivariate normal process with means and covariance matrix equal
to their empirical counterparts. Given these parameters, which fully de-
scribe a multivariate normal process, there is only one theoretical value for
the correlation of return exceedances at a given threshold level. As indicated
in the theoretical section, this “normal” correlation coefficient decreases with
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Figure 2. Correlation between U.S. and French return exceedances. This figure repre-
sents the correlation structure of return exceedances between the United States and France.
The solid line represents the correlation between actual return exceedances obtained from the
estimation of the bivariate distribution modeled with the logistic function (see results in Table II).
The dotted line represents the theoretical correlation between simulated normal return exceed-
ances, p,,,, assuming a multivariate-normal return distribution with parameters equal to the
empirically observed means and covariance matrix of monthly returns. The value of the thresh-
old @ used to define return exceedances ranges from —10 percent to +10 percent (percentage
points). For a given estimation, the same value of § is taken for both countries: § = 9US = %,
The usual correlation using all returns is represented by a large dot on the vertical axis.

the absolute size of the threshold. For example, for the US/UK pair, the
normal correlation of positive return exceedances computed numerically de-
creases with the threshold: It is equal to 0.51 for § = +0 percent, 0.44 for
6 = +3 percent, 0.39 for § = +5 percent, 0.29 for § = +8 percent, and only
0.21 for § = +10 percent. In each figure, the dotted line plots the normal
correlation as a function of the threshold. As seen in Figure 1, the US/UK
correlation of return exceedances is close to its normal value for positive
thresholds, but is markedly larger for negative thresholds.

Formal tests of the null hypothesis of normality are provided in the last
columns of Tables I to IV. First, a likelihood ratio test between the con-
strained model (corresponding to normality) and the unconstrained model is
carried out. Second, a Wald test on the correlation coefficient is done. For a
given threshold, the Wald test compares the estimated correlation of return
exceedances to its theoretical value under the hypothesis of normal returns.
Both the asymptotic and finite-sample cases are considered. For all country
pairs, the null hypothesis of normality is always rejected for high negative
thresholds at the 5 percent confidence level. Taking as an example the pair
US/UK and the threshold # = —5 percent, the likelihood ratio test strongly
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Figure 3. Correlation between U.S. and German return exceedances. This figure rep-
resents the correlation structure of return exceedances between the United States and Ger-
many. The solid line represents the correlation between actual return exceedances obtained
from the estimation of the bivariate distribution modeled with the logistic function (see results
in Table III). The dotted line represents the theoretical correlation between simulated normal
return exceedances, p,,,., assuming a multivariate-normal return distribution with parameters
equal to the empirically observed means and covariance matrix of monthly returns. The value
of the threshold 6 used to define return exceedances ranges from —10 percent to +10 percent
(percentage points). For a given estimation, the same value of 6 is taken for both countries:
6 = #YS = 9CF. The usual correlation using all returns is represented by a large dot on the
vertical axis.

rejects the null hypothesis of normality. The test value is equal to 73.143
with a negligible p value for the asymptotic case, and equal to 5.243 with a
p value equal to 0.022 for the finite-sample case (Table I, Panel A). Similarly,
the Wald test on the correlation coefficient itself strongly rejects the null
hypothesis of normality. The test value is equal to 7.681 with a negligible p
value for the asymptotic case, and equal to 2.236 with a p value equal to
0.025 for the finite-sample case. The difference in correlation is economically
large (0.55 instead of 0.39) and statistically significant (a similar conclusion
is obtained when exceedance returns are defined with optimal thresholds).
This phenomenon is illustrated graphically for each pair of countries in Fig-
ures 1 to 4. For high negative threshold values, the solid line representing
the estimated correlation of return exceedances moves away from the dotted
line representing the theoretical correlation under normality. It should be
noted that this result does not depend on one outlier, such as the October
1987 crash. Over the 38-year span, the British market, for example, had 29
monthly returns below —8 percent and 19 below —10 percent.

To summarize, the correlation structure of large returns is asymmetric.
Correlation tends to decrease with the absolute size of the threshold for
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Figure 4. Correlation between U.S. and Japanese return exceedances. This figure rep-
resents the correlation structure of return exceedances between the United States and Japan.
The solid line represents the correlation between actual return exceedances obtained from the
estimation of the bivariate distribution modeled with the logistic function (see results in Table IV).
The dotted line represents the theoretical correlation between simulated normal return exceed-
ances, p,,,, assuming a multivariate-normal return distribution with parameters equal to the
empirically observed means and covariance matrix of monthly returns. The value of the thresh-
old 6 used to define return exceedances ranges from —10 percent to +10 percent (percentage
points). For a given estimation, the same value of 0 is taken for both countries: § = §US = 974,
The usual correlation using all returns is represented by a large dot on the vertical axis.

positive returns, as expected in the case of multivariate normality, but tends
to increase for negative returns. So the probability of having large losses
simultaneously on two markets is much larger than would be suggested un-
der the assumption of multivariate normality. It appears that it is a bear
market, rather than volatility per se, that is the driving force in increasing
international correlation.

IV. Conclusion

We use extreme value theory to study the dependence structure of inter-
national equity markets. We explicitly model the multivariate distribution
of large returns (beyond a given threshold) and estimate the correlation for
increasing threshold levels. Under the assumption of multivariate normality
with constant correlation, the correlation of large returns (beyond a given
threshold) should asymptotically go to zero as the threshold level increases.
This is not the case in our estimation based on 38 years of monthly data for
the five largest stock markets, at least for large negative returns. The cor-
relation of large negative returns does not converge to zero, but tends to



International Equity Markets 671

increase with the threshold level, and rejection of multivariate normality is
highly significant statistically. On the other hand, the correlation of large
positive returns tends to decrease and to converge to zero with the threshold
level, and the assumption of multivariate normality cannot be rejected. In
other words, our results favor the explanation that correlation increases in
bear markets, but not in bull markets.

The conclusion that volatility per se does not affect correlation in bull
markets is at odds with some previous findings. One explanation provided
above is that the null hypothesis of multivariate normality with constant
correlation must be properly specified when conditioning on some realized
level of return or volatility. Under the assumption of multivariate normality
(with constant correlation), correlation conditioned on the level of volatility
(absolute value of return) is expected to markedly increase with the level of
volatility. So, tests of normality should model this feature in the null hy-
pothesis. Here, we focus on the tail of the distribution whose asymptotic
properties can be modeled and we derive a formal statistical method, based
on extreme value theory, to test whether the correlation of large returns is
higher than expected under the assumption of multivariate normality. An
attractive feature of the methodology is that the asymptotic tail distribution
is characterized by very few parameters regardless of the actual distribu-
tion. Asymptotic conditional correlation should be equal to zero for a wide
class of return distributions. Although we do not suggest the exact time-
varying distribution that should be used, our results lead to the rejection of
a large class of models that would be inconsistent with our findings. This is
the case of the multivariate normal distribution. It is also the case of a
multivariate GARCH with constant correlation. Simulations for such a model
calibrated to the data show that the conditional correlation goes to zero for
extreme returns. More importantly, Ang and Bekaert (1999) show that a
fairly general asymmetric GARCH also cannot reproduce the asymmetric
correlations that we document. Although GARCH models seem ill suited to
derive implications for bear and bull markets that are consistent with our
findings, other models can. For example Ang and Bekaert (1999, p. 17) in-
dicate that a regime-switching, return-generating process is able to repro-
duce our asymmetric findings. The disadvantage of our approach is that we
do not explicitly specify the class of return-generating processes that are
rejected. The advantage of our approach is that the empirical results do not
depend on a specific return-generating process and are therefore fairly robust.

The next step would be to assess whether these findings materially affect
international portfolio choices. Some recent papers are explicitly using return-
generating processes that exhibit a regime-switching correlation increasing
with volatility, and they study the portfolio choice implications. Ang and
Bekaert (1999) and Das and Uppal (1999) develop different regime-switching
models and reach different conclusions about portfolio implications. Ang and
Bekaert (1999, p. 30) conclude that “the costs of ignoring regime switching
are small for moderate levels of risk aversion,” whereas Das and Uppal (1999
abstract) state that “there are substantial differences in the portfolio weights
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across regimes.” The difference in conclusion may come from the return-
generating process postulated, especially how correlation increases in bear
and bull markets.

Appendix 1: Computation of Optimal Threshold Levels

An optimal threshold level can be obtained by optimizing the trade-off
between bias and inefficiency. To solve this problem, we use a Monte Carlo
simulation method inspired by Jansen and de Vries (1991).2 This appendix
describes the procedure in detail.

A particular model for returns is assumed. For each simulated time series
of returns, the optimal number of return exceedances (or equivalently the
optimal threshold level) is computed. The MSE of simulated optimal num-
bers of return exceedances is then computed to derive the number of return
exceedances for the observed time series. As explained by Theil (1971, pp. 26—
32), the MSE criterion allows one to take explicitly into account the two
effects of bias and inefficiency. The MSE of S simulated observations X, of
the estimator of a parameter X can be decomposed as follows:

S
MSE(%,),-1,6.X) = (X~ X)%+ 5 3 (%, - X%
s=1

where X represents the mean of S simulated observations. The first part of
the decomposition measures the bias and the second part the inefficiency.
The procedure can be decomposed in four steps:

1. First we simulate S time series containing 7" return observations from
Student-¢ distributions with %2 degrees of freedom, the integer & rang-
ing from 1 to K. The class of the Student-¢ distributions is chosen to
consider different degrees of tail fatness. The lower the degrees of free-
dom, the fatter the distribution as the tail index ¢ is related to 2 by
& = 1/k. For the simulations, we take: S = 1,000, T' = 456, and K = 10.

2. For different numbers n of return exceedances, we obtain a tail index
estimate £,(n, k) corresponding to the sth simulated time series and to
the Student-¢ distribution with % degrees of freedom. To identify the
optimal number of return exceedances, we focus on the tail index as
this parameter models the distribution tails. We choose the values of n
ranging from 0.01-7 to 0.20-T such that proportions from 1 percent to
20 percent of the total number T of return observations are used in the
estimation procedure.

3. For a Student-¢ distribution with 2 degrees of freedom and for each
number n of return exceedances, we compute the MSE of the S tail

2 See also Beirlant, Vynckier, and Teugels (1996) and Huisman et al. (1998).
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index estimates, denoted by MSE((£,(n,k)),—1 5). As explained by
Jansen and de Vries (1991), there is a U-shaped relation between
MSE ((Es(n,k))FL s) and n, which expresses the trade-off between bias
and inefficiency. For high values of n, the inclusion of many observa-
tions such that some do not belong to the tail but rather to the center
of the distribution makes the bias part of the MSE dominate the inef-
ficiency part. On the other hand, for low values of n, the inclusion of
few observations makes the inefficiency part of the MSE dominate the
bias part as the tail index is badly estimated. We then select the num-
ber of return exceedances that minimizes the MSE. This number, de-
noted by n*(k), is optimal for a Student-t distribution with % degrees of
freedom.10

4. For the K optimal numbers of return exceedances previously obtained
by simulation, (n*(k)),_; x, we compute the tail index estimates of
the observed time series of actual returns, denoted by &(n*(k)) for k
ranging from 1 to K. We then select the number of return exceed-
ances for which the corresponding tail index estimate is statistically
the closest to the tail index defined in the simulation procedure, that
is to say 1/k (we consider the p value of the ¢ test of the following
hypothesis: £(n*(k)) = 1/k). This number, denoted by n*, is considered
to be the optimal number of return exceedances for the distribution
of actual returns. In the estimation of the model, we use the optimal
threshold 6 associated with the optimal number of return exceed-
ances n”.

Appendix 2: Derivation of the Maximum Likelihood Function

The parameters of the model presented in Section II are estimated by the
maximum likelihood method developed by Ledford and Tawn (1997). This
appendix presents the construction of the likelihood function in detail.

The method is based on a set of assumptions. Returns are assumed to be
independent. The thresholds 6; and 6, used to select return exceedances (or
equivalently the tail probabilities p; and p,) are independent of returns and
time. The method is also based on a censoring assumption. For thresholds 6,
and 6y, the space of return values is divided into four regions given by {A ;7 =
I(Ry > 61),k = I(R, > 05)}, where I is the indicator function. The method
treats return observations below threshold as censored data. Finally, the
dependence between extreme returns is modeled using a logistic function
denoted by D;.

10 The optimal number of return exceedances is an increasing function of the fatness of the
simulated Student-¢ distribution. For example, it is equal to 64 for a Student-¢ distribution with
one degree of freedom and 25 for a Student-¢ distribution with five degrees of freedom. The
fatter the distribution, the higher the number of return exceedances used in the estimation of
the tail index as more extreme observations are available.
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The likelihood contribution corresponding to the observation of returns at
time ¢ (Rq;, Ry,) falling in region A, is denoted by L ;(R,,R,,) and given by

Loo(Ry;,Ry,) = Fzg(Ru,th) = exp(—D,(Y1,Y,)),

aFg(th7R2t) -D
Lo (R, Ry,) = __—__GR =exp(—D,(Y1,Z5)) - —5— R, (Y1,Z9)-K,,
2t
IFj(Ry,,Ry,) oD,
Lio(Ry;,Ry,) = oR =exp(— D;(Z,,Y3)) —— oR (Z1,Y3) Ky,
1t 1t
92FY(R,,R,,)
Lyy(Ryy,Ry,) = —o—=—2 = exp(- Dy(Z1,Z5))

OR 1, 0R;

X D’(z Z,) —— 9D, (Z1,74) — 0°D, (Z1,Z,) | KK
ath 1,42 ath 1,42 athath 1,42 fiycLrg,

where the variables Y}, Z,, and K, for i = 1 and 2 are defined by

~
I

i _1/10gF1g2(01)9

N
I

i == 1/10gFg§(Rit),
K = —pioi (14 &Ry = 6,)/0,) 85 ZE - exp(1/Z)).

The likelihood contribution from the observation of returns at time
t (Ry,,R,,) for the bivariate distribution of return exceedances described by
a set of parameters ® = (py, py,01,09,&1,E&9, @) 18 given by

L(leth,‘I)): 2 ij(th’RZt)'Ijk(th’RZt)’

J,k€{0,1}

where I, (R,;,R5;) = I{(Ry,,R5,) € A;;}. Hence the likelihood for a set of T
1ndependent observations of returns is given by

T
L({th’R2t}t=1,T’q)) = I—IIL(Ru,th,‘I’)-
t=
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